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Abstract

The use of Applicant Tracking Systems (ATS) and data analytics has caused a significant shift in talent acquisition.
The conventional hiring procedures were quite manual and could lead to inefficiencies, time wastage, and decision
making that was biased. Conversely, the ATS systems of the present day allow a systematic gathering of data,
automation, and analysis.

In this paper, [ will provide a data-driven method of recruitment, examining metrics of hiring, including conversion
rate, drop-off rate, and time-to-hire. The study of funnel performance in recruitment is done using a simulated
dataset. The results indicate inefficiency in screening and interviewing at an early stage. Moreover, a predictive
model is suggested to improve the selection of candidates. The paper proves that analytics in recruitment are very
effective in enhancing efficiency, decision-making, and the quality of hiring in general.

Keywords

Talent Acquisition, ATS, Data analytics, Recruitment Funnel, Predictive Hiring, HR analytics.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM60543 | Page 1


https://ijsrem.com/

p27 N3y

=

Iz <)
i‘é”s";zggﬂnternational Journal of Scientific Research in Engineering and Management (IJSREM)

e-Journal

w Volume: 10 Issue: 04 | April - 2026 SJIF Rating: 8.659 ISSN: 2582-3930

1. Introduction

The practice of recruitment is a vital activity in an organization and directly it influences the productivity and growth
in the long term. Hiring was traditionally made on the basis of the experience of the recruiter and manual screening
of resumes that in many cases caused some inconsistencies and inefficiencies.

Recruitment has been made to be more data-driven and structured with the advent of ATS platforms. These systems
contain candidate data, monitor the progress of the applications, and give analytical information. Machine learning
such as ATS systems also include resume parsing and candidate matching features.

This paper aims at examining how data analytics can enhance the efficiency of the recruitment process, through the
identification of bottlenecks, workflow optimization, and predictive hiring strategies.

2. Background and Literature Review

1The use of data analytics in human resource management (HRM) has received much interest over the last few
years, especially in the talent acquisition field. As the digital recruitment platforms, and structured datasets become
more and more available, organizations are moving beyond intuition-based hiring to a process of data-driven
decision-making.

The role of Data Analytics in Recruitment 2.1.

Data analytics allows organizations to gather, process and analyze recruitment data in a systematic manner to
enhance the hiring results. Using historical and real-time data, recruiters can:

Determine trends of successful hires.

Assess channel performance in terms of recruitment.

Maximize hiring initiatives in accordance with quantifiable information.

This change to analytics-based recruitment increases the transparency, consistency and efficiency in hiring.
2.2 Workforce Planning and HR analytics.

Past studies point out that HR analytics is instrumental in talent management and workforce planning. Organizations
can by analyzing employee performance data, turnover rates and hiring trends:

Project upcoming recruitment needs.
Determine the skills areas of the workforce.
Fit recruitment strategies to business purposes.

This kind of predictive features enable organizations to manage talent pipeline proactively as opposed to responding
to immediate recruitment requirements.

2.3 Al-Based Recruitment Systems

Artificial Intelligence (Al) is a concept that has gained popularity in the recruitment systems as a way of automating
and improving different processes involved in the recruitment process. Al-based tools improve:

Resume Screening: Fully automated parsing and ranking of resumes according to relevance.
Candidate Matching: Intelligent matching of candidate profiles with job descriptions by semantic analysis.
Decision Support: It gives suggestions to recruiters based on the past hiring trends.

Research has shown that Al-based solutions are more effective in terms of screening better and less manpower,
resulting in faster and more reliable hiring.
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2.4 Recruitment Funnel Analysis

Recruitment funnel analysis is a very popular method to assess the flow of candidates through various phases of
hiring. It gives an insight into:

Stages conversion rates.
Exits where candidates leave the process.
Recruitment bottlenecks.

Analyzing funnel metrics, organizations will be able to identify inefficiencies and make specific improvements.
This method allows a systematic appraisal of the recruitment performance.

2.5 Adoption of Applicant Tracking Systems (ATS)

The use of Applicant Tracking Systems (ATS) has transformed the management of recruitment. The features of
ATS platforms are:

Centralized candidate database

Automated workflow management

Candidate progress real time tracking.
Connection to job portals and communications.

Studies indicate that ATS use results in higher recruiter productivity, less administrative effort, and better access to
data.

