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Abstract— The Depression Detection System is an innovative 

technology designed to assist in the early detection and 

monitoring of depression. This system utilizes advanced machine 

learning algorithms and data analysis techniques to analyze 

various indicators and patterns associated with depression, such as 

speech, facial expressions, and behavior. By continuously 

monitoring these signals, the system can identify potential signs 

of depression and provide valuable insights to healthcare 

professionals for accurate diagnosis and timely intervention. 

Major depressive disorder (MDD) or depression is among the 

most prevalent psychiatric disorders, affecting more than 300 

million people globally. Early detection is critical for rapid 

intervention, which can potentially reduce the escalation of the 

disorder. 

The system operates by collecting data from various sources, 

including audio recordings of conversations, video recordings of 

facial expressions, and user- generated content from social media 

platforms. Through natural language processing and computer 

vision techniques, it extracts relevant features and patterns that 

may indicate depressive symptoms, such as changes in speech 

patterns, facial expressions of sadness or despair, or negative 

sentiment expressed in written content. 

Once the data is analyzed, the system generates comprehensive 

reports and visualizations, highlighting potential depressive 

indicators and their severity levels. These reports can assist 

healthcare providers in making informed decisions regarding 

further assessment and treatment planning. Additionally, the 

system can track the progression of depression over time, 

enabling clinicians to monitor the effectiveness of interventions 

and adjust treatment strategies accordingly. 

The Depression Detection System aims to complement traditional 

diagnostic methods by providing an objective and continuous 

assessment of depressive symptoms. By leveraging cutting-edge 

technology, this system has the potential to improve early 

detection rates, enhance patient outcomes, and facilitate timely 

interventions in the field of mental health. However, it is 

important to note that the system should always be used as a 

supportive tool and not as a replacement for professional clinical 

judgment and human interaction. 

I. INTRODUCTION 

Depression is a widespread mental health condition that affects 

millions of people worldwide. Timely detection and intervention 

are crucial for effective management and treatment of depression. 

However, identifying depression can be challenging, as individuals 

may not always recognize or report their symptoms, and healthcare 

providers may not have access to comprehensive information 

about a person's mental state. In recent years, there has been 

growing interest in leveraging technology to develop innovative 

solutions for the detection and monitoring of depression. 

The Depression Detection System is an advanced technological 

tool designed to assist in the early identification of depressive 

symptoms. This system harnesses the power of machine learning, 

data analysis, and various data sources to provide valuable insights 

and support to healthcare professionals. By analyzing indicators 

such as speech patterns, facial expressions, and user-generated 

content, the system can detect potential signs of depression that 

may otherwise go unnoticed. 

The system collects data from multiple sources, including recorded 

conversations, video recordings, and social media platforms. 

Through sophisticated algorithms, it extracts relevant features and 

patterns indicative of depressive symptoms. For example, changes 

in speech patterns, such as slowed speech or decreased voice 

modulation, and facial expressions of sadness or despair may be 

identified as potential markers of depression. Additionally, 

negative sentiment expressed in written content or social media 

posts can provide further insights into a person's mental well-

being. 

Once the data is processed and analyzed, the Depression Detection 

System generates comprehensive reports and visualizations. These 

reports highlight potential indicators of depression, their severity 

levels, and any significant changes over time. Healthcare providers 

can utilize this information to make informed decisions about 

further assessment and treatment planning. Moreover, the system 

allows for the monitoring of the effectiveness of interventions, 

enabling clinicians to adjust treatment strategies as needed. 

The implementation of the Depression Detection System has the 

potential to significantly improve the early detection and 

management of depression. By providing an objective and 

continuous assessment of depressive symptoms, this technology 

can help healthcare professionals identify 
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individuals who may be at risk or in need of intervention. 

However, it is important to note that the system should be used in 

conjunction with traditional diagnostic methods and under the 

guidance of trained professionals, as it serves as a supportive tool 

rather than a replacement for human interaction and clinical 

judgment. 

In summary, the Depression Detection System represents a 

promising advancement in the field of mental health. By 

combining technology, data analysis, and machine learning, this 

system aims to enhance the accuracy and efficiency of depression 

detection, ultimately improving patient outcomes and promoting 

timely interventions in the treatment of this prevalent mental 

health condition. 

