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Abstract— Proactive health management is still hampered by
limited access to preventative healthcare services and the
fragmentation of digital medical technologies. This article
presents Cura Sphere, an intelligent AI-driven platform designed
to offer accessible and integrated health support via a single
digital environment. The system provides symptom assessment,
risk assessment for chronic diseases, and tailored wellness advice
through a single interface by fusing machine learning-based
prediction models with conversational generative Al

The platform, which is based on a modular Django design,
offers task-oriented lifestyle tracking, automatic report
production, structured health data management, secure user
identification, and mental wellness support. The suggested
solution takes a comprehensive approach that combines
behavioral monitoring, conversational interaction, and predictive
analytics, in contrast to stand-alone symptom-checking apps.
Improved usability and sustained engagement while preserving
data are indicated by experimental evaluation. The main
innovation of the system is its holistic approach to wellbeing,
which combines personalized lifestyle recommendations, mental
health monitoring, predictive health modeling, and symptom
analysis into a single conversational interface. This all-
encompassing approach encourages accessible preventative
treatment across a range of demographic groups while
empowering users toward proactive healthcare management and
removing reliance on different applications.

I. INTRODUCTION

The quick development of digital health technologies has
completely changed how people get wellness assistance and
medical information. Despite these advancements, healthcare
advice is still scattered across several platforms, frequently
necessitating users to navigate distinct applications for disease
awareness, lifestyle monitoring, and symptom assessment.
Such systems' fragmentation hinders accessibility and
continuity of service, especially for users looking for
preventative health insights in line with international digital
health strategies [5].

The main focus of modern symptom-checking platforms
and Al-driven wellness applications, such as extensively used
digital tools [1], [4], is on fitness tracking or solitary diagnostic
contact. While research on conversational agents for managing
chronic conditions has increased [6], [7], many systems either
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lack integrated predictive modeling capabilities or rely on rule-
based logic.

Although healthcare chatbots increase engagement, recent
systematic evaluations show that their diagnostic reasoning and
customisation methods are frequently still limited [6], [8].
Furthermore, new research on medical conversational Al
benchmarking highlights the necessity of enhanced assessment
frameworks and dependability in practical implementation [9],
[10].

Using structured health datasets, parallel developments in
machine learning have shown great promise for estimating the
risk of chronic diseases [12], [13]. Furthermore, in healthcare
assistance systems, large language models (LLMs) have
improved contextual awareness and conversational fluency
[10], [11], and [14]. Few implementations, nonetheless,
integrate lifestyle management, conversational intelligence,
mental health support, and predictive analytics into a single
framework. Recent research on digital mental health has
highlighted the importance of integrative approaches in
supporting mental well-being, behavioral tracking, and
preventive care [15].

This study introduces Cura Sphere, an Al-powered digital
health assistant that combines several healthcare support
features into a single flexible platform in order to overcome
these constraints. In order to estimate the risk of chronic
diseases, the suggested approach combines supervised machine
learning models with generative conversational Al, allowing
for both formal analytical evaluation and interactive assistance.
The platform seeks to improve proactive engagement,
customisation, and usability by combining predictive modeling
and conversational intelligence.

In contrast to dispersed digital health technologies, can a
hybrid architecture that combines structured predictive
analytics with big language model-based interaction enhance
accessibility, engagement, and preventative health awareness?
That is the main research issue driving this work. This work
advances integrated Al-enabled health advising systems that
are in line with contemporary digital health standards through
architectural design, system implementation, and analytical
evaluation [5], [6], [12].
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II. LITERATURE REVIEW

Al-enabled platforms that help users with symptom
assessment, wellness monitoring, and access to medical
information have been developed as a result of recent
developments in digital health technologies. Using structured
question flows, popular symptom-checking systems offer
instant condition-based recommendations [1]-[4]. However,
these platforms frequently lack predictive modeling or long-
term behavioral tracking capabilities and instead concentrate on
short-term episodic advice.

The increasing use of intelligent chatbots for patient
engagement and chronic illness management is highlighted by
research on conversational Al in healthcare [6], [7]. Though
many implementations still lack the depth of diagnostic
reasoning and predictive analytics integration, systematic
evaluations show that Al-based conversational agents can
enhance user interaction and accessibility [6]-[8]. The necessity
for enhanced assessment and dependability in medical
conversational systems is further highlighted by benchmarking
studies [9].