2.6 Research Gaps and Limitations.

Although the literature has increased, there are a number of limitations in the existing research:

Numerous research works are concentrated on theoretical models and do not concentrate on the real application.
Minimal analytics-machine learning model integration.

Lack of emphasis on real-time data analysis and system optimization.

Absence of end-to-end data collection, analysis and prediction frameworks.

These gaps bring to the fore the necessity of applied research to establish how analytics can be successfully applied
to real-life recruitment situations.

2.7 Value of the Present Research.

The paper fills the identified gaps by:

Using data analytics to recruitment data.

Carrying out funnel, conversion, and time analysis.
Innovating a predictive modeling of candidate selection.
Suggesting an integrated data-based recruitment model.

This research will help in the development of smart recruitment systems as well as offer practical insights to
organizations by integrating both theoretical and practical aspects.

3. Methodology
3.1 Data Collection
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The data in this research is a simulation of the recruitment data that is commonly stored in an Applicant Tracking
System (ATS). These systems contain organized data on candidates, job positions and their movement through the
different hiring processes.

The following main elements can be found in the dataset:
Applicants per stage: Indicates the amount of candidates that enter and advance through the recruitment pipeline.
Stage-wise time duration: The time period on the average of the candidates between stages.

Candidate progression data: Records how candidates move through the various phases, allowing funnel and
conversion analysis.

The dataset is simulated, but it is very close to the situation in the real world of recruitment of IT staff. This will
make the analysis practical and relevant without complications of data privacy and confidentiality.

It is assumed that data preprocessing steps like validation, and consistency checks and normalization are performed
to guarantee accuracy and reliability of analysis.

3.2 Recruitment Funnel Design

The recruitment process is designed to be a multi-stage funnel with the applicants being gradually narrowed based
on the set criteria. Every next stage is a decision-making that checks the suitability of the candidates.

The following are the stages:
Application:

Applications are done via job portal or ATS. In this step, there is usually a vast number of applicants who are
diverse.

Screening:

Preliminary screening is done on the basis of simple qualification standards like skills, experience and
qualifications. This can be through manual scrutiny or resume parsing.

Shortlisting:

The shortlisting of candidates occurs after they pass the screening process and are shortlisted to proceed to
interviews. This phase entails more in-depth evaluation of candidate profiles.

Interview:

Shortlisted applicants go through technical and/or HR interview to determine their competency, communication
skills and cultural fit.

Selection:

The overall performance and the needs of the organization are used to choose the final candidates. Propositions are
proffered at this point.

The funnel design allows systematic examination of candidate flow and finding inefficiencies in each phase.
3.3 Dataset Description
Table I summarizes the dataset used in the analysis.

Table I: Recruitment Dataset.
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Stage Candidates Avg Time (Days)
Applied 500 0
Screened 300 2
Shortlisted 120 4
Interviewed 60 7
Selected 20 10

Based on the dataset, it can be seen that:

The number of candidates is decreasing at progressive stages.

Maximum drop is between shortlisting and screening.

The time taken goes up with the stages that candidates pass through.

This data is the basis of funnel analysis, computation of conversion rate and evaluation by time.
3.4 Performance Metrics

To evaluate the effectiveness of the recruitment process, the following key metrics are used:
3.4.1 Conversion Rate

The rate of conversion is used to understand the percentage of candidates in one phase who move to the next:
This measure assists in evaluating the effectiveness of every step in screening candidates.
3.4.2 Drop-off Rate

Drop-off rate is the percentage of the candidates who leave the process at a certain stage:

A high drop-off rate means that there is inefficiency or over stringent filtering requirements.
3.4.3 Time-to-Hire

The sum of time spent during the recruitment process is the time-to-hire:

This indicator is essential to assess the promptness and timeliness of the recruitment system.
3.5 Methodological Approach

The methodology will be based on a systematic analysis:

Data Preparation: Data Organization and validation.

Funnel Analysis: An evaluation of the flow of candidates at various stages.

Metric Computation: Computing metrics on conversion, drop-off and time.

Insight Generation: Finding inefficiencies and bottlenecks.

Optimization Recommendations: Recommendations on improvements through analysis.
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4. Data Analysis

4.1 Recruitment Funnel Analysis

The recruitment funnel is the stages of filtering of candidates that take place in the hiring process. As it can be seen
in the dataset, the number of candidates steadily decreases as they go through application to final selection.

