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Abstract: Depression is a major issue which is increasing every day. So, to detect depression level it is
best to study social media posts. Through social networking, users can communicate their feelings and
share it online with their closest friends and family members.. Users are able to share the photos, ideas,
texts; videos and information depend on their mood, feeling, vibes and emotion as well. Many people have
difficulty for reflecting their feelings and mood to the doctors. Through social media tools such as
Facebook, Twitter, Instagram, etc., they can display those moods. Depression can cause people to attempt
suicide. So the study was done by analyzing various papers related to mood and negativity of users through
Instagram, Twitter, Weibo, Facebook, etc. This survey is an outline of work done by the researchers in

the area of twitter and Facebook posts about prediction of depression with machine learning methods.
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1. INTRODUCTION:

Social platforms like Facebook, Instagram, Twitter etc. primarily used by youth are becoming increasingly
popular. Social networks make it possible to voice their interests and feelings and communicate their
everyday activities. Twitter is a platform of blogging where users may tweet about everyday events, politics,
news, and other topics. Facebook is one popular communication channel where people can post or share
images, audios, videos, comments, likes, and dislikes associated to their daily routines and special days.
There are certain limitations to put posts on social platforms like word limits. Nowadays emoji are used
frequently instead of text to show emotions. Twitter uses emoticons less than Facebook does. Emoyjis are

becoming common practice for all posts and messages for easy communication.

Depression in youth affects human lives. Mental Health is a rising concern in today’s youth. Earlier,
depressed patients were diagnosed based on questionnaires and opinion of his/her relatives. Currently Posts,
Tweets on social channels are used as screening tool to predict depression. So detailed investigation of the

behavioural attributes of individuals needed for prediction. Now a days younger generation is using social
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communication channel frequently. It becomes most important sharing channel rather than relatives and
friends. It is difficult to express perspectives on Twitter and SMS due to lack of phrases. So emojis are
replaced for text data for facial perspectives and opinions. This provides possibility to split social sites for
clients' feelings and emotions to analyze their intellectual states and viewpoints. The reactions of posts or
tweets of users may be positive, bad, or neutral. To identify depression in textual context, the bad reaction
resulted in approximately sadness. Many researchers performed experiments on comments posted by users

of Facebook and similar data from twitter.

Sentiment analysis is a method to categorise emotions in word-based content records. It is frequently
used for classification method. For decades, the trouble of sentiment evaluation has been significantly
researched. The records collected from different sources like microblogs, and reviews used in sentiment
classification techniques. The most of approaches for organizing quality instructions heavily rely on textual

content assessment.

2. RELATED WORK:

(Qiu Guang, 2010) A rule-based approach is proposed for extracting opinion topic words. Negative sentiment
is associated with advertising keywords. Design a prototype system for submitting product information for
ad selection. [47]

(Maks Isa, 2012) Emotional indicators permit people to give their opinions in social communication
channels. People post include both plain text and emotional signals. Emotional indicators allow examining
which emotions are voiced in the text. Maks developed lexicon model to describe verbs, removed all
punctuation marks and left all letters while reading the sound quality of a textual material from post. By
removing noisy data emotional signals provide a clean emotional content, which is useful for increasing the

categorization accuracy of textual content [30].

(Vishal A. Kharde, 2016) Analysis of existing opinion mining methods conducted by researchers was
comprehensive and comparative with machine learning methods (Naive Bayes, Support Vector Machine,
and Max Entropy) lexicon-based approaches and assessment measures. Also discussed about the general

issues and sentiment analysis applications.[55]

(Renu Gautam, 2017) The research found the various levels of depression and assessed them by
textual content present in posts. Electroencephalogram (EEG) signals were summarized in MATLAB for a
publicly accessible database. The classifier tool can be beneficial in categorizing patients with depression

using good and bad words. [49]
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(Andrew G. Reece, 2017) Authors created a computational model to guess the sadness in the initial
stage of users by their Twitter postings and views through supervised learning algorithms. These users were
suffering from severe anxiety or combat disorder. For this study, they collected past information from 204

samples where 105 were depressed and 99 were healthy. [7]

(Chiara Zucco, 2017) focused on text content analysis and emotional Computing approaches to
implement a basic design for an integrated multimodal system. Researchers discussed SA and AC (Affective
Computing) analysis systems in depth. Besides that, major challenges to such a system's development and

execution features were studied. [11]