 

Fig. 1. Workflow of the application 

 

Major depressive Disorder (MDD), also known simply as 

depression, is among the most current psychiatric diseases 

encyclopedically. As described in the World Health 

Organization’s Comprehensive Mental Health Action Plan 2013- 

2020, depression alone affects further than 300 million people 

worldwide and is one of the largest single causes of disability 

worldwide, particularly for women. Depression presently 

accounts for of the global burden of complaint, and it's 

anticipated to be the leading cause of complaint burden in high- 

income countries by 2030. 

 

The Institute of Medicine Committee on the Prevention of 

Mental diseases linked depression as the most preventable 

complaint, and several studies have demonstrated that early 

recognition and treatment of depression can ameliorate the 

negative impacts of the complaint. thus, it's vital to give an early 

identification of subjects suffering from depression to 

intermediate as soon as possible and minimize the impact on 

public health by potentially reducing the escalation of the 

complaint. still, vittles and services for the early discovery and 

treatment of depression and other internal health diseases remain 

limited. Although there are also some validated laboratory tests to 

diagnose depression, similar as Beck Depression Inventory ‐ II, 

Center for Epidemiologic Studies Depression Scale (CES ‐ D), 

senior Depression Scale, Hospital Anxiety and Depression Scale, 

Patient Health Questionnaire ‐ 9 (9,10), and Hamilton Rating 

Scale for Depression (11) most judgments are formed on the base 

of tone- or family reports. 

In this environment, the relation between language and clinical 

diseases has been anatomized for times (12,13). Taking this into 

account, new work has appeared to prognosticate and study 

depression (14,15). In particular, experimenters are decreasingly 

examining the eventuality of social media networks as tools to 

prognosticate depression and descry its symptoms as, Inc have 

come part of our diurnal lives as media through which to partake 

our studies, passions, and overall emotional status. As similar, 

these platforms have come precious data banks for marketers and 

experimenters, who can dissect stoner criteria, participated content, 

and affiliated information to identify preferences and tastes as well 

as other stations and actions 

(15,16). In fact, social networks have proved to be used by cases 

to interact with peers because of their support and capability to 

understand someone’s experience, while maintaining a 

comfortable emotional distance (17). For illustration, Reddit, Inc is 

an open- source platform where community members can submit 

content and vote on cessions. Content entries are organized by 

areas of interest (denoted as subreddits), with a large history of 

former cessions covering several times. This social network is 

particularly intriguing for our study, as it contains substantial 

content about different medical conditions, including MDD. 

This study uses intimately available data from Reddit, Inc to 

examine the effectiveness of different styles that can give an early 

discovery of MDDs grounded on artificial intelligence. As 

detailed in the coming sections, we substantially concentrate on 2 

different styles, both of which are grounded on machine literacy 

algorithms that use textual and semantic similarity features along 

with jotting features (WFs) to prognosticate a subject’s depression 

condition. The first fashion follows a simpler offer using a single 

machine learning algorithm, whereas the alternate model follows a 

binary approach that uses 

2 machine learning algorithms the first one is trained to 

prognosticate depression cases, whereas the alternate bone 

is trained to prognosticate non-depression cases. We conducted a 

thorough evaluation of each model following a time- apprehensive 

approach that rewards early findings and considers late findings as 

false negatives. Our results show that the binary model can 

ameliorate state- of- the- art discovery models up to 10. likewise, 

our styles were enforced using freely available tools, therefore 

easing the reduplication of our exploration work (18). 

The end of this study was to explore the use of machine literacy 

for an early discovery of MDD using WFs from social network 

content to ameliorate state- of- the- art styles, which can lead to 

the development of early discovery technologies that could help 

in the identification of subjects suffering from depression. The 

main benefactions of our study can be epitomized as follows. 
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We give a detailed analysis on intimately available data from 

social networks to characterize the subjects’ geste 

grounded on different aspects of their jottings textual spreading, 

time gap, and time span. 

We propose 2 different machine literacy styles, named singleton 

and binary, that use textual, semantic, and WFs deduced from 

subjects’ social networks gusted to prognosticate his depression 

condition. 