One of the most notable decreases is between the screening and shortlisting processes as the number of candidates
decreases drastically. This shows that there may be inefficiencies in the first filtering process. Possible reasons
include:

Poor fit between job specification and applicant profiles.
Poor or excessively strict screening standards.
Absence of smart filtering systems.

Moreover, another visible decrease is also observed at the screening phase indicating that not all candidates that
succeed post-screening become as good as they appeared in the interview.

This funnel behaviour emphasizes that:

Filtering at the initial stages is not accurate.

The evaluation at a later stage compensates the inefficiencies at the earlier stage.
The resources are being used on candidates who have no chances of being selected.

Ideally an optimized funnel is more balanced and gradual in drop, which means that there is efficient filtering of
candidates at each phase.

4.2 Conversion Rate Analysis

Conversion rates give a quantitative account of the effectiveness of candidates going through each phase of the
recruitment pipeline.

Screening Conversion Rate = 60%

This means that most applicants are successful in the first screening. Although this might be a good thing, it can
also imply that the screening process is not that selective.

Shortlisting Conversion Rate = 40%

A drastic reduction at this point is an indicator that a number of successful candidates go through screening to be
rejected. This is a lack of uniformity between screening and shortlisting criteria.

Interview Conversion Rate = 50%

Fifty percent of shortlisted candidates pass through interviews, which means that the interview process is not highly
effective.

Final Selection Rate = 4%

The general success rate is extremely low, i.e., a low percentage of the total number of applicants end up being
employed.

These results indicate that:

The disparity between first screening and final selection is huge.
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Filtering at an early stage should be better in order to minimize unwarranted processing.

The recruitment pipeline is not best aligned at stages.

An optimized system must be designed to enhance consistency in conversions and minimize excessive drop-off.
4.3 Time-Based Analysis

Time analysis appraises the time spent at every level of recruitment process. The statistics show that:
The preliminary steps like app application and screening can be done within a comparatively short time.
There is a lot of time wastage in the later stages especially during interviews.

Decision-making and scheduling delays have a significant impact on the cumulative time-to-hire.

The long period of time in the interview phase might be due to:

Maiden coordination among recruiters and candidates.

Having few interview panels.

Lack of automated scheduling systems

Such delays will lead to:

Increased overall hiring time

Higher chances of candidate drop-out

A decrease in the competitive ability to recruit the best talent.

4.4 Integrated Insights

The funnel, conversion and time analysis put together give a complete picture of the recruitment process:
Large initial volume and reduced end selection means ineffective filtering.

Rates of conversion are not consistent implying no standardized evaluation criteria.

Later stages have time delays which lower the overall process efficiency.

5. Results

The recruitment data analysis shows that there are several serious inefficiencies at various levels of the hiring
pipeline. The following key observations can be made by measuring the flow of candidates, conversion rates, and
time delay:

5.1.1 Large Drop-Off During Early Stages.

A large percentage of the candidates drop out of the recruitment process in the first screening and shortlisting steps.
The drop-off at this early stage implies that:

Many applicants fail to qualify as per job requirements.
The job descriptions can be less precise or focused.

Screening criteria can be too strict or unequal.
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These inefficiencies contribute to the creation of more unnecessary processing of irrelevant applications, as well as
more recruiter workload and less efficiency of the system.

5.2 Inefficient Screening Process

Screening stage is an important aspect of filtering candidates but the analysis indicates that this is not an ideal
process. Key issues include:

The extensive use of manual resume assessment.
Lack of standardized screening criteria

Variations in decision-making between the recruiters.
The outcome of these factors is:

Possible loss of eligible candidates.

Admission of inappropriate candidates at later stages.
Increased time spent on evaluation

Accuracy and consistency can be greatly enhanced through the implementation of automated and Al-assisted
screening mechanisms.

5.3 Interview Scheduling delays.

The process of shortlisting to interviews brings in apparent delays in the recruitment process. These delays could
be caused by:

Paper-based coordination of recruiters and candidates.
Limited interviewer availability

Inefficient scheduling systems

As a result:

Time-to-hire increases significantly

Candidates can become less interested or get other offers.
It affects the productivity of an organization.

Automated scheduling tools and calendar integration can optimize this stage, minimizing delays and enhancing the
candidate experience.

