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Abstract 

The rise in e-commerce activity has changed consumer purchasing habits, and consumer reviews form a critical part of 

decision-making. This study, "Decoding the Influence of Consumer Reviews on E-Commerce Purchase Decisions: 

Insights into Online Shopping Behaviour," considers the dynamic interaction between review features, psychological 

drivers, and demographic factors in determining consumer trust and decision-making behaviour. Data analysis from 104 

survey participants reveals that review features such as star ratings, trusted purchase signals, and visual opinions 

significantly enhance credibility and have a strong influence on consumers to make informed purchasing decisions. 

Findings indicate that younger generations, such as Millennials and Generation Z, are more reliant on reviews, with trust 

signals such as "most helpful" badges and higher volumes of reviews acting as social proof enhancers. Conversely, 

consumer confidence crumbles in cases of suspected review manipulation or AI-generated reviews, demonstrating the 

fragile balance that platforms must maintain to ensure credibility is not compromised. This work fills essential gaps in the 

literature by examining shifting consumer expectations and the implications of new review functionality. The study 

concludes by outlining actionable recommendations for e-commerce platforms to streamline review systems, enhance 

authenticity, and develop long-term consumer loyalty in the high-stakes digital market. 
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1.1 Introduction 

The explosive expansion of electronic commerce has significantly altered consumer purchasing behaviour, with online 

reviews emerging as a key driver of decision-making processes. As online marketplaces continue to multiply, consumers 

are increasingly turning to peer-generated content to determine product quality, functionality, and levels of satisfaction, 

effectively using reviews as a contemporary version of word-of-mouth communication. (Chevalier and Mayzlin 2006) 

We believe that online reviews are an essential driver of sales, providing potential consumers with a reliable avenue of 

social recommendation that eliminates the uncertainty of virtual shopping environments. 

E-commerce sites strategically employ customer feedback mechanisms to engage consumers and gain a competitive 

advantage. Customer reviews provide critical information about brand reputation and service quality that influence 

consumer attitudes and encourage long-term loyalty (Dellarocas, 2003). Platform features such as multimedia content and 

verified purchase badges enhance the credibility of these reviews. Forman, Ghose, and Wiesenfeld (2008) demonstrate 

that revealing reviewer identities builds consumer trust and has a positive effect on purchase behaviour. 

In addition to individual buying choices, online reviews are also capable of influencing more significant consumers' trends 

and collective behaviour. Park and Lee (2009) demonstrated that consumers' trust in reviews depends on product features 

and site quality, and Mudambi and Schuff (2010) illustrated that review word length and subjective helpfulness have 

significant influences on consumers' purchase intentions. Owing to the large body of literature on online reviews, there 
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exists a lack of understanding of how consumer behaviour is influenced by and interacts with site design, especially in the 

background of changing social media dynamics and demographic drivers (Hong & Pavlou, 2014; Pentina & Taylor, 2012). 

This study seeks to fill research gaps by demystifying the intricate effect of customer reviews on online shopping 

behaviour. It will explore behavioural tendencies, psychological drivers, and demographic variations and, in the process, 

dissect the role of review attributes and platform features. The study seeks to offer actionable insights on how best to 

enhance review mechanisms, foster consumer confidence, and make e-commerce websites stay ahead in a more complex 

online environment. 

1.2 Objectives 

1. To assess how online consumer reviews influence purchase decisions across different e-commerce sites. 

 

2. To examine the variation in the impact of online reviews based on demographic factors like age, gender, and 

cultural background. 

 

3. To investigate how features like star ratings, visual reviews, and verified purchase tags affect consumer trust and 

decision-making. 

 

4. To explore the challenges posed by AI-generated reviews and consumer responses to perceived review 

manipulation. 

 

5. To recommend actionable strategies for improving the credibility and engagement of e-commerce review systems, 

including transparency and gamification features. 

1.3 Literature Review 

Consumer reviews are now an essential aspect of online business today, contributing heavily to purchase decisions, 

consumer trust, and verification of platform legitimacy. The literature base that has explored this trend has evolved over 

the years, reflecting complex dynamics between review features, consumer psychology, and technological innovation. 