(S. Advanced, 2017) The collection and processing of unstructured data like posts, comments, tweets,
and photographs published on social platforms like Facebook, Instagram, MySpace, and Twitter is
recognized as data mining on social contents. Artificial Intelligence (Al) and psychology developments in
social media statements monitoring permit unique insights to be derived from large datasets available on

social platforms. [50]

(Barbieri , 2017) By analyzing the words in text-based tweets, authors could predict which emojis

will be invoked. They trained models Bidirectional Long Short-Term Networks based on RNN. [19]

(H. Ritchie, 2018) Depression is the leading cause of suicide worldwide, affecting people of all
eternities, genders and occupations. In 2017 between three and fourth tenths of the world’s population

suffered from depression. [20]

(Paridhi Pravin Nigam, 2018). Sentiment investigation of Twitter data is valuable for firms who want
to monitor public sentiment about their brands. This article provided studies of different articles where
Twitter data was used by method sentiment text analysis. Taken overview of distant supervised and
supervised types. Also discussed new techniques used for mining. [46]

(Namrata Sonawane, May 2018) According to author to predict depression levels; need to study
complete understanding of user behaviours through social platform. Machine learning methods such as Naive
Bayes used to guess the user's depression level based on psychological data published on social media and a

questionnaire-based survey. [40]

(Md. Rafqul Islam, December 2018) Study aimed to analyze depression using Facebook data obtained
from social sites. Author specified that the use of machine learning to detect depression is an effective and
scalable method. The research study result shown that Decision Tree method improve ML methods in
detecting depression. [32]
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(Jini Jojo Stephen, 2019) The research offered an operative method for discover depression levels in
Twitter tweets. Sentiment ratings can be coupled with other emotions for more accurate technique of
calculating depression levels. This procedure highlighted many features with sorrow and sadness that were
previously neglected. [24]

(Neha U, May 2019) developed a multilevel predictive model to sense posts that convey signs of
depression. The more negative words used means the more negative emotion the tweet carries. Classifiers
like Linear Support Vector and Naive Bayes were used by Machine Learning to determine presence of signal

of depression. [42]

(Anatoliy Surikov, 2020) The research focused on three techniques of conveying emotions in text i.e.
emotional punctuation, emojis and emoticons. Authors used new method for analyzing text tonality. Five

models developed by authors using different data sets and CNN algorithm and RNN algorithm. [5]

(Mohsin Kamal, 2020) A novel machine learning approach was suggested for classifying patients'
mental illness depended on their postings (along with their appropriate comments) on the well-known
platform, Reddit. According to author XGBoost” was a successful classifier in diagnosing and categorizing

mental illness. [35]

(Sangeeta Lal, 2020) Six main emoji were utilized for the study. Sentiment analysis done based on
compound sentences from Twitter with both positive words and negative thoughts. A sentiment score was
computed for each tweet using the SentEmoji technique. The proposed approach gave an accuracy of 87%.
[52]

(Chuchu Liu, 2021) Emoji-embedding model built on Bi-LSTM (specifically, CEmo-LSTM) for
evaluating online Chinese texts. The CEmo-LSTM algorithm was used on a huge dataset gathered from
Weibo to investigate sentiment analysis of users who used online sources in the period of COVID-19.

According to study, the pandemic affected individual feelings rather significantly (e.g., horror, sadness). [13]

(Emmanouela E. Manganari, 2021) The goal of the study was to give a critical analysis of what was
currently known about the usage of emoji in computer-mediated communication (CMC). A critique study of
46 research papers which published among 1998 and 2020 was given. The Summary Table provided each

paper's methodology and sample size. [16]

(David William, 2021) Social media accounts of depressed persons showed certain characteristics
that could be detected early due to the presence of certain characteristics. It used deep learning model RNN
to diagnosis of depression cases. [14]

© 2023,IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM22750 | Page 4



http://www.ijsrem.com/

gl \gg
”g;JSREM%Q
International Journal of Scientific Research in Engineering and Management (IJSREM)
w Volume: 07 Issue: 06 | June - 2023 SJIF Rating: 8.176 ISSN: 2582-3930