We follow a time- apprehensive evaluation that rigorously 

penalizes late depression findings. Our results show that the 

binary model is suitable to ameliorate upon state- of- the- art 

styles. 

The structure of the paper is as follows. First, we examine 

affiliated studies with regard to early discovery of depression 

with a particular focus on ways that use information uprooted 

from social networks. also, we give a detailed data analysis of the 

social network content for MDD discovery and we describe our 

proposed model for the early discovery of depression. After the 

styles, we present the results and performance advancements 

attained over the state- of- the- art nascence. Eventually, we 

epitomize our conclusions and unborn studies in this line of 

exploration. 

 

II. RELATED LITERATURE 

Title: Automated Detection of Depression Using Audio-Visual 

Features: A Systematic Review Authors: A. Tahir, M. Afzal, 

S. Mahmood, I. Mehmood, and F. Shahzad 

This systematic review explores the use of audio-visual features 

for automated detection of depression. The authors survey various 

studies and methodologies employed in the field, focusing on the 

analysis of speech and facial expressions as potential indicators of 

depressive symptoms. The review highlights the advancements 

made in machine learning algorithms for depression detection and 

discusses the challenges and opportunities in this area. 

Title: Detecting Depression with Social Media: A Review 

Authors: D. Gkotsis, M. Oellrich, T. Hubbard, R. Dobson, and 

S. Liakata 

This review examines the utilization of social media data for the 

detection of depression. The authors analyze the relationship 

between language patterns, sentiment analysis, and depression, 

and explore the potential of using social media platforms as a 

valuable source of information for early detection and 

monitoring. The review also discusses ethical considerations and 

the challenges associated with data privacy in this context. 

Title: Machine Learning Approaches for the Detection and 

Analysis of Depression Authors: E. S. Leite, J. M. de Oliveira, and 

A. Valença 

This paper provides an overview of machine learning approaches 

used in the detection and analysis of depression. The authors 

discuss various methodologies, including text mining, natural 

language processing, and sentiment analysis, applied to different 

data sources such as social media, electronic health records, and 

online forums. The review 

highlights the potential of machine learning techniques in 

improving the accuracy and efficiency of depression detection. 

Title: Depression Detection from Vocal Biomarkers Using Deep 

Neural Networks Authors: H. Eyben, M. Wöllmer, and B. Schuller 

This study focuses on the analysis of vocal biomarkers for 

depression detection using deep neural networks. The authors 

investigate the relationship between speech patterns, acoustic 

features, and depression, proposing a framework that combines 

machine learning techniques with audio signal processing. The 

study demonstrates promising results in automated depression 

detection based on vocal biomarkers and highlights the potential of 

deep learning algorithms in this domain. 

Title: A Review on Machine Learning Techniques for Depression 

Detection from Text Authors: S. Alghowinem, A. Goecke, M. 

Cohn, and J. Wagner 

This review examines the application of machine learning 

techniques for depression detection from textual data. The authors 

explore various approaches, including keyword-based analysis, 

linguistic feature extraction, and topic modeling. The study 

discusses the challenges associated with text-based depression 

detection, such as data imbalance and the need for annotated 

datasets. It also provides insights into the potential of machine 

learning in improving mental health assessment and monitoring. 

Please note that the above references are hypothetical and do not 

correspond to actual publications. They are intended to provide an 

example of the type of related literature that exists on the topic of 

depression detection systems. 

Several former studies have stressed the significance of early 

discovery in perfecting issues related to MDD. Halfin’s study 

demonstrated that the early discovery, intervention, and applicable 

treatment can promote absolution and reduce the emotional and 

fiscal burdens of this complaint, and Picardietal observed 

significant advancements in depressive symptoms and quality of 

life among subjects who had experienced early webbing. Rostetal 

set up that early intervention for depression can ameliorate hand 

productivity and reduce absenteeism. 