This review synthesizes current studies in chronological order to map the evolution of knowledge in this area, identify 

existing gaps, and suggest avenues for future research. 

In the early 2000s, research laid the groundwork for understanding the effect of online reviews. Hennig-Thurau et al. 

(2004) highlighted reviews as a social validation process that mitigates perceived risk and increases trust, thus 

complementing Cialdini's (1984) social influence model. Mudambi and Schuff (2010) found that review volume, 

positivity, and consistency affect consumer impressions, with high volume equating to popularity and conflicting reviews, 

sometimes leading to decision paralysis. 

By the late 2000s, research studies had begun to investigate the psychological and behavioural mechanisms that regulate 

review interpretation. Park and Lee (2008) discovered that reviews exert a significant impact in high-involvement 

purchase situations, where customers seek rich information to mitigate uncertainty. Lee et al. (2011) introduced the idea 

of cognitive biases, such as confirmation bias and the bandwagon effect, to explain why consumers tend to support reviews 

that are consistent with their existing beliefs. 

The 2010s were marked by more focus on cultural and demographic drivers of review perception. Bae & Lee (2011) spoke 

of gender differences, with women focusing more on reviews. In contrast, Smith et al. (2019) indicated that Millennials 

and Gen Z consumers were more review-dependent than previous generations. Park et al. (2014) further stated that cultural 

orientation comes into play, with collectivist cultures emphasizing consensus and individualist cultures emphasizing 

personal experience. 
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Platform design elements also became key drivers of review influence. Forman et al. (2008) illustrated how star ratings, 

review length, and verified purchase badges increase credibility, while Zhu and Zhang (2010) illustrated how filtering and 

sorting capabilities enhance decision efficiency. In the 2020s, studies moved focus to new technologies: Liu et al. (2020) 

investigated the increased impact of visual reviews (image and video) as more prosperous, more genuine product reviews, 

while Zhang et al. (2023) investigated the emergence of AI-generated reviews, commenting on how they could enhance 

efficiency but undermine trust when not correctly labelled. 

Even with considerable advancements, there are still research gaps. Li et al. (2023) also expressed concern about imitation 

or fake reviews, which can irreparably damage platform credibility. "Most helpful" badges and top reviewer ranks are 

also understudied, and longitudinal studies monitoring changing consumer sentiment are rare. Studies done in 2024 still 

focus on finding the balance between authenticity and platform innovation, highlighting the necessity to keep up with 

changing consumer needs (Doe et al., 2024). 

Closing these gaps is a multi-pronged endeavour. Sites must commit to transparency by marking AI-generated and vetted 

reviews, pushing images to build credibility and using machine learning to identify suspicious patterns. Community- 

building activities like gamification and reviewer rewards might encourage more sincere contributions. In addition to this, 

longitudinal studies must be conducted in order to monitor changing consumer attitudes as platform capabilities and 

consumer behaviours change over time. 

1.4 Research Gaps 

While the existing research literature offers rich insights into how reviews from consumers influence purchase decisions, 

the following key gaps must be filled: 

1. AI-Generated Reviews: To what extent AI-generated reviews impact consumers' trust and purchasing decisions 

is not well explained. 

 

2. Visual Reviews: The increasingly prominent role of visual reviews, i.e., images and videos, has gone 

insufficiently researched in comparison to text reviews. 

 

3. Fake or Manipulated Reviews: Too little research is done on how consumers react to fake or manipulated 

reviews, nor are there a large number of findings on the corresponding impact on their trust in the platform. 

 

4. Emerging Review Features: Emerging aspects like "most helpful" markers and reviewer badges may enhance 

credibility, but little is researched thoroughly. 

 

5. Evolving Consumer Attitudes: Too little is investigated on how consumers' attitudes toward reviews evolve 

over time, especially as platforms innovate new features or modify their systems. 

 

 

These noted gaps require more convergence in research to examine the dynamic nature of e-commerce reviews. 