(Naw Raj Bhatt, 2021) Authors compared all the learning approaches available for analysis of
sentiments on Twitter using Multinomial-Naive Bayes Classifier, Gaussian-Naive Bayes and Bernoulli-
Naive Bayes Classifier. [41]

(Martin Weil3 , 2022) Multiple regression model was used to detect mental health by considering
sorrow and anxiety scores. [31]

(K. Victor Rajan, 2022) The author proposed Artificial Neural Networks as a tool for determining
sentiment polarity of social media content. For the task of classifying social media text, the researchers used
machine learning algorithms without actually having to understand the content on social media. [26]

Data of social platform can be classified into three main categories like emotional process, temporal
process, and linguistic style for the detection and analysis of depressive data. The

classification methods applied like Decision Tree, k-Nearest Neighbor, Support Vector Machine. [38]

Researchers used NCapture to collect data from Facebook. Data set analyzed using LIWC software
[32].

Support Vector Machine (SVM) is a supervised learning models with associated learning algorithms
that analyze data used for classification and regression analysis. Support Vectors are essentially the
coordinate of person perception. Researcher implement input in the form of vector, for illustration with a
unigram function extractor, each single word treated as a feature found in a tweet. If the function was present,
the value was 1, however if the feature was absent, then the wvalue was O.
Instead of using numbers, feature presence used so that to scale the input information, which speeds up

overall processing [2].

Naive Bayes classifiers in machine learning are a group of basic probabilistic classifiers depend on
applying Bayes’ theorem with solid (naive) independence presumptions between the features. With help of
Naive Bayes classifiers level of depression identified and number of stressed and non-stressed users found
[40].

From the literature review it is noticed that various emotion sensing strategies used for detecting
depression. Using machine learning, researchers identified classifiers (SVM, KNN, and Ensemble) for the
retrieved dataset and finally, predicted depression for mental illness. The social sites like Facebook,
YouTube, Twitter, Instagram support emojis. Earlier research had been done on predicting depression level

by social sites for posts only in textual format not on emojis.
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V. COMPARATIVE STUDY:

Recent years study on Depression prediction using SVM, Naive Bayes, Linear Regression has been
done. Researchers are experimenting with various machine learning algorithms. The number of research in
the domain also appeals for comparative understating of the work done in the past few years. Table 1 gives
comparative tabulation of work done in classification and identification of depression prediction.

PAPER METHOD DATASET FEATURES/ RESULTS
MEASURES
Alec Go Naive Bayes, Twitter Unigrams and Accuracy 80%
Maximum Entropy, Bigrams
and SVM
Ebunoluwa | Support Vector Twitter Magnitude Accuracy 66%
Okediran Machine, Naive Myvocabulary.c
Bayes, Logistic om
Regression, k-
Nearest Neighbor,
Decision tree
SVM Weibo from Sentence with Accuracy 95%
Chuchu LSTM December 1, emoji and without
Liu 2019 to March | emoji Compared
20 accuracy
Anatoliy Connected Neural Facebook APl | Ensemble methods | Accuracy 85%
Surikov Network
Heerscchop | WSD algorithm Movie Reviews | Precision, Recall, Baseline
B and F1 approach
Score accuracy of
0.585
and Macro-
level
F1 of 0.5609.
Anurag Support Vector Twitter API First order SVM 63.6 %
Illendula Machine, Depressive embeddings
Naive Bayes, Sentiment RF 60.7%
Logistic Regression, | Vocabulary Second Order
k-Nearest Neighbor | (DSV) Embedding
and decision tree
Mohsin K. | Machine Learning Reddit Accuracy, 1.7%, 1.3%,
Method XGBoost Precision, Recall, 4.7% and 10%
F-measure Improvement
OCD, Autism,
PTSD and
Schizophrenia
respectively
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Munmun
De
Choudhury

SVM

Twitter

Accuracy and
precision

Accuracy of
70% and
precision of
0.74.

K. Victor
Rajan

Feature extractor and
CNN

Twitter

Accuracy,Recall
and precision

Improved
accuracy

Ng. Hwee

Perceptron
learning algorithm

Newswire
articles

Correlation
coefficient

Fast for text
categorization

Moin
Nadeem

Multinomial approach
to the Naive Bayes’
algorithm

Twitter

Accuracy and
precision call

81% accuracy
Precision score
of .86.