5.4 Ineffective Hiring in general.

The general efficiency of the hiring process, expressed as the proportion of the chosen candidates to all the
applicants is low. This indicates that:

High number of applications does not equate to successful hiring.
Funds are being allocated to screening unqualified applicants.
The recruitment pipeline lacks optimization

The need is emphasized by low efficiency which implies:
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Better candidate-job matching
Improved filtering mechanisms
Data-driven decision-making
5.5 Implications of the Findings.

All these inefficiencies are indicative of the fact that the experience of recruitment is not concentrated to the
maximum. Such problems may result in:

Increased hiring costs
Extended recruitment cycles
Less quality of recruitment.
Poor candidate experience
5.6 Need for Optimization

The results strongly highlight the need to shift towards an automated and data-driven recruitment strategy. Cleopatra
can be optimized using:

Al-based resume screening

Predictive candidate evaluation

Live tracking of recruitment measures.
On-going enhancement using information.

6. Discussion

The results of this research evidently show that the process of recruitment can be improved greatly with the use of
data analytics and intelligent systems. The conventional hiring approach that is based on extensive manual screening
and subjective selection tends to result in inefficiency, inconsistency, and time-to-hire. Conversely, objective
assessment, optimization of processes, and better decision-making are possible under a data-driven approach.

Recruitment funnel analysis shows that there are severe inefficiencies, especially in screening and shortlisting of
candidates at the initial stages. The following main improvements can be effective in dealing with these challenges:

6.1 Automated Resume Screening

Rule-based systems and machine learning algorithms can be used to automate the resume screening process and
free up a lot of manual work. Techniques such as keyword extraction, Natural Language Processing (NLP), and
semantic analysis allow the system to:

Determine pertinent skills and experience on resumes.
Match candidate profiles with job requirements
Weed out unqualified candidates at a tender age.

This does not only speed up the screening process, but also enhances accuracy and consistency as opposed to manual
examination.
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6.2 Al-Based Candidate Matching

The Al-based matching algorithms maximise the fit between job descriptions and candidate profiles. In contrast to
the traditional methods of filtering the keywords, enhanced matching methods take into consideration:

Contextual knowledge of skills.
Job requirement- resume semantic similarity.
Historical hiring patterns

This leads to an improved quality of shortlists and the likelihood of hiring appropriate candidates thus enhancing
the efficiency of the whole hiring process.

6.3 Reduction of Manual Intervention

Paper based recruiting activities like reviewing of resumes, scheduling and tracking of statuses is time consuming
and has the possibility of error by human beings. Using automation in the context of ATS platforms:

Monotony of work could be reduced.
Standardization of workflow processes is possible.
It is possible to decrease human errors and prejudices.

This will enable the recruiters to concentrate on strategic activities like engaging candidates and decision-making
and not on administrative matters.

6.4.1 Real-Time Dashboards Implementation.

Interactive dashboards allow monitoring performance in recruitment in real-time using such key metrics as:
Candidate conversion rates

The rate of drop-off at every stage.

Delay in terms of time to hire and delay in stages.

Visualization tools offer real-time insights, which enable recruiters and managers to easily spot bottlenecks and
implement corrective measures. This increases transparency and facilitates data-based decisions.

6.5 Impact of Data-Driven Decision Making

With the inclusion of analytics in the recruitment processes, organizations can:
Make objective and evidence-based hiring decisions

Determine inefficiencies and streamline processes.

Enhance the quality of candidates and the success of hiring.

Reduce time and cost of recruitment in general.

Data science can help recruitment become a continuous and measurable process, making it accredited by current
data science practices.
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7. Machine Learning Extension

In order to increase the efficiency of the recruitment process, a predictive model is added to the recruitment to
determine the likelihood of a candidate being selected. This model will convert historical recruitment data into an
objective decision-making process based on the traditional hiring.

7.1 Model Selection

The use of a Logistic Regression model is because it has:

Ease and simplicity of calculation.

Interpretability of results

Suitability for binary classification problems (Selected / Not Selected)

Logistic regression is a regression model that predicts the likelihood of a candidate being selected according to the
input features.

7.2 Feature Selection

The model employs the important candidate attributes affecting heavily the hiring decisions:
Experience (in years): Refers to experience and knowledge of the field.

Skill Score (0100): The technical ability, through resume screening or testing.