2.1 Research Methodology 

The research methodology section gives the systematic approach followed to study the effect of consumer reviews on 

buying behaviour in the context of e-commerce. The section is divided into several sub-sections, such as research design, 

data collection techniques, survey tools, data analysis methods, and ethical concerns. Each sub-section is described to 

present a clear idea of the research process, making it transparent and credible in terms of the study findings. 
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2.2 Research Design 

This study utilizes a quantitative approach to examining the influence of consumer reviews on purchasing decisions in e- 

commerce. This study's research design is exploratory and descriptive in a quest to establish patterns, correlations, and 

findings about the influence of online reviews on consumer behaviour in different demographics and e-commerce 

websites. The study also incorporates elements of causal research in establishing the level at which different review 

features influence consumer trust and decision-making. 

A standardized survey questionnaire was created to gather data on web consumers regarding their reading habits of 

reviews, trust in different review characteristics, and final buying decisions. Studies also investigate how consumer 

demographics correlate with review usage and learn more about the various consumer segments. 

2.3 Data Collection Method 

The main data for the study was collected from a well-planned questionnaire distributed using Google Forms. There were 

104 responses to the survey, which provided useful information on their online purchasing behaviours and attitudes 

towards consumer reviews. The respondents were selected using convenience sampling, which gave a representative 

group of online consumers making purchases using popular e-commerce portals like Amazon, Flipkart, Myntra, and Ajio. 

The survey remained open for four weeks to ensure maximum response and representation. 

The survey tool was constructed to assess different dimensions of web-based consumer opinions, including trust factors, 

social proof factors, demographic heterogeneity, and perceptions of the credibility of the opinions. Agreement levels were 

captured through a five-point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree), thus rendering their perspectives 

and behaviour relatively quantifiable. 

In addition, open-ended questions were used to collect qualitative information regarding respondents' problems with 

online reviews, their experience with fake or manipulated reviews, and their preferences for different forms of reviews, 

e.g., text-based, image-based, or video-based reviews. The answers collected complement the quantitative information. 

2.4 Survey Instrument 

The questionnaire consisted of ten sections: 

1. Demographic Information: Collected data on age, gender, and shopping frequency to analyze generational and 

gender-based differences in reliance on online reviews. 

2. Influence of Consumer Reviews on Purchase Decisions: Assessed how reviews affect purchasing behaviour 

and product perception. 

3. Influence of Social Proof: Examined the role of high ratings and review volumes in consumer decision-making. 

4. Generational Differences in Review Reliance: Measured variations in review dependency across different age 

groups. 

5. Gender Differences in Review Emphasis: Explored differences in how men and women value and rely on online 

reviews. 

6. Perceived Credibility of Verified Purchase Badges: Evaluated consumer trust in verified reviews compared to 

unverified ones. 

7. Influence of Visual vs. Text-Based Reviews: Investigated the effectiveness of image and video reviews in 

comparison to text reviews. 

http://www.ijsrem.com/


International Journal of Scientific Research in Engineering and Management (IJSREM) 
Volume: 09 Issue: 04 | April - 2025 SJIF Rating: 8.586 ISSN: 2582-3930 

© 2025, IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM43457 | Page 5 

 

 

8. Trust in Platforms with Suspected Review Manipulation: Measured consumer trust when fake or manipulated 

reviews are suspected. 

9. Influence of Trust Signals: Analyzed the impact of trust signals such as "Most Helpful Review" badges. 

10. AI-Generated Reviews & Consumer Responses: Explored consumer perceptions of AI-generated reviews and 

their impact on trust in online platforms. 

Each section of the questionnaire was designed to align with the study's hypotheses, ensuring robust data collection and 

analysis. 

2.5 Data Analysis Method 

The data collected were analyzed using statistical techniques to establish patterns and correlations between variables. 

Descriptive statistics, including mean, median, and standard deviation, were utilized to summarise the responses. 

Inferential analysis using correlation and regression methods was used in hypothesis testing to determine the level of 

influence that consumer reviews have on purchase behaviour. 