Francesco
Barbieri

RNN

Twitter

Accuracy and
precision

computational
models

are able to better
capture the
underlying
Semantics of
emoji.

Thorsten
Joachims

SVM

Reuters-21578
dataset compiled
by David Lewis

Recall and precision

SVMs
consistently
achieve good
performance on
text
categorization

Ko
Youngjoong

Naive Bayes and X2
Statistics

Web documents

Recall, precision,
and F1 measure

This method can
be used in areas
where low-cost
text
categorization is
needed.

Zhao Yan-
Yan

Maximum entropy
(ME)-based classifier
and a

support vector
machine

5617 sentences
from Chinese
Opinion
Analysis
Evaluation
(COAE)

Recall, precision,
and F1 measure

Graph-based
method can
yield good
results, and
perform

better (F-score)
than either of
the
unsupervised or
supervised

method

Table 1: Comparative Study
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3. CONCLUSION AND FUTURE WORK:

This study concludes that social media post is an effective way to predict depression. The study examines a

number of recent articles and demonstrates a recent trend in predictions, sentiment analysis, and related areas

of research. Mostly Machine learning algorithms (Support Vector Machines, Naive Bayes, Maximum

Entropy, and Classification) are used for classifying sentiments. Earlier research had been done on predicting

depression level by social sites for posts only in textual format, not on emoji. So Need to analyze posts with

emoji. Future work will focus to work on emojis to classify positive and negative posts; as younger

generations write comments by use of emoji to express themselves. Further, more research is needed to

improve methods and techniques of machine learning to predict emotions and sentiments.

REFERENCES

[1]
[2]
[3]

[4]

[5]

[6]

[7]

[8]

[9]

[10]

[11]

Abdel-Khalek, Ahmed. (2004), Can somatic symptoms predict depression? Social ~ Behavior and
Personality, Vol. 32, No. 7,pp 657-666

Alec Go, Richa Bhayani, Lei Huang. (2009). Twitter Sentiment Classification using Distant
Supervision. In CS224N Project Report, Stanford, pp 1-12

Altug Akay, Andrei Dragomir, Bjorn-Erik Erlandsson. (July 2016), “Assessing Antidepressants
Using Intelligent Data Monitoring and Mining of Online For a”, IEEE Journal of Biomedical and
Health Informatics, Vol. 20, No. 4, pp 977-986

Ana-Sabina Uban, Berta Chulvi, Paolo Rosso. (2021), An emotion and cognitive based analysis of
mental health disorders from social media data, Future Generation Computer Systems, Vol. 124, pp
480-494

Anatoliy Surikov, Evgeniia Egorova. (2020), Alternative method sentiment analysis using emojis
and emoticons, 9th International Young Scientist Conference on Computational Science (YSC
2020), Vol. 178, pp 182-193

Anatoliy Surikov, Evgeniia Egorova. (2020), Alternative method sentiment analysis using emojis
and emoticons, In 9th International Young Scientist Conference on Computational Science (YSC
2020), Vol. 178, pp 182-193

Andrew G. Reece, Andrew J. Reagan, Katharina L. M. Lix, Peter Sheridan Dodds, Christopher M.
Danforth & Ellen J. Langer. (2017), Forecasting the onset and course of mental illness with
Twitter data, In Scientific Reports, Vol. 7, pp. 1-11

Anurag Illendula, Manish Reddy Yedulla. (2018), Learning Emoji Embeddings using Emoji Co-
occurrence Network Graph, In Proceedings of the 1st International Workshop on Emoji Under-
standing and Applications in social media (Emoji2018), Vol. 1, pp 1-9

Ayushi Dalmia, Manish Gupta, Vasudeva Varma. (2015), I1IT-H at SemEval: Twitter Sentiment
Analysis the nice, the dangerous, and therefore the neutral! In Proceedings of the 9th International
Workshop on Semantic Evaluation (SemEval 2015), pp 520-526

Bo Pang and Lillian Lee. (2004), A Sentimental Education: Sentiment Analysis Using Subjectivity
Summarization Based on Minimum Cuts, In Proceeding of ACL, Vol. 4, pp 271-278

Chiara Zucco, Barbara Calabrese, Mario Cannataro. (2017), Sentiment Analysis and Affective
Computing for depression monitoring, 2017 IEEE International Conference on Bioinformatics and
Biomedicine (BIBM), pp. 1988-1995

© 2023,IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM22750 | Page 8



http://www.ijsrem.com/

&g’ ‘2;\;3
o 34 International Journal of Scientific Research in Engineering and Management (IJSREM)

p)
A

Volume: 07 Issue: 06 | June - 2023 SJIF Rating: 8.176 ISSN: 2582-3930

[12] Chin Chen Chien, Tseng You-De. 2011, “Quality evaluation of product reviews using an
information quality framework”, Decis Support Syst, Vol 50, pp 755-768.