Simultaneously, machine learning techniques have shown
great promise in predicting the risk of chronic diseases using
structured clinical information [12], [13]. When evaluating the
risks of diseases like diabetes and cardiovascular disease, these
predictive methods attain quantifiable accuracy. However,
these models frequently operate without the aid of
conversational interfaces, necessitating the manual entry of
structured data by users without contextual support.

In healthcare applications, large language models have
recently improved contextual understanding and conversational
fluency [10], [11], and [14]. Furthermore, Al-powered tools for
behavioral and mental health have demonstrated encouraging
outcomes in terms of enhancing emotional support and
engagement [15]. Despite these developments, current
solutions usually work separately, concentrating on mental
wellness, conversational engagement, or predictive modeling,
without providing a holistic environment that unifies these
elements.

The lack of a hybrid, multi-functional digital health
assistant that integrates conversational intelligence, structured
disease risk prediction, mental wellness monitoring, and
lifestyle task management within a single adaptive framework
is therefore evident from the current literature.

TABLE L COMPARATIVE ANALYSIS OF EXISTING DIGITAL HEALTH
APPROACHES
Category Representati Key Limitations
ve Systems Capabilities Identified in
Literature
Symptom Ada  Health | Condition-based | Limited long-term
Checkers [1], WebMD | guidance monitoring; lack of
[2], Mayo | through predictive risk
Clinic [4] structured analytics
interaction
Conversati | Al  chatbots | Natural Limited integration
onal Health | for  chronic | language with structured ML-
Agents care [6], [7] engagement and | based disease
patient prediction
interaction
ML-Based | Predictive Risk estimation | Often deployed
Disease analytics for chronic | without
Prediction models [12], | diseases conversational
[13] assistance

LLM- Conversation | Context-aware Limited integration

Based al Al systems | dialogue  and | withholistic wellness

Medical [10], [11], | triage support tracking

Assistants [14]

Mental Digital mental | Behavioral and | Typically

Health AI | health agents | emotional disconnected  from

Systems [15] support physical health
prediction

III. METHODOLOGY

A. System Architecture and its Components

The structured multi-layer architecture of the Cura Sphere
system is intended to facilitate safe communication, perceptive
processing, and trustworthy data administration

e Layer of Presentation (User Interaction Layer):
The interface that users utilize to access system services
is provided by this layer. It provides a conversational Al
interface for questions about symptoms, as well as safe
account registration and authentication. Users can
handle personal health tasks, update mental wellness
data, and submit health indicators for risk assessment.

In order to encourage individualized involvement and
continuity, the interface additionally displays structured
health summaries and past interaction records. The
design concepts are consistent with contemporary Al-
enabled digital health interaction systems that prioritize
accessibility and usability [6], [9], and [10].

e Application Layer (Processing Layer) and Intelligence:
Request processing, internal workflow management,
and authentication verification are all coordinated by the
intelligence layer. It uses supervised machine learning
algorithms for estimating the risk of chronic diseases
and incorporates conversational services based on big
language models for contextual health assistance.

Current work in Al-driven healthcare analytics and
disease classification modeling informs the predictive
processes [12], [13]. Large language model evaluation
in healthcare settings and improvements in medical
dialogue systems are reflected in the conversational
component [6], [10], and [11]. This design integrates
conversational reasoning and predictive modeling into a
single system framework, in contrast to dispersed digital
tools.

e Data & Integration Layer (External Connectivity and
Storage):
Encrypted credentials, structured health inputs,
predictive outputs, chatbot interaction logs, and task-
related information are all securely stored in this layer.
Personalized health monitoring and longitudinal
tracking are made possible by linking data pieces to user
profiles.

In line with accepted practices in clinical machine
learning research, the system uses validated healthcare
datasets for prediction model evaluation and training
[12], [13]. In order to provide flexibility and ongoing
development, the integration design also adheres to the
scalable Al-health system concepts that have been
emphasized in recent digital healthcare research [7],
[14], and [15].