In hypothesis testing, statistical methods such as ANOVA and t-tests were used to determine differences in review 

dependency across demographic segments. In addition, Pearson correlation analysis was conducted to analyze the 

presence of significant correlations between drivers of review credibility (e.g., purchase badges, reviews count, social 

proof) and consumer trust in reviews. 

To complement the analysis, open-ended answers were subjected to a sentiment analysis with text-mining approaches. 

This facilitated the identification of primary themes of consumer concern around fake reviews, AI-generated reviews, and 

general trust in e-commerce sites. All Statistical analyses were performed using IBM SPSS Statistics Version 27. 

The hypotheses tested in this research include: 

• H1: Consumer reviews significantly influence the likelihood of purchase decisions. 

Existing research names the significant impact that online customer reviews exert on consumers' purchasing decisions. 

The reviews act as electronic word-of-mouth, reducing uncertainty and triggering trust in consumers' purchasing 

decisions (Tandon et al., 2019; Babic Rosario et al., 2020). 

 

• H2: Social proof (e.g., numerous reviews or high-rated reviews) strongly impacts consumer trust in reviews. 

Social signals, such as star ratings, review volume, and sentiment, have an influential impact on consumer behaviour 

and serve as a heuristic shortcut within decision-making processes (Babic Rosario et al., 2020). 

 

• H3: Younger consumers (Millennials and Gen Z) are more dependent on online reviews than older 

generations. 

Consumer use of online reviews also differs by age, with the younger generations (most prominently Millennials and 

Gen Z) being more likely to use reviews when making a purchase (Senecal & Nantel, 2016). 

 

• H4: Women are more concerned about reviews than men in making purchase decisions. 

Gender also affects consumer review behaviour since women place a higher value on peer reviews and opinions during 

their decision-making processes (Senecal & Nantel, 2016). 

 

• H5: Badges of verified purchases significantly improve review credibility. 

Confirmed purchase badges function as trust indicators, enhancing the perceived dependability and trustworthiness 

of ratings (Babic Rosario et al., 2020). 
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• H6: Visual reviews (images/videos) are more potent with respect to influencing purchase decisions than 

reviews using words. 

Multimedia content, such as product images and videos provided by reviewers, is more convincing than plain text, 

thus inciting more responses and creating confidence (Tandon et al., 2019). 

 

• H7: Consumers are less likely to trust such websites where review manipulation (e.g., spurious reviews) is 

suspected. 

Consumer confidence is significantly reduced when there is suspicion of falsified or faked reviews, impacting the 

validity of the review and the site (Babic Rosario et al., 2020). 

 

• H8: "Most helpful review" badges and similar trust indicators get people more confident in reviews. 

Such attributes as "most helpful" or "top contributor" badges increase perceived credibility and encourage consumer 

trust in the highlighted reviews (Tandon et al., 2019). 

 

• H9: Consumer trust decreases through AI-generated reviews. 

The review process by artificial intelligence tends to lower consumer confidence, especially once consumers know 

that the content is generated by an artificial intelligence rather than a human (Binns et al., 2021). 

2.6 Ethical Consideration 

This research adhered to standard ethical procedures by ensuring volition-based participation, informed consent, and 

confidentiality of participant responses. Personal information that would be employed for individual identification was 

not collected, and the data were employed solely for academic research purposes. Participants were informed about the 

study's aim and were given the right to withdraw at any time without penalty. 

Additionally, to avoid response bias, the questions were framed neutrally with no leading or suggestive language. The 

research process also complied with data protection legislation to ensure the anonymity and security of the participant's 

data. 

3.1 Data Analysis 

Consumer behaviour research seeks to demystify the factors affecting online purchase decisions and consumer trust. For 

this research, 50 male and 54 female respondents were questioned from various Indian cities who regularly visited 

websites such as Amazon, Flipkart, Myntra, and Ajio. 

The study participants represent a representative sample of the demographic group that consists of entrepreneurs, 

professionals, and learners. The study investigates how online reviews, visual recommendations, and reviews generated 

using artificial intelligence affect consumer choice. By studying behavioural patterns and psychological drivers, the study 

presents pragmatic suggestions to e-commerce platforms for improving the customer experience and creating long-term 

consumer relationships. 