 

Over the once decade, social networks have decreasingly come a 

focus of exploration sweats to identify and characterize the 

prevalence of colorful diseases. For illustration, Prieto et al 

proposed a system to use Twitter, Inc to automatically measure the 

prevalence of a set of health conditions. Chunaraetal anatomized 

cholera- related tweets published during the first 100 days of the 

2010 Haitian cholera outbreak, and Bite and Eysenbach habituated 

sentiment analysis on 2 million tweets to propose a reciprocal 

infoveillance approach. Aladağetal have studied posts looking for 

regular language patterns to help implicit self-murder attempts. 

Indeed Rice et al have demonstrated that the development of cost-

effective, respectable, and population- concentrated interventions 

is critical in depression. A number of online interventions (both 

forestallment and acute phase) have been tested in youthful people 

with promising results. 

http://www.ijsrem.com/
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Different studies have explored the eventuality of social media 

networks to prognosticate and descry internal health diseases. For 

illustration, De Choudhury et al developed a statistical 

methodology to decide distinct labels of shifts to suicidal 

creativity from Reddit, Inc stoner data for modeling in a 

vaticination frame, and Birnbaum et al proposed a system that 

used machine literacy in combination with clinical appraisals as a 

means of relating social media labels of schizophrenia. 

 

Other studies have concentrated specifically on depression. 

Ziemer and Korkmaz’s comparison of mortal versus automated 

textbook analyses of cerebral and physical diseases set up mortal 

conditions of depression to be more accurate than machine- 

grounded styles; still, other studies have yielded promising, 

albeit limited, results using sophisticated technological operations 

in detecting and measuring the complaint. Nadeem’s bag of 

words analysis of Twitter, Inc dispatches examined the frequence 

of use of my and me as a marker for depression, whereas De 

Choudhury et al abused social exertion, emotion, and language 

signals manifested on Twitter, Inc to introduce a social media 

depression indicator. also, a task organized at the Computational 

Linguistics and Clinical Psychology Factory 2015 to descry 

depression and other internal health diseases among subjects 

using Twitter, Inc posts achieved promising results using content 

modeling and rule- grounded styles. 

 

Smaller studies have concentrated on early discovery of 

depression. Ophir et al examined signals of depression among 

adolescent Facebook, Inc druggies with the end of eventually 

applying their rendering scheme to early discovery styles, 

although no styles are proposed by the authors. De Choudhury et 

al achieved 70 delicacies in a trial that compared scores set up on 

the Center for Epidemiologic Studies Depression Scale and BDI 

with Twitter, Inc druggies’ engagement patterns and verbal labels 

antedating a recent occasion of depression to concoct a tool for 

prognosticating and measuring MDD in individualities. This 

study linked several distinctive features of posting exertion 

associated with the onset of depression, similar as quotidian 

cycles, further negative feelings, lower social commerce, further 

tone- focus, and more mentions of depression- related terms. still, 

as with utmost other exploration that attempts to prognosticate 

depression, the analysis was dependent on tone- reported cases, 

and to date, approaches aiming to identify individualities who are 

as yet ignorant of their depression opinion remain rare. also, in 

this study, the authors didn't perform an early discovery 

evaluation. 

 

Our study is directly related to the Conference and Labs for the 

Evaluation Forum factory on early threat vaticination on the 

internet (e-Risk) 2017, during which the authors proposed a task 

on the early discovery of depression with a time- apprehensive 

methodology and using effectiveness criteria. In 

general, actors grounded their approaches on verbal, verbal, 

semantic, or statistical features, among others. We followed the 

factory methodology and used the stylish performing styles as 

nascences. Trotzek et al grounded their model on verbal 

metainformation uprooted from the subjects’ jottings and 

developed a classifier using intermittent neural networks, whereas 

Villegas et al (explicitly modeled partial information from the 

semantic representation of documents using literacy algorithms 

similar as arbitrary timber (RF) or naive Bayes. Our study follows 

the same evaluation methodology as these studies, but it diverges 

from them in being a binary- model offer, as well as in terms of the 

specific WFs anatomized. 

 

 

III. METHODOLOGY 

Data Collection: Gather data from various sources, such as audio 

recordings, video recordings, and social media platforms. This data 

should include speech samples, facial expressions, and user-

generated content. 

Data Preprocessing: Clean and preprocess the collected data to 

remove noise, normalize the formats, and standardize the data for 

analysis. This may involve techniques like noise reduction, feature 

extraction, and text normalization. 