[13] Chuchu Liu , Fan Fang, Xu Lin , Tie Cai, Xu Tan, Jianguo Liu , Xin Lu. (2021), Improving
sentiment analysis accuracy with emoji embedding, Journal of Safety Science and Resilience, Vol.
2, pp 246-252

[14] David William, Derwin Suhartono. (2021), Text-based Depression Detection on Social Media
Posts: A Systematic Literature Review, 5th International Conference on Computer Science and
Computational Intelligence, Vol. 179, pp 582-589,

[15] Ebunoluwa Okediran, J onah Joshua, Afolashade Kuyoro, Abolaji Akanbi. April (2020), Social
Media Depression Monitoring Model Using Sentiment Analysis, IJCAT - International Journal of
Computing and Technology, Vol. 7, No. 4, pp 47-51

[16] Emmanouela E. Manganari. (2021), Emoji Use in Computer-Mediated Communication, The
International Technology Management Review, Vol. 10, No. 1, pp 1-11

[17] Erlandsson, Bjorn-Erik & Akay, Alug & Dragomir, Andrei. (2015), Mining social media Big Data
for Health, IEEE Pulse, pp 1-6

[18] Fahrni A, Klenner M. (2008), Old wine or warm beer: target-specific sentiment analysis of
adjectives, In Proceedings of the symposium on affective language in human and machine (AISB),
Vol. 2, pp. 60-63

[19] Francesco Barbieri, Miguel Ballesteros, Horacio Saggion. (2017), Are Emojis Predictable?, arXiv
preprint arXiv:1702.07285

[20] H. Ritchie, and M. Roser. (2018), Mental Health, [Online]. Available:
https://ourworldindata.org/mental-health.

[21] Heerschop B, Goossen F, Hogenboom A, Frasincar F, Kaymak U, de Jong F. (2011), Polarity
Analysis of Texts using Discourse Structure, Theoretical Computer Science, (CIKM’11), pp 1061-
1070.

[22] Hu Nan, Bose Indranil, Koh Noi Sian, Liu Ling. (2012), Manipulation of online reviews: an analysis
of ratings, readability, and sentiments, Decision Support Syst, Vol. 52, pp 674-684.

[23] J.R, Brubaker, F. Kivran-Swaine, L. Taber, and G.R. Hayes. (2012), Grief-stricken in a crowd: the
language of bereavement and distress in social media, In Proceedings of ICWSM, pp. 42-49.

[24] Jini Jojo Stephen, Prabu P. (August 2019), “Detecting the magnitude of depression in Twitter
users using sentiment analysis”, International Journal of Electrical and Computer Engineering
(JECE) Vol. 9, No. 4, pp 3247-3255

[25] Joao Miguel Cunha, Pedro Martins, Penousal Machado. (2018), “Emojinating: Representing
Concepts Using Emoji”, Procedding of 26th International Conference on Case-Based Reasoning,
pp 1-10

[26] K. Victor Rajan & Brittney Jackson. (2022), Sentiment Polarity Identification of Social Media
Content using Artificial Neural Networks, Global Journal of Computer Science and Technology: D
Neural & Artificial Intelligence, Vol. 22, No 1, pp 1-8

[27] Ko Youngjoong, Seo Jungyun. (2003), Automatic text categorization by unsupervised learning,
Proceedings of COLING-00, the 18th international conference on computational linguistics, Vol. 1,
pp453-459

[28] Liu B. (2012), Sentiment analysis and opinion mining, Synth Lect Human Lang Technol, VVol. 5, pp
1-168

[29] Lu Cheng-Yu, Lin Shian-Hua, Liu Jen-Chang, Cruz-Lara Samuel, Hong Jen-Shin. (2010),
Automatic event-level textual emotion sensing using mutual action histogram between entities”.
Expert Syst Appl, Vol. 37, pp 1643-1653.

