
          
           International Journal of Scientific Research in Engineering and Management (IJSREM) 

                         Volume: 10 Issue: 03 | March - 2026                           SJIF Rating: 8.659                                   ISSN: 2582-3930                                                                                                                                               

 

© 2026, IJSREM      | https://ijsrem.com                                 DOI: 10.55041/IJSREM58465                                         |        Page 1 
 

AI- Hedge Fund Managing System 

 

Sayali Sawant, Aarya Manjarekar, Vighnesh Shenekar, Sumit Yadav Guide: Prof. Prajakta Yadav 

Department Of Computer Science & Design, New Horizon Institute Of technology and Management, 

University Of Mumbai 

------------------------------------------------------**********--------------------------------------------------------- 

Abstract - his study introduces an intelligent hedge fund management platform powered by Artificial Intelligence, 

designed to enhance and automate investment decisions using live market data. The system combines blockchain-

enabled tokenized assets (xStocks), social media sentiment evaluation, and automated trading techniques such as 

Dollar Cost Averaging (TDCA) and limit-based trading. By integrating AI with decentralized technologies, the 

platform minimizes human bias, improves analytical accuracy, and strengthens portfolio outcomes. The proposed 

model delivers a scalable and efficient framework suitable for modern financial ecosystems. 
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1.INTRODUCTION 

 

With the rapid advancement of global financial systems and increasing complexity in trading strategies, the demand 

for intelligent automation in investment management has grown significantly. Traditional hedge fund operations rely 

heavily on manual interpretation, expert judgment, and experience, which can often lead to inefficiencies, 

emotional bias, and inconsistent decision-making. 

The explosion of financial data—including stock indicators, economic updates, and real-time news—makes it difficult 

for human analysts to process information efficiently. In this context, Artificial Intelligence (AI) and Machine 

Learning (ML) have emerged as powerful tools that enable data-driven insights and predictive capabilities. 

Furthermore, Natural Language Processing (NLP) allows systems to analyze unstructured data such as news articles 

and social media sentiment, which strongly influence market movements. 

This research proposes an AI-based hedge fund system that integrates real-time data streams, sentiment analysis, and 

blockchain technology to optimize trading decisions. The system utilizes advanced machine learning algorithms for 

market prediction and implements automated trading strategies such as DCA and limit orders. 

2.1 Body of Paper 

The current hedge fund and trading ecosystem faces multiple challenges: 

 

● Disconnected data sources such as market feeds, financial news, and social platforms 

● Dependence on manual decision-making processes 

● Delayed response to dynamic market changes 

● Underutilization of alternative data like public sentiment 

● Lack of predictive and automated trading mechanisms 

 

These issues often result in inefficient decisions, increased financial risk, and reduced investment performance. 

Additionally, traditional systems struggle to handle high-frequency trading demands effectively. 
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2.2 Proposed System Architecture 

 

The STOCKLY system is structured into four key layers: 

 

A. Data Acquisition Layer 

● Live stock market data (prices, volumes, indicators) 

● Financial news APIs 

● Social media sentiment inputs 

● User-specific investment preferences 

 

B. Data Storage Layer 

● Secure storage for both structured and unstructured data 

● Blockchain integration ensuring: 

● Tamper-proof transaction records 

● Transparency in fund handling 

● Controlled user access 

 

C. AI Processing Layer 

● Sentiment analysis using NLP techniques 

● Feature extraction and data representation 

● Machine learning models for trend forecasting 

● Decision-making engine (buy/sell/hold signals) 

● Risk assessment and portfolio optimization 

 

D. Application Layer 

● Interactive user dashboard for portfolio monitoring 

● Real-time trading recommendations 

● Customizable trading strategies 

● Blockchain transaction visualization 

● Performance tracking and analytics 
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2.3 Methodology 

 

The development process follows a systematic approach: 

 

1. Requirement gathering and feasibility analysis 

2. Designing system architecture 

3. Implementing NLP for sentiment evaluation 

4. Developing predictive AI models 

5. Integrating blockchain for secure transactions 

6. Backend and API development 

7. Database design and implementation 

8. Testing using historical datasets 

9. System deployment and validation 

 

 

2.4 Performance Evaluation Parameters 

The system is assessed using multiple parameters: 

 

A. Prediction Accuracy 

Evaluation of predicted trends against actual market outcomes 

 

B. Processing Efficiency 

● Time taken for sentiment analysis 

● Signal generation duration 

● Trade execution latency 

 

C. Financial Indicators 

● Return on Investment (ROI) 

● Sharpe Ratio (risk-adjusted return) 

● Maximum drawdown 

 

D. System Performance 

● Scalability with multiple users 

● Server response time 

 

E. Security Measures 

● Blockchain validation mechanisms 

● Data encryption standards 

● Access control protocols 
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D. System Performance 

● Scalability with multiple users 

● Server response time 

 

E. Security Measures 

● Blockchain validation mechanisms 

● Data encryption standards 

● Access control protocols 

 

2.5 Advantages 

● Automated trading powered by AI 

● Immediate response to market events 

● Elimination of emotional bias 

● Secure and transparent transactions using blockchain 

● Customized investment strategies 

● High scalability and system efficiency 

2.6 Workflow 

The proposed system follows a structured workflow that enables seamless interaction between users, data sources, and 

intelligent components. Initially, users register and log in through a secure authentication mechanism, after which a 

digital wallet is automatically generated for transaction handling. Users can then create a personalized watchlist of 

stocks, and real-time market data is displayed on the dashboard using external price feeds. 

Simultaneously, the system continuously collects financial news and social media data, which is processed using 

Natural Language Processing (NLP) techniques to extract relevant stock-related information. This processed data is 

filtered and presented to the user based on their selected watchlist. 

For trading operations, users can manually execute buy or sell actions, which are securely processed and recorded on 

the blockchain network. Additionally, users can define automated trading strategies such as Dollar Cost Averaging 

(DCA) or limit orders. 

An intelligent AI agent continuously monitors market trends, price fluctuations, and sentiment signals. When 

predefined conditions are satisfied, the agent autonomously executes trades on behalf of the user. All transactions and 

decisions are logged for transparency, and users receive notifications regarding executed actions. Finally, users can 

track their portfolio performance, including holdings, profit/loss, and relevant market updates through the dashboard. 

 

Fig -1 
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Fig -2 

 

Fig -3 

3. CONCLUSIONS 

 

 

The STOCKLY platform demonstrates the transformative potential of Artificial Intelligence and blockchain in hedge 

fund management and trading systems. By integrating sentiment analysis, automation, and decentralized transaction 

mechanisms, the system enhances operational efficiency, transparency, and profitability. 

The model delivers accurate predictions, faster execution, and stable performance in real-time environments. This 

work emphasizes the growing importance of intelligent automation in finance and establishes a strong foundation for 

future trading platforms. 
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