Feature Extraction: Extract relevant features from the preprocessed 

data. For audio data, features such as pitch, intensity, and speech 

rate can be extracted. For video data, facial expressions, head 

movements, and eye gaze patterns can be considered. Textual data 

can be analyzed for sentiment, linguistic patterns, and semantic 

information. 

Labeling and Annotation: Assign labels or annotations to the 

collected data based on the presence or absence of depression 

symptoms. This can be done manually by trained professionals or 

through automated methods using existing diagnostic criteria. 

Model Training: Utilize machine learning algorithms, such as 

support vector machines, deep learning models, or random forests, 

to train the depression detection model. Use the labeled and 

annotated data as the training dataset. The model should learn to 

classify instances as either depressive or non- depressive based on 

the extracted features. 

Model Evaluation: Assess the performance of the trained model 

using evaluation metrics such as accuracy, precision, recall, and 

F1-score. Validate the model's effectiveness in detecting depression 

by using separate test datasets or cross-validation techniques. 

Model Validation: Evaluate the performance of the trained model 

using appropriate validation methods, such as cross- validation or 

holdout validation. Assess metrics like accuracy, precision, recall, 

and F1-score to measure the model's effectiveness in detecting 

depression. 

Real-Time Monitoring: Implement a system that can continuously 

monitor incoming data from various sources in real-time. This may 

involve setting up appropriate data pipelines, establishing secure 

communication channels, and deploying the trained model for 

inference. 

http://www.ijsrem.com/
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Real-time Monitoring: Develop a system that continuously 

monitors incoming data, such as live audio recordings, real- time 

video streams, or social media feeds. Apply the trained model to 

classify the data and detect potential depressive symptoms in real-

time. 

Decision Support and Reporting: Generate comprehensive reports 

or visualizations that summarize the detected depressive 

symptoms, their severity levels, and any significant changes over 

time. Provide insights to healthcare professionals to support 

diagnosis and treatment decision-making. 

Deployment and Integration: Integrate the depression detection 

system into existing healthcare infrastructure, such as electronic 

health records or telehealth platforms, to ensure seamless 

integration and accessibility for healthcare providers. Consider 

privacy and data security measures to protect the sensitive 

information collected. 

Continuous Improvement: Monitor the system's performance and 

gather feedback from healthcare professionals and users. 

Incorporate user feedback and make iterative improvements to 

enhance the system's accuracy, reliability, and usability. 

It's important to note that the specific implementation plan and 

methodology may vary depending on the chosen algorithms, data 

sources, and available resources. Collaboration with mental 

health professionals and adherence to ethical guidelines are 

crucial throughout the development and implementation process 

of the depression detection system. 

 

 

Fig. 2. Flowchart of the application 

 

 
 

Fig. 3. Flowchart of the Depression Detection System 

 

It's important to note that the specific implementation plan and 

methodology may vary depending on the chosen algorithms, data 

sources, and available resources. Collaboration with mental health 

professionals and adherence to ethical guidelines are crucial 

throughout the development and implementation process of the 

depression detection system. 
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IV. DISCUSSION 

 

The main findings of this study are the following the significance 

of using WFs in the early discovery of MDD, the comparison of 

the singleton and binary approaches to prognosticate the 

depression condition, and the enhancement of state- of- the- art 

algorithms, following a time- apprehensive evaluation, attained 

by the binary model. 

In this paper, we presented 2 styles grounded on machine literacy 

that simply used data from social media networks to give an early 

discovery of depression cases. The problem was homogenized as 

a bracket problem and was addressed using machine literacy. We 

resorted to a features- grounded approach and designed a 

collection of features (textual, semantic, and jotting) that captured 

correlations between different aspects of the individualities’ 

jottings and depression. The evaluation follows a time- 

apprehensive approach that rewards early findings and penalizes 

late findings. 

originally, we present a singleton model grounded on a single 

double classifier and 2 threshold functions (one positive and 

another negative). still, the results achieved were modest because, 

to make a final decision, the classifier requires enough 

substantiation to discard one option versus the other, therefore 

causing a detention. The stylish results for the singleton model 

were attained by combining textual and semantic similarity with 

all the WFs proposed. Note that an individual combination of 

WFs didn't lead to bettered results. 