[30] Maks Isa, Vossen Piek. (2012), A lexicon model for deep sentiment analysis and opinion mining
applications, Decision Support Syst, VVol. 53, pp 680-688

023,IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM22750 | Page 9

©2



http://www.ijsrem.com/

”gég’ ‘2;\;3

|4 IISREM

- 7 INternational Journal of Scientific Research in Engineering and Management (IJSREM)

p)
A

Volume: 07 Issue: 06 | June - 2023 SJIF Rating: 8.176 ISSN: 2582-3930

[31] Martin Weil}, Harald Baumeister, Caroline Cohrdes, Jirgen Deckert, Marthe Griindahl, Rudiger

Pryss, Grit Hein. (2022), Extraversion moderates the relationship between social media use and
depression, Journal of Affective Disorders Reports, Vol. 8, 100343 pp 1-8

[32] Md. Rafqul Islam, Muhammad Ashad Kabir, Ashir Ahmed, Abu Raihan M. Kamal, Hua Wang and

Anwaar Ulhag. (December 2018), Depression detection from social network data using machine
learning Techniques, Health Information Science and Systems, Vol. 6, No. 8, pp 1-12

[33] Michael J. Paul and Mark Dredze. (2011), You Are What You Tweet: Analyzing Twitter for Public

Health, Fifth International AAAI Conference on Weblogs and social media, VVol. 5, No. 1, pp 265-
272

[34] Mohammad SM. (2012), From once upon a time to happily ever after: tracking emotions in mail

[35]

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

and books, Decision Support System, Vol. 53, pp 730-741.

Mohsin kamal, Saif Ur Rehman khan, Shahid Hussain, Anam Nasir, Khurram Aslam, Subhan Tariq,
Mian Farhan Ullah. (2020), Predicting Mental Iliness using Social Media Posts and Comments,
(JACSA) International Journal of Advanced Computer Science and Applications, Vol. 11, No. 12,
pp 607-613

Moin Nadeem, Mike Horn., Glen Coppersmith, Johns Hopkins University and Dr. Sandip Sen,
(2016), Identifying Depression on Twitter, arXiv preprint:1607.07384, VVol.(V1), pp. 1-9

Munmun De Choudhury Scott Counts Michael Gamon. (2012), Not All Moods Are Created Equal!
Exploring Human Emotional States in social media, Proceedings of the Sixth International AAAI
Conference on Weblogs and social media, VVol.6, No. 1, pp 66-73

Munmun De Choudhury, Michael Gamon, Scott by Counts, Eric Horvitz. (2013), Predicting
Depression via social media, Proceedings of the Seventh International AAAI Conference on
Weblogs and social media, Vol. 7, No. 1, pp 128-137

N. Saranya, Dr. R. Gunavathi. (Aug-2016), Study on Various Classification  Techniques for
Sentiment Analysis on Social Networks, Journal of Engineering and Technology (IRJET), Vol.
03, No. 08, pp 1332-1337

Namrata Sonawane, Mayuri Padmane, Vishwja Suralkar, Snehal Wable, Prakash Date. (May 2018),
Predicting Depression Level Using Social Media Posts, International Journal of Innovative
Research in Science, Vol. 7, No. 5, pp 6016-6019

Naw Raj Bhatt, Mohammed Ashraf. (2021), A LAZY APPROACH FOR TWITTER SENTIMENT
ANALYSIS, International Research Journal of Modernization in Engineering Technology and
Science, Vol 3, No 5, pp 493-500

Neha U, Ayush Shrivastava, Manish Bhande. (May 2019), Multilevel Predictor Model for
Detecting Depressed Posts in social media, International Research Journal of Engineering and
Technology (IRJET), Vol. 06, No. 05, pp 283-287

Neviarouskaya Alena, Prendinger Helmut, Ishizuka Mitsuru. (2009), Compositionality principle in
recognition of fine-grained emotions from text, Proceedings of the third international ICWSM
conference, Vol. 3, pp 278-281

Neviarouskaya Alena, Prendinger Helmut, Ishizuka Mitsuru. (2010), Recognition of Affect,
Judgment, and Appreciation in Text, In Proceedings of the 23rd international conference on
computational linguistics, VVol.2 pp 806-814

Ng Hwee Tou, Goh Wei, Low Kok. (1997), Feature selection, perceptron learning, and a usability
case study for text categorization, Presented at the ACM SIGIR conference, pp 67-73.