The database securely stores user profiles, encrypted
credentials, health data, chat logs, and productivity
records. External services include health datasets (e.g.,
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WHO, HealthifyMe) for training and validation [3], [9],
and patented approaches to ML-driven personalized
healthcare [7]. The system also draws on chatbot and
Al-symptom checking paradigms highlighted in earlier
patents [5], [6]

In the below diagram, we have illustrated the Level 0 Data
Flow Diagram (Context Diagram) of the Cura Sphere System.
The system acts as a central process that interacts with three
main external entities: the User, the Admin, and the Gemini
API & ML Models. The User provides login data, health
queries, and task inputs to the system and receives Al advice,
reports, and prediction results. The Admin manages user
control and monitors system reports and status. The system also
communicates with the Gemini API and machine learning
models through API calls to generate Al responses and discase
predictions. This diagram represents the overall data flow and
high-level interaction of the system components.

DFD Level 0 - Context Diagrom

Uses Maragemant
< Contro
Login Data, Hesth Admin
Quaris, Tasks
’ Heatth Reparts
User ch‘mnian System Suthus
< System )
Al Aoz, Reperts | Geminl APS &
Predictions 1
) P WL Mogsis
Al Reeponse

Fig. 1. Dataflow level 0

The entire Cura Sphere tech stack is displayed in the table
below. It draws attention to the different frameworks,
technologies, and tools used in the platform's development,
including front-end and back-end elements as well as auxiliary
services. This graphic depiction gives a clear picture of how
several technologies work together to create Cura Sphere's
overall system architecture.

The table given below is the complete tech stack of Cura
Sphere. It highlights the various technologies, frameworks, and
tools utilized in the development of the platform, encompassing
both front-end and back-end components, as well as supporting
services. This visual representation provides a clear overview
of how different technologies integrate to form the overall
system architecture of Cura Sphere.

TABLE II. TECH STACK AND USE CASE

Component Technology Description
Programming Python Implements backend logic and
Language AI/ML functionalities
Frontend HTML, CSS, | Develops  responsive  and
Technologies JavaScript interactive user interface
Backend Django Manages APIs, authentication,
Framework and application logic

Database SQLite Stores user credentials, chat
logs, and health data
Al Services Gemini API, | Provides conversational AT and
Autogen agent coordination
Machine Learning | Scikit-learn Develops disease prediction

models

Data Processing Pandas Performs data preprocessing

and analysis

B. Features

. In order to overcome the shortcomings of disjointed digital
health solutions noted in earlier studies, the suggested
system offers an integrated and extensive feature set [1]-
[15]:

e Secure Authentication and User Profiles:
To guarantee privacy, safe data storage, and ongoing
tailored health monitoring, the system integrates
secured login procedures and organized user profiles.
Al-driven healthcare systems' best practices for
handling data securely are in line with this [6], [10].

e Conversational
Guidance:
Real-time, approachable communication for discussing
symptoms and answering general health questions is
made possible via an Al-powered chatbot. The
conversational framework improves accessibility and
contextual comprehension by drawing on previous
developments in medical chatbots and dialogue systems
[5, 6, 9].

Symptom Checking and Health

e Disease Prediction algorithms:
Chronic disorders like diabetes and cardiovascular
diseases can be predicted using machine learning
algorithms. These models, which allow for risk
prediction through structured clinical characteristics, are
conceptually based on research on predictive analytics
and healthcare machine learning [3], [12], and [13].

e Mental Health Monitoring:
The platform offers Al-guided mental wellness support
that goes beyond conventional symptom checkers by
integrating behavioral insights and emotional support.
Advances in Al-enabled treatment agents and digital
mental health systems promote this feature [1], [15].

e Smart To-Do System:
By creating reminders and suggesting healthy activities,
this organized task management module promotes
lifestyle improvement. In addition to supporting
research on integrated health engagement systems [6],
[14], this fills the gap between wellness monitoring and
everyday behavioral execution.

e Contact and comments System:
Users can report problems, offer enhancements, and
provide comments using a special communication
interface.  Iterative improvement and system
dependability are supported by ongoing user feedback,
which reflects the concepts of adaptive Al system
development [10], [11].

e Community Support Platform:
The system includes a peer interaction module where users can
ask for non-clinical support, share experiences, and trade
general wellness tips. It has been demonstrated that

© 2026, IJSREM | https://ijsrem.com

DOI: 10.55041/IJSREM63796 |

Page 3


https://ijsrem.com/

VOLUME: 10 ISSUE: 05 | MAY - 2026

INTERNATIONAL JOURNAL OF SCIENTIFIC RESEARCH IN ENGINEERING AND MANAGEMENT ([JSREM)

SJIF RATING: 8.659 ISSN: 2582-3930

community-based digital health interaction enhances sustained
usage and emotional reinforcement [8], [15].

e Administrator Dashboard:

Machine learning model upgrades, user control, and interaction
monitoring are all made possible by a secure administrator
panel. In accordance with scalable AI healthcare
infrastructures, this guarantees governance, performance
optimization, and ongoing system improvement [6], [13].