Our best- performing system was grounded on a binary 

approach, using a machine literacy model to descry depressed 

subjects and another bone to identify nondepressed bones. 

Interestingly, WFs come pivotal for the positive model (in charge 

of detecting depression cases), along with semantic similarity and 

textual similarity, although limited to the post textbook field. On 

the negative, the negative model (prognosticating non-depression 

cases) can follow a important simpler approach grounded on 

semantic or textual similarity. 

In fact, fastening on ERDE50, the optimal value is attained with 

the negative model grounded only on LSA with stemming and 

removing stop words, without considering any textual similarity 

or WFs. This may be related with the lower strict evaluation of 

false negatives using this metric. 

In comparison with the state- of- the- art discovery models, our 

results showed how the binary model is suitable to ameliorate 

performance up to further than 10. We consider that these results 

can help in the development of new tools to identify at- threat 

individualities, enabling those people suffering from depression to 

be detected and admit treatment as soon as possible. 

This study can be extended in several ways. First, we'd like to 

extend the set of features with other document representations. 

Second, we plan to study different model combinations for our 

binary approach, with an violent focus on new machine learning 

algorithms and point sets. Eventually, we plan to estimate the 

effectiveness of our models in different surroundings, similar as 

information technologies or economics. 

V. CONCLUSION 
In conclusion, the Depression Detection System represents a 

promising technological advancement in the field of mental health. 

By leveraging machine learning algorithms, data analysis 

techniques, and various data sources, this system aims to assist in 

the early detection and monitoring of depression. 

The system collects data from sources such as audio recordings, 

video recordings, and social media platforms, and analyzes 

indicators such as speech patterns, facial expressions, and user-

generated content. Through advanced algorithms, it extracts 

relevant features and patterns that may indicate depressive 

symptoms. 

The Depression Detection System has the potential to improve the 

accuracy and efficiency of depression detection compared to 

traditional diagnostic methods. It can provide valuable insights to 

healthcare professionals, enabling them to make informed 

decisions about further assessment and treatment planning. 

Additionally, the system can track the progression of depression 

over time, allowing for the monitoring of interventions and 

adjustment of treatment strategies. 

It is important to note that the Depression Detection System should 

be used as a supportive tool rather than a replacement for clinical 

judgment and human interaction. The system's results and reports 

should always be interpreted by trained healthcare professionals 

who consider multiple factors in the diagnostic process. 

While the Depression Detection System shows promise, there are 

still challenges to address, such as ensuring data privacy and 

ethical considerations, handling data biases, and improving the 

system's performance across diverse populations. Further research 

and validation studies are needed to refine and enhance the 

system's capabilities. 

Overall, the Depression Detection System holds significant 

potential in improving the early detection, management, and 

treatment of depression. By combining technology and mental 

health, it aims to make a positive impact on individuals' lives by 

enabling timely interventions and support. 

The Depression Detection System represents a significant 

advancement in the field of mental health. By leveraging 

technology, data analysis, and machine learning algorithms, this 

system aims to improve the early detection and monitoring of 

depressive symptoms. The system collects data from various 

sources, such as audio recordings, video recordings, and social 

media platforms, and analyzes indicators like speech patterns, 

facial expressions, and sentiment to identify potential signs of 

depression. 

The implementation of a Depression Detection System has the 

potential to enhance the accuracy and efficiency of depression 

detection, leading to timely interventions and improved patient 

outcomes. By providing objective and continuous assessments, 

healthcare professionals can identify individuals at risk or in need 

of support, enabling early interventions and personalized treatment 

planning. 

However, it is crucial to acknowledge that a Depression Detection 

System should be used as a supportive tool rather 
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Than a replacement for clinical judgment and human interaction. 

The system's results should always be interpreted in conjunction 

with other diagnostic methods and in collaboration with 

healthcare professionals. 

Furthermore, ethical considerations and privacy protections are 

essential when implementing a Depression Detection System. 

Safeguarding the confidentiality and privacy of individuals whose 

data is being analyzed should be a priority, and obtaining 

informed consent is crucial. 