3.2 Reliability Analysis 

To ensure that the survey tool is internally consistent and reliable, Cronbach's Alpha was calculated for Likert scale items. 

This measure quantifies to what extent different items intended to measure a particular concept provide similar results. 

The test yielded a Cronbach's Alpha coefficient of 0.96, which represents highly high internal consistency. According to 

classical reliability standards, an alpha of > 0.9 represents an extremely reliable scale. The survey measures were well- 

designed and consistently measured the key constructs of consumer trust, review influence, and platform credibility. 
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This outcome contributes to the value of the survey data and guarantees that the inferences made from the analysis have 

been derived from a robust and trustable measurement framework. Hence, the following statistical analysis and hypothesis 

testing can be conducted confidently regarding the quality of the data. 

Survey Item Descriptive Statistics 

Table 1 

 

Question Mean 
Standard 

Deviation 
Min Max 

Consumer reviews are an essential factor in my purchasing process. 4.06 0.85 1 5 

I am more likely to buy a product if it has positive reviews. 4.06 0.77 1 5 

I frequently read reviews before making a purchase. 4.00 0.86 1 5 

Negative reviews discourage me from purchasing a product. 3.98 0.93 1 5 

I trust products with a high number of reviews. 3.61 1.12 1 5 

I am more likely to rely on reviews for high-priced products. 3.68 1.12 1 5 

A large number of reviews makes me feel more confident. 3.80 1.05 1 5 

Products with many positive reviews seem more reliable. 3.85 1.06 1 5 

I consider highly rated products as more reliable. 3.71 1.21 1 5 

I frequently check online reviews before making a purchase. 3.71 1.14 1 5 

Verified purchase badges make reviews seem more trustworthy. 4.01 0.88 1 5 

Visual reviews influence my purchase decisions more than text. 3.92 1.07 1 5 

Suspicion of fake reviews reduces my trust in a platform. 4.18 0.86 1 5 

I trust reviews marked as "most helpful" more than others. 4.21 0.62 3 5 

The presence of AI-generated reviews reduces my trust. 4.23 0.99 1 5 

Online platforms should clearly label AI-generated reviews. 4.42 0.71 2 5 

I am less likely to rely on reviews if I suspect they are AI-generated. 4.30 0.86 2 5 

I trust platforms more when they take action against manipulated or AI-generated 

reviews. 
4.35 0.81 2 5 

 

The table below presents the descriptive statistics of each survey item, showing the mean, standard deviation, and range 

of answers. It provides an overall description of the participants' answers and highlights significant areas of consensus or 

variation. 

With the high Cronbach's Alpha, the high internal consistency between the survey items confirms the strength of the 

questionnaire design. The consistency between the reliability analysis and item-level statistics enhances the credibility of 

the findings in future research. 
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3.2 Descriptive Statistics 

 

 

Fig 1: The bar chart indicates the number of survey respondents by age group. The majority are in the 25–40 age group, 

followed by 18–24 and 41–56 age groups. The 57+ and under-18 groups are the least and indicate that young and mid- 

life respondents enjoyed the most in the survey. 

 

 

Fig 2: The bar chart illustrates the gender distribution of the survey respondents, with a slight majority of female 

respondents compared to male respondents. The difference is slight, indicating a balanced distribution. 
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Table 2 

 

 

This table presents statistical data related to consumer behaviour and trust in online reviews based on a sample size of 104 

respondents. 

1. Influence of Positive Reviews on Buying Decisions: 

• Mean: 4.06 | Median/Mode: 4 | Std. Deviation: 0.774 

Insight: Purchase decisions are highly influenced by positive reviews, with high agreement among the respondents on 

their impact and low variability in responses. 

2. Influence of Fake Evaluations on Platform Trust: 

• Mean: 4.18 | Median/Mode: 4 | Standard Deviation: 0.856 

Insight: Trust is fragile — suspicion of fraudulent reviews far more seriously damages platform trust than positive reviews 

have their effect. 