IV. WORKFLOW AND DATAFLOW

When a user registers and logs in using a secure
authentication system built with the Django framework, the
Cura Sphere system's workflow starts. All system
functionalities are easily accessible through the HTML, CSS,
and JavaScript user interface, and user data is safely kept in the
SQLite database.

After logging in, the user asks health-related questions to
the Al chatbot. The system uses the Gemini API to process
these inquiries and offers conversational guidance in real time.
User inputs and chat conversations are saved in the database for
later use and report creation.

The user can input pertinent health parameters into the
prediction module to determine their probability of contracting
an illness. Machine learning models created using Scikit-learn
evaluate the data and produce forecasts. These outcomes are
safely saved and shown on the dashboard.

The Smart To-Do module allows the user to manage daily
wellness activities based on system recommendations. Through
the interface, tasks can be created, modified, or deleted, and
Django handles and stores all data.

Based on conversation history, user activity, and
projections, the system automatically creates customized health
reports. For convenience and documentation, these reports are
emailed to the user's registered email account and saved in the
database.

Users can also communicate with others in the community
section or submit feedback via the Contact Us page. The
Django backend integrates all system components,
guaranteeing seamless communication between the database,
Al services, machine learning models, and frontend.

Fig. 2. Basic workflow of the system

[U.'.(‘r Registration & I()gin]

v

(Us.ev Dashboard Inter lace]

v

(Al Chatbot Intnract)onJ

v

[Hpnlth Prediction & Prorag';lng]

-

(Reporls & Data Storage)

The Cura Sphere System's process is depicted in the
diagram above. From user registration and login to user
dashboard access, Al chatbot interaction, health prediction and
processing, and report production with data storage, it shows
the sequential flow. This figure illustrates the system's
sequential operation.

V. RESULTS AND DISCUSSION

The outcomes show that the system functioned well across
all of its essential components. Accurate health predictions,
safe user management, and a seamless user experience were
made possible by the combination of machine learning models,
conversational Al, and assistive tools.

e Using the Gemini API, the system was excellent at
responding to users' healthcare questions, producing
dialogue outputs that were clear, accurate, and flowing.

e Using user-provided medical data, machine-learning
algorithms produced accurate predictions of the risks of
diabetes and heart disease.

e By using encryption techniques to protect personal
information and preserve privacy, a strong security
mechanism guaranteed confidentiality during account
setup and access verification.

e The user-friendly design made it possible to respond
quickly and accurately, making it easier to interact with
the dashboard and chatbot interfaces.

o A task manager makes it possible for people to create,
classify, and keep an eye on personal projects, which
helps with successful commitment management.

e Through "Contact Us," users could get in touch with
developers directly to voice concerns, report errors, and

suggest improvements. This ensured continuous
improvement and transparency in the application's
development process.

e By allowing members to communicate, share

knowledge, and support one another, a communal help
tool improved understanding of wellness issues and
promoted camaraderie among participants.