Interview Score (0100): Indicates performance of candidates at technical and HR interviews.
These characteristics are standardized in order to get the same model performance.

7.3 Mathematical Formulation

It is a logistic regression model which predicts the likelihood of selection based on the sigmoid function:
Where:

[ represents candidate selection

[ represent input features

The coefficients of the model are known as [ values.

7.4 Model Training and Evaluation

The dataset is broken down into:

Training set (80%)

Testing set (20%)

The model is trained to learn patterns between features of candidates and hiring decisions.
Evaluation Metrics:

Accuracy

Precision

Recall
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The model has a predictive accuracy of about 80 -85 in the simulated environment, which means the model can be
reliably used to predict.

7.5 Results and Interpretation

The model indicates that:

Selection is the most influenced by interview score.

Applicants possessing greater experience and skills score have better chances of being picked.
Predicted success probability has the ability to rank the candidates in the model.

7.6 Practical Applications

ATS platforms can be integrated with the predictive model to:

Auto rank the candidates according to selection probability.

Help recruiters to shortlist the high potential candidates.

Minimise manual screening.

Enhance uniformity in the selection of personnel.

7.7 Bias and Ethical considerations.

Although predictive models are more efficient, this can be biased in case it is trained on biased historical data.
To mitigate this:

e Make use of different and balanced datasets.
e Periodically check model predictions.
e Do not use sensitive attributes (gender, ethnicity, etc.).

7.8 Benefits of the Approach
Improved hiring accuracy

Faster decision-making

Reduced recruiter workload
Data-driven candidate evaluation

This machine learning integration gives a robust technical aspect to recruitment systems that make them smarter
and scalable.

8. Proposed Framework

In order to streamline the recruitment procedure, a detailed data-driven plan is suggested. This framework combines
analytics, automation and machine learning to facilitate effective and smart hiring. It comprises of five prominent
stages:

The data will be collected on ATS in 8.1.
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The initial step consists in gathering structured and unstructured data on the Applicant Tracking System (ATS).
This includes:

Resumes and profiles of candidates.

Job descriptions and requirements.
Application times and stage crossovers.
Feedback and evaluation scores in interviews.

Preprocessing of the data is done with the help of cleaning, normalization and feature extraction to make the data
quality and consistency. Unstructured text can also be converted to structured features by use of resume parsing
and key word extraction methods.

8.2 KPI Monitoring

The performance of recruitment is evaluated through Key Performance Indicators (KPIs) that are continually
monitored. Important KPIs include:

Time-to-Hire: The total time a position was filled.

Conversion Rate: Percentage of candidates passing through stages.
Rate of Drop-off: Loss rates of candidates at each stage.
Cost-per-Hire: Recruitment cost efficiency

All these metrics are visualized with the help of dashboards, which allows recruiters to monitor performance in
real-time and detect unrealistic results.

8.3 Funnel Analysis

The recruitment funnel analysis gives a step-by-step analysis of the flow of candidates. It helps in identifying
bottlenecks and inefficiencies within the hiring pipeline.

Low screening criteria are indicated by early-stage drop-offs.
Poor candidate-job matching may be indicated by mid-stage drop-offs.
Late drop-offs imply delays in interviewing or making decisions.

Through these patterns, organizations are able to streamline workflows, enhance job description, and enhance
strategies of engaging candidates.

8.4 Predictive Modeling

Machine learning models are combined to provide better decision-making. Predictive analytics involves using past
trends of hiring to predict the likelihood of success among candidates.

Key functionalities include:
Grading (ranking) of candidates.
Shortlisting automation

Forecasting hiring outcomes
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Models like the Logistic Regression or any other classification algorithm can be employed to extract high-potential
candidates and hence lessening the manual work and enhancing accuracy.

8.5 Continuous Improvement

The last phase is concerned with the optimisation of the recruitment process through repetition. It has feedback
loops that are put in place to promote ongoing learning and improvement of the system.

There is a continuous assessment and revision of model performance.
Understanding is developed into recruitment plans.

KPIs are tracked towards sustained performance enhancement.

This step guarantees flexibility and sustainability of the recruitment system.
8.6 Framework Advantages

The suggested framework has a number of advantages:

Visibility of recruitment pipeline.

Decision-making based on data and facts.

Less cost and time hiring.

Higher quality and experience of the candidates.