3. Influence of Negative Reviews on Buying Decisions: 

• Mean: 3.98 | Median/Mode: 4 | Std. Deviation: 0.935 

Insight: Negative reviews discourage buying, although responses range more broadly, indicating that individuals consider 

negative feedback differently. 

Detailed Overview: 

• Good word-of-mouth is a compelling buying driver, but trust can be rapidly destroyed by suspected manipulation. 

• Negative reviews are essential, but people disagree more about their weight. 

• Low standard deviations on all measures reflect comparatively homogeneous attitudes towards review influence. 
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3.2 Hypothesis Testing 

Table 3 

 

Hypothesis Result Key Findings 

H1: Consumer reviews significantly influence 

purchase decisions. 
Supported 

A strong positive correlation (r = 0.82) between 

review reliance and purchase likelihood. 

H2: Social proof (high ratings, large review 

counts) significantly influences consumer reliance 

on reviews. 

 

Supported 
Moderate positive correlation (R = 0.567, R² = 0.321), 

showing social proof enhances trust. 

H3: Younger consumers (Millennials and Gen Z) 

rely more on online reviews than older generations. 

Partially 

Supported 

ANOVA (p = 0.054) suggests age impacts review 

reliance, with younger groups relying more. 

H4: Women place greater emphasis on reviews 

compared to men. 

Not 

Supported 

No significant difference (p = 0.335); both genders 

value reviews equally. 

H5: Verified purchase badges significantly 

enhance the credibility of reviews. 
Supported 

Moderate to high correlation (r = 0.564, p < 0.001), 

confirming badges improve trust. 

H6: Visual reviews (images/videos) have a more 

substantial influence than text-based reviews. 

 

Supported 

There is a significant difference (p < 0.001); visual 

reviews (mean = 8.80) are more influential than text 

(mean = 5.79). 

H7: Consumers are less likely to trust platforms 

with suspected review manipulation (e.g., fake 

reviews). 

 

Supported 
Moderate negative impact (R = 0.535, R² = 0.286) on 

trust when manipulation is suspected. 

H8: Trust signals like "Most Helpful Review" 

badges enhance consumer confidence. 

Strongly 

Supported 

A strong correlation (R = 0.971, R² = 0.944); trust 

signals significantly increase consumer confidence. 

 

H9: AI-generated reviews reduce consumer trust. 

 

Supported 

A strong correlation (r = 0.843, p < 0.001); AI 

suspicion lowers trust but encourages reliance on 

verified reviews. 

 

 

 

3.3 Research Findings 

The study exhaustively analyzed how consumer reviews influence online buying behaviour through a quantitative survey 

that obtained 104 responses. The findings identify salient behavioural patterns, demographic subgroup differences, and 

the impacts of various review attributes on consumer confidence and choice. 

1. Influence of Consumer Reviews: Consumer reviews are significant in determining purchasing decisions (r = 

0.82) [Zhu & Zhang, 2010]. Positive reviews build product credibility, and negative reviews deter purchases. Trust in 
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reviews is a significant sales driver, and therefore, the significance of platforms actively promoting and curating high- 

quality reviews (Park, Lee, & Han,2007). 

 

2. Social Proof and Relying on Reviews: Social proof, as reflected in high ratings and large review sizes, 

demonstrates a moderate relationship with consumer use of reviews (R = 0.567, R² = 0.321). Consumers rely 

extensively on collective support, hence the importance of encouraging both review size and user engagement. 

 

3. Demographic Differences: 

• Age: Young consumers (Millennials, Gen Z) are more likely to utilize reviews than older consumers. 

ANOVA analysis indicated close-to-significant age differences (p = 0.054), with the highest influence scores in 

young groups. 

• Gender: Gender differences were not statistically significant (p = 0.335), indicating that men and women 

both value reviews. 

 

4. Trust Indicators and Review Credibility: 

• Buying verified badges significantly increases the perceived trust (r = 0.564, p < 0.001) and explains 31.8% of 

the variance of review influence. 

• "Most Helpful" badges significantly enhance consumer trust (R = 0.971, R² = 0.944), indicating that consumers 

heavily depend on trust signals provided by the platform. 