Paridhi Pravin Nigam, Prof. Dinesh D. Patil, Prof. Yogesh S. Patil. (July 2018), “Sentiment
Classification of Twitter Data: A Review”, Journal of Engineering and Technology (IRJET), Vol.
05, No. 07, pp 929-931

© 2023,

IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM22750 | Page 10



http://www.ijsrem.com/

”gég’ ‘2;\;&’

|4 IISREM

- 7 INternational Journal of Scientific Research in Engineering and Management (IJSREM)

fa)

Volume: 07 Issue: 06 | June - 2023 SJIF Rating: 8.176 ISSN: 2582-3930

[47]

[48]

[49]

[50]

[51]

[52]

[53]

[54]

[55]
[56]
[57]
[58]

[59]

[60]

Qiu Guang, He Xiaofei, Zhang Feng, Shi Yuan, Bu Jiajun, Chen Chun. DASA. (2010),
Dissatisfaction-oriented advertising based on sentiment analysis, Expert Syst Appl, Vol. 37, pp
6182-6191.
R. Feintzeig. (2018), With Workplace Suicides Rising, Companies Plan for the Unthinkable,
[Online]. Available: https://www.wsj.com/articles/with-workplace-suicides-rising-companies-
plan-for-the-unthinkable-1516205932.
Renu Gautam, Mrs. Shimi S.L. (May -2017), Features Extraction and Depression Level Prediction
by Using EEG Signals, International Research Journal of Engineering and Technology (IRJET),
Vol. 4, No. 5, pp 1937-1945
S. Advanced, (2017), expertsystem, [Online]. Available: https://expertsystem.com/social-media-
data-mining/.
S. Tsugawa, Y. Kikuchi, F. Kishino, K. Nakajima, Y. Itoh, and H. Ohsaki. (2015), Recognizing
depression from twitter activity, CHI'15 Proceedings of the 33rd Annual ACM Conference on
Human Factors in Computing Systems, Vol. 10, pp 3187-3196.
Sangeeta Lal, Niyati Aggrawal, Anshul Jain, Ali Khan, Vatsal Tiwari, Amnpreet Kaur. (2020),
SentEmojis: Sentiment Classification Using Emojis, Proceedings of ICIMMI 2019, pp 293-300.
Ted Pedersen. (June 2015), Screening Twitter Users for Depression and PTSD with Lexical
Decision Lists, Proceedings of the 2nd Workshop on Computational Linguistics and Clinical
Psychology from Linguistic Signal to Clinical Reality, pp 46-53
Thorsten Joachims. (1998), Text Categorization with Support Vector Machines: Learning with
Many Relevant Features, European Conference on Machine Learning (ECML), Vol 1398, pp 137-
142,
Vishal A. Kharde , S.S. Sonawane. (April 2016), Sentiment Analysis of Twitter Data: A Survey
of Techniques, International Journal of Computer Applications, Vol 139, No.11, pp-5-15.
Walaa Medhat, Ahmed Hassan, Hoda Korashy. (2014), Sentiment analysis algorithms and
applications:A survey, Ain Shams Engineering Journal, Vol. 5, No. 4, pp 1093-1113
WHO, 2018, Depression, [Online]. Available: World Health  Organization:
https://www.who.int/news-room/fact-sheets/detail/depression.
WHO, 2018, Mental Health: Suicide Data, [Online]? Available: World Health
Organization: https://www.who.int/mental_health/prevention/suicide/suicideprevent/en/
Xianghua Fu, Guo Liu, Yanyan Guo, Zhigiang Wang. (2013), Multiaspect sentiment analysis for
Chinese online social reviews based on topic modeling and HowNet lexicon, Knowledge Based
System, Vol. 37, pp 186-195.
Zhao Yan-Yan, Qin Bing, Liu Ting. (2010), Integrating intra- and interdocument evidences for
improving sentence sentiment classification, Acta Automatica Sinica, Vol. 36, No. 10, pp 1417-
1425.

© 2023,

IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM22750 | Page 11



http://www.ijsrem.com/