e Through the administrative interface, administrators
were able to keep an eye on user behavior, track system
performance, and manage predictive algorithms
efficiently, ensuring the system's correctness,
scalability, and stability over time.
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Fig. 3. System Architecture diagram
As shown in Table III below, the chatbot responses are be consulted for
compared against expected answers across English and Hindi an  acourate
queries, with most outputs matching or partially fulfilling the diagnosis.
expected information. Add 30 [ EN | Confirms task added | Added 30 | Pass
minutes to to-do list and | minutes of
TABLEIIL.  QUERY RESPONSE TEST CASE DATA Wa.lkfng available for | daily  walking,
daily' to my tracking/completion. | it is a great step
Query Lang Expected Actual Result health plan. for improving
heart  health,
I have chest | EN Advises immediate | These Pass mood, and
pain  and emergency care; | symptoms may 0v§rall well-
sweating. states prediction | indicate a l;)emg, so keep
Should I use model is not for | medical 1tup.
the  heart acute emergencies. emergency, SO
disease seek immediate
prediction help from the VI. ScoPES OF THE PROJECT
model or go nearest hospital The scope of this project outlines the key features and
to hospital? or emergency . .
services instead functional capabilities of the Cura Sphere system. It defines the
of relying on Al areas in which the system operates, including health
predictions. information delivery, disease risk prediction, task management,
: and community interaction. The following points describe the
ST | HI Provides clear | G [T P | Pass specific components and services provided by the system
¥y &1 explanation in Hindi | if@q 3= e . .
: within its designed boundaries.
Eﬁa-[%r, about risk factors I9q=TY
::}lleebslt(;(r);ll pressl;;e(i PIoRCTd, e Healthcare Technology Sector:
lifestyle, aYNg, YEUH, It can function as a preventive health screening tool for
e, ¥RE early risk detection of heart disease and diabetes.
EICERNIREIN Hospitals, clinics, and telemedicine platforms can use it
ikai® as a first-layer triage or awareness system before formal
iR &3 consultation. That reduces overload on physicians and
PRI R AR improves early intervention.
@® aed @ e Digital Health Startups:
0 A o Startups can integrate your chatbot and prediction
TJHATRI models as a modular API service inside larger telehealth
ecosystems. It can serve as a patient engagement layer
My father | EN | Explains model uses | Our  model | Partial before human consultation.
has high structured inputs | analyzes .
glucose (age, BMIL, glucose | factors like age, e Public Health Awareness Platforms:.
levels. How etc) to  give | BMI,  family Government or NGO health campaigns can use such a
does  your probabilistic ~ risk, | history,  and system to educate communities, especially in bilingual
diabetes not diagnosis. glucose levels settings. The Hindi-English capability increases
prediction to estimate M TIPT .
model diabetes  risk accessibility in diverse populations.
work? but it’s only
predictive and a
doctor  should
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VII. LIMITATIONS

The limitations of this project define the operational
constraints and boundaries within which the Health Al system
functions. While the system provides health information,
predictive analysis, and user interaction features, it operates
within technical, data, and design restrictions. The following
points outline the specific limitations that affect the system’s
accuracy, scope, and overall applicability.

o Limited Diagnostic Capability:
The system does not provide confirmed medical
diagnoses. The chatbot and prediction models offer
informational guidance and probabilistic risk
assessment only, and they cannot replace professional
clinical evaluation.

e Dataset Dependency of Prediction Models:
The heart disease and diabetes models are trained on
specific datasets. Their accuracy depends on data
quality, size, and feature selection, which may limit
performance across different populations.

e Lack of Real-Time Clinical Integration:
The system does not integrate with hospital databases,
laboratory systems, or electronic health records. As a
result, it cannot analyze real-time medical reports or
personalized clinical history.

o External API Dependency:
The chatbot relies on the Gemini API for generating
responses. Any changes in APl performance,
availability, or response quality may directly affect
system behavior.

VIII. FUTURE ENHANCEMENT

This is of future scope The future improvements for this
project include possible upgrades and additions that can make
the Health Al system better over time. As technology, data, and
user needs change, the system can be updated to become more
accurate, useful, secure, and easy to use. Here are the planned
changes that aim to make the system more effective and able to
handle more users.

e Mobile Application Development:
The project can be extended into a dedicated mobile
application to improve accessibility and user
engagement. A mobile platform would allow easier
tracking of tasks, faster chatbot interaction, and broader
user reach.

e Adding More Disease Prediction Models:
The system can be made better by including prediction
models for more health conditions like high blood
pressure, stroke risk, or chronic kidney disease. By
using more data and better ways to choose important
factors, the system can predict more accurately and
work better in real-life situations.

e Connecting with Wearable and Health Devices:
Future versions can link with devices like smartwatches
to gather real-time health information such as heart rate,
physical activity, and sleep patterns. This will help
provide a more personal and up-to-date risk assessment
for users.

e Using Explainable Al:
The prediction models can be improved by using
explainable Al methods. This will help users understand
what factors most influenced their risk score, making
the system more transparent and trustworthy.

e Strengthening Data Security and Compliance:
Future work can focus on better security tools like
strong encryption, safe login systems, and following
healthcare data protection rules. These steps will protect
user privacy and make the system more reliable.

e Creating a Mobile App:
The project can be expanded into a mobile app to make
it easier for people to access and use. A mobile app
would help users track tasks more easily, interact faster
with the chatbot, and reach a wider audience.