 

5. Visual vs. Text-Based Reviews: Visual reviews, together with images and video clips, have a higher effect than 

text reviews (p < 0.001). The average impact score given to visual reviews (8.80) was significantly greater than that 

given to text reviews (5.79), reflecting effectiveness in product evaluation through multimedia. 

 

6. Review Manipulation and AI-Generated Content: 

• Trust falls when review manipulation is suspected (R = 0.535, R² = 0.286). Consumers are extremely sensitive to 

perceived dishonesty, which undermines platform credibility. 

• Interestingly, there was a significant correlation between scepticism of AI-generated reviews and trust (r = 0.843, 

p < 0.001), indicating that consumers may adopt a more reflective and intentional approach, thus being more 

dependent on authentic or transparent reviews. 

 

7. Practical Implications for E-Commerce Platforms: 

• Review Management: Websites need to prioritize genuine reviews, encourage long feedback, and address bad 

reviews promptly. 

• UI/UX Enhancements: Visual inspection, helpfulness badges, and transparent labelling (e.g., AI-generated labels) 

can enhance user trust. 

• Gamification & Community Building: Top reviewer badges and reward systems can promote frequent, high- 

quality contributions. 

The results of this study provide valuable recommendations for e-commerce websites that want to enhance their review 

systems and foster long-term consumer trust. Adapting to new challenges, such as artificial intelligence manipulation and 

changing trust indicators, will be required to maintain credibility in the ever-evolving online market. 

http://www.ijsrem.com/


International Journal of Scientific Research in Engineering and Management (IJSREM) 
Volume: 09 Issue: 04 | April - 2025 SJIF Rating: 8.586 ISSN: 2582-3930 

© 2025, IJSREM | www.ijsrem.com DOI: 10.55041/IJSREM43457 | Page 12 

 

 

4.1 Conclusion 

This research highlights the pivotal role of consumer reviews in the online purchasing decision process, and therefore they 

are determinants of consumer trust, product perception, and purchasing behaviour. The findings confirm that reviews 

online are an effective source of social proof, where positive reviews have a strong positive influence on purchasing 

likelihood, and negative reviews dampen consumer interest. Opt-in verification badges and "Most Helpful" markings were 

found to enhance consumer confidence and, therefore, the importance of open and trusted review sites. 

Age was the most influential factor affecting the extent to which people relied on reviews, and youth were more dependent 

on them. While gender was not an influence in the research, the general significance of reviews indicates that businesses 

have to make review features a priority for all their customers. The study also found that image reviews are more powerful 

than text reviews, which indicates that multimedia is even more critical while shopping online. 

The study discovered issues of deceptive reviews and AI-written content. Trust will decrease when consumers believe 

reviews are being created artificially, so sites must create robust fraud-detecting systems and flag reviews written by AI. 

To the researchers' surprise, although distrust of AI will decrease trust initially, it will also encourage consumers to seek 

more trusted and genuine reviews. This provides sites with an opportunity to establish credibility on the basis of openness. 

Overall, this study offers actionable suggestions for e-commerce sites to improve their review mechanisms. Highlighting 

authenticity, inviting visual media, applying gamification strategies, and addressing emerging issues like fake reviews can 

help such sites win and maintain consumer trust. With changing consumer needs, continuous innovation in review 

capabilities will be crucial for sites to maintain competitiveness and build long-term consumer loyalty in an increasingly 

digital marketplace. 

4.2 Discussion 

The findings of this study reinforce the significant influence of consumer opinions on internet purchase decisions, 

supporting previous research and offering fresh proof of evolving consumer trends. Empirical evidence suggests that 

consumers highly trust reviews as a social validation source, with high ratings and large review numbers boosting 

confidence and purchasing likelihood. This is in accordance with well-established social validation theory, and it further 

confirms that multimedia elements, including images and video testimonials, increase trust levels. 

Generational variations were found to be a key consideration, with Millennials and Generation Z being more review- 

dependent. This implies that websites serving younger consumers need to focus on abundant and varied review content. 