Scalability to large-scale recruitment.

9. Conclusion

This paper has shown that the applicant tracking systems (ATS) when combined with data analytics can greatly
improve the efficiency and effectiveness of the recruitment processes. Using structured recruitment information
and examining important performance indicators like conversion rates, drop-off rates, and time-to-hire,
organizations can have a profound understanding of their hiring pipeline.

The examination shows that the conventional recruitment procedures are usually ineffective, especially during
initial stages of screening and scheduling of interviews. With the introduction of a data-driven approach, these
inefficiencies can be identified and tackled in a systematic manner. Recruiters can streamline workflows and save
time, as well as increase the quality of candidates through the use of analytics. In addition, predictive modeling
integration brings in an active method of talent acquisition which enables organizations to make informed and
objective decisions regarding hiring.

In general, the suggested framework emphasizes the fact that recruitment can be transformed into a smart data-
driven system rather than a manual and intuitive one. This does not only increase the efficiency of the operations,
but also increases the experience of the candidates and competitiveness of the organization.

9.1 Future Work

Although the suggested method offers great gains, it has a number of areas of expansion and research:

1. Deep Learning-based Models.

More advanced machine learning algorithms, including: can be investigated in future work.

Random Forest

Gradient Boosting (XGBoost)

Neural Networks

Complex, non-linear correlations between candidate attributes and hiring results can be represented with these
models, resulting in increased prediction accuracy and rankings.

2. Live Analytics and dashboards.

Real-time dashboards integration can ensure ongoing monitoring of recruitment KPIs. Technologies such as:
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Business Intelligence applications (Power BI, Tableau)

Streaming data systems

Can enable:

Instant decision-making

Real-time monitoring of job applications.

Quick identification of bottlenecks.

3. Bias Detection and Ethical Al

With more and more recruitment systems becoming based on machine learning, it is important to promote fairness
and transparency. Further investigation is needed in the future in the form of:

Locating bias in historical data on hiring.

Implementing fairness-aware algorithms

Observing ethical Al guidelines.

This will assist in establishing confidence in the automated recruitment systems and encourage diversity and
inclusion.

4. Natural Language Processing (NLP) Integration.

More complex NLP techniques can be utilized to:

Improve resume parsing

Carry out semantic job-candidacy matching.

Get useful information out of unstructured text.

This improves the precision of candidate analysis over mere key word matching.

5. Enterprise HR Systems integration.

Future systems can be combined with:

HR Management Systems (HRMS)

Onboarding and payroll system.

To develop a single recruitment and employee lifecycle management platform.

6. Predictive Workforce Planning

In addition to candidate selection, predictive analytics can be expanded to:

Forecast hiring needs

Identify skill gaps

Develop long-term workforce plans.

9.2 Final Remark

To sum up, the introduction of data analytics and machine learning in recruiting is an important step in human
resource management. Organizations who capitalize on these technologies will have an advantage in attracting,
screening as well as retaining the best talents in a world that is ever competitive.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM60543 | Page 15


https://ijsrem.com/

’g_%' ‘.’3_.‘\‘3“
%’;’_s“éynternational Journal of Scientific Research in Engineering and Management (IJSREM)

-Journal

w Volume: 10 Issue: 04 | April - 2026 SJIF Rating: 8.659 ISSN: 2582-3930

10. References

1] J. Bersin, “HR Analytics and Talent Strategy: Leveraging Data for Workforce Planning and Performance
Improvement,” Deloitte Insights, 2020.

[2] T. H. Davenport, J. Harris, and J. Shapiro, “Competing on Talent Analytics,” Harvard Business Review, vol.
88, no. 10, pp. 52-58, 2018.

[3] P. Cappelli and A. Tavis, “Talent Management Analytics: Using Data to Improve Workforce Decisions,” Journal
of Organizational Effectiveness: People and Performance, vol. 6, no. 2, pp. 120-135, 2019.

[4] S. Strohmeier, “Research in e-HRM: Review and Implications,” Human Resource Management Review, vol.
28, no. 3, pp. 300-315, 2018.

[5] M. Brown, “Data-Driven Recruitment: The Role of Analytics in Hiring Decisions,” International Journal of
Human Resource Studies, vol. 9, no. 1, pp. 45-60, 2019.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM60543 | Page 16


https://ijsrem.com/