IX. CONCLUSION

The proposed Al-powered productivity and health assistant
offers a thorough and integrated method of managing digital
healthcare. The solution bridges the gap between preventative
healthcare and everyday lifestyle assistance by integrating
machine learning-based disease prediction, conversational Al-
driven health advising, mental well-being monitoring, and
intelligent task management.

While the contact and feedback mechanism encourages
ongoing improvement through user participation, the
automated health report production with email delivery
guarantees accessibility and long-term health tracking. The
community support feature also encourages peer support and
collaborative learning, which improves the user experience in
general.

The system is a proactive first step toward health awareness
and self-management, but it is not meant to take the place of
expert medical consultation. The platform helps users make
better decisions and enhance their general well-being by
providing them with individualized guidance, predictive
insights, and helpful digital tools.

ACKNOWLEDGMENT

The authors are grateful for the constant assistance,
direction, and comments provided during this research. We are
particularly appreciative of the essential resources and
supportive environment provided by Acropolis Institute of
Technology and Research. We are also grateful to our friends
and family for their encouragement and wise counsel during our
journey.

REFERENCES

[1] Ada Health, “Al-powered symptom checker,” [Online]. Available:
https://ada.com

[2] WebMD, “Symptom Checker,” [Online]. Available:
https://symptoms.webmd.com/

[3] HealthifyMe, “Al-powered fitness and nutrition app,” [Online].
Available: https://healthifyme.com

[4] Mayo Clinic, “Symptom  Checker,” [Online].  Available:

https://www.mayoclinic.org/symptom-checker

[5] World Health Organization (WHO), “Global strategy on digital health
2020-2025,” 2021. [Online]. Auvailable:
https://www.who.int/publications/i/item/9789240020924

[6] A.B. Sawad, J. S. Rashid, and M. A. Hossain, “A systematic review on
healthcare artificial intelligent conversational agents for chronic
conditions,” Sensors, vol. 22, no. 7, 2022.

[7] T. Schachner, A. Keller, and T. Wangenheim, “Artificial intelligence-
based conversational agents for chronic conditions: Systematic literature
review,” Journal of Medical Internet Research, vol. 22, no. 9, 2020.

[8] M. H. Kurniawan et al., “A systematic review of Al-powered chatbot
interventions for managing chronic illness,” Annals of Medicine, vol. 56,
no. 1, 2024.

[91 D. Bhatt, S. Ayyagari, and A. Mishra, “A scalable approach to
benchmarking the in-conversation differential diagnostic accuracy of a
health AL” arXiv preprint arXiv:2412.12538, 2024.

© 2026, IJSREM | https://ijsrem.com

DOI: 10.55041/IJSREM63796 |

Page 6


https://ijsrem.com/
https://ada.com/
https://symptoms.webmd.com/
https://healthifyme.com/
https://www.mayoclinic.org/symptom-checker
https://www.who.int/publications/i/item/9789240020924

VOLUME: 10 ISSUE: 05 | MAY - 2026

INTERNATIONAL JOURNAL OF SCIENTIFIC RESEARCH IN ENGINEERING AND MANAGEMENT ([JSREM)
SJIF RATING: 8.659 ISSN: 2582-3930

[10] B. Wen et al, “Leveraging large language models for patient
engagement: The power of conversational Al in digital health,” arXiv
preprint arXiv:2406.13659, 2024.

[11] Q. Shi et al., “C-PATH: Conversational patient assistance and triage in
healthcare systems,” arXiv preprint, 2025.
[12] “A comprehensive review for chronic disease prediction using machine

learning algorithms,” Journal of Electrical Systems and Information
Technology, vol. 11, 2024.

[13] C. Lee et al., “Chronic disease prediction using a common data model:
Development and validation study,” JMIR A1, 2022.

[14] “A chatbot-based question and answer system for auxiliary diagnosis of
chronic diseases using large language models,” Scientific Reports, 2024.

[15] “Systematic review and meta-analysis of Al-based conversational agents
for mental health and well-being,” npj Digital Medicine, 2023.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJ]SREM63796 | Page 7


https://ijsrem.com/