Gender variations failed to reach statistical significance, indicating a similar value for reviews for both men and women. 

Credibility boosters like purchase badge verification and "most helpful" flags were also identified as critical to enhance 

credibility. However, consumer trust decreased when review manipulation was suspected, or AI-generated reviews were 

created. While distrust in AI reviews lowered trust, it also led to more intentional consumer action, indicating some 

possibility of platforms improving transparency and educating consumers. 

The results emphasize that e-commerce sites must balance innovation and credibility. Utilizing AI for content moderation 

and fraud detection can ensure review integrity, while user-centric features such as reviewer reward or gamification can 

incentivize truthful contributions. 

Finally, this study provides valuable insight into the effects of consumer feedback on online shopping. By strengthening 

review systems and making consumer trust paramount, sites can increase satisfaction and foster long-term loyalty. 

Comparative studies on other platforms and consumer attitudes shifting to new review technology can be studied in the 

future. 
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4.3 Recommendations 

1. Improve Review Authenticity: Sites must employ AI-based algorithms to identify and flag fake reviews and 

prominently show validated and AI-based content to foster consumer trust. 

 

2. Promote Visual Reviews: Make visitors leave photo and video reviews, as multimedia content significantly 

boosts consumer confidence and enables informed decisions. 

 

3. Enhance Trust Indicators: Highlight credibility indicators such as purchase badges and display the best reviews 

to lead consumers to reliable feedback. 

 

4. Community Engagement & Gamification: To encourage high-quality, frequent review contributions, add 

rewards, top reviewer badges, and community-building features. 

 

5. Educate Consumers: Provide educational content on how to critically evaluate reviews to help consumers 

navigate online comments more effectively. 

 

6. Platform Transparency: Maintain open channels of communication on review policies, prevention of 

manipulation efforts, and review system improvements to secure consumer trust. 

 

7. Continuous System Enhancement: Continuously upgrade review systems using consumer feedback and 

changing market dynamics to make the platform competitive and reliable. 

 

5.1 Limitation 

The research imposes several limitations that must be considered. While the sample size and demographic are helpful, 

they are not representative of the entire e-commerce consumer market. Therefore, more heterogeneous and larger samples 

over various locations complement future research efforts. Self-reported questionnaire responses are predicated on the 

ability of the respondents to correctly estimate the effect of reviews on their purchasing behaviour, opening up the question 

of response bias. In addition, the results heavily depend on larger, well-established platforms such as Amazon and Flipkart, 

and the generalizability to smaller, niche platforms with distinctive review environments could be limited. Temporal 

considerations are also relevant, as consumer sentiment shifts, technological advancements, and the creation of new 

features or fraud protection could change the dynamics over time. Visual content analysis was limited, and more in-depth 

investigation of the various content types, such as user-generated unboxing videos or product photos, could yield other 

findings. Finally, while the study avoided AI-generated reviews, further analysis is necessary to establish consumer 

responses to the changing functionality of AI in reviews and the long-term implications of trust in online reviews. 

5.2 Future Scope of Study 

Follow-up studies can investigate a variety of avenues to further our understanding of consumer interaction with online 

reviews. Longitudinal studies can track consumer trust over time, quantifying how attitudes change as sites implement 

new features or improve countermeasures against manipulation. Cross-platform studies could reveal differences in the 

effectiveness of reviews across various e-commerce sites, for instance, small niche sites or international markets with 

distinct user patterns. With the speed of AI-generated content moving so fast, researchers might investigate how more 

advanced AI reviews impact consumer trust, recovery mechanisms, and buying decisions. New review technologies, such 

as live video reviews, real-time Q&A, or blockchain-verified validation, present new trust signals worth investigating. 

Further, investigating cultural and geographic variations to determine how various cultural constructs—from collectivist 

to individualist—construct the perceived relevance of reviews could be an interesting line of research. Finally, 

investigating the psychological and emotional forces that enable review influence, such as affective responses, cognitive 
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heuristics, or decision fatigue, could provide valuable insights for sites looking to optimize and maximize their user 

experience. 
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