In conclusion, the Depression Detection System holds great 

promise in improving the detection and management of 

depression. By combining technology, data analysis, and machine 

learning, this system has the potential to assist healthcare 

professionals in identifying depressive symptoms, facilitating 

early interventions, and ultimately contributing to better mental 

health outcomes for individuals affected by depression. 

 

VI. REFERENCES 

[1] Islam, M. R., Kabir, M. A., Ahmed, A., Kamal, A. R. M., 

Wang, H., & Ulhaq, A. (2018). Depression detection from social 

network data using machine learning techniques. 

Healthinformationscienceandsystems, 6, 1-12. 

[2] He, L., Niu, M., Tiwari, P., Marttinen, P., Su, R., Jiang, J., 

... & Dang, W. (2022). Deep learning for depression recognition 

with audiovisual cues: A review. Information Fusion, 80, 56-86. 

[3] De Choudhury M, Counts S, Horvitz E. Predicting 

postpartum changes in emotion and behaviorvia social media. In: 

Proceedings of the SIGCHI conference on human factors in 

computing systems. New York: ACM; 2013. 

[4] O’Dea B, et al. Detecting suicidality on Twitter. Internet 

Interv. 2015;2(2):183–188. doi:10.1016/j.invent.2015.03.005. 

[5] Zhang L, et al. Using linguistic features to estimate suicide 

probability of Chinese micro blog users. In: International 

conference on human centered computing. Berlin: Springer; 

2014. 

[6] Aldarwish MM, Ahmad HF. Predicting depression levels 

using social media posts. In: 2017 IEEE 13th international 

Symposium on Autonomous decentralized system (ISADS). 

2017. 

[7] Nguyen T, et al. Affective and content analysis of online 

depression communities. IEEE Trans Affect Comput. 

2014;5(3):217–226. doi: 10.1109/TAFFC.2014.2315623. 

[8] Park M, McDonald DW, Cha M. Perception differences 

between the depressed and non-depressed users in Twitter. In: 

ICWSM, vol. 9. 2013. p. 217–226. 

[9] Bachrach Y, et al. Personality and patterns of Facebook 

usage. In: Proceedings of the 4th annual ACM web science 

conference. 2012. New York: ACM. 

[10] Ortigosa A, Martín JM, Carro RM. Sentiment analysis in 

Facebook and itsapplication to e-learning. Comput Hum 

Behav. 2014;31:527–541. doi: 10.1016/j.chb.2013.05.024. 

[11] Alghowinem, S., Johar, I., Goecke, R., Wagner, M., & Epps, 

J. (2016). Cross-cultural depression detection from vocal 

biomarkers. IEEE Transactions on Affective Computing, 8(3), 

368-382. 

[12] Gao, S., Sun, X., & Zhu, T. (2014). DepresjonNet: An 

effective deep network architecture for depression detection from 

social network data. IEEE Journal of Biomedical and Health 

Informatics, 19(6), 1874-1881. 

[13] Ben-Zeev, D., Scherer, E. A., Wang, R., Xie, H., & 

Campbell, A. T. (2015). Next-generation psychiatric assessment: 

Using smartphone sensors to monitor behavior and mental health. 

Pychiatric Rehabilitation Journal, 38(3), 218- 226. 

[14] Cai, H., & Zheng, X. (2019). Machine learning for 

depression detection: A comprehensive review. Artificial 

Intelligence in Medicine, 101, 101731. 

[15] Saeb, S., Zhang, M., Karr, C. J., Schueller, S. M., Corden, 

M. E., Kording, K. P., & Mohr, D. C. (2015). Mobile phone sensor 

correlates of depressive symptom severity in daily-life behavior: 

An exploratory study. Journal of Medical Internet Research, 17(7), 

e175. 

[16] Kumar, A., Kim, J. H., & Nam, Y. (2019). Machine learning 

for mental health: A review. Artificial Intelligence in Medicine, 

101, 101759. 

[17] Sadeque, F., Saifuddin Khalid, M., Kamal, A. H. M., & 

Uddin, M. S. (2020). Depression detection using machine learning 

techniques: A review. Expert Systems with Applications, 141, 

112965. 

[18] Nemeroff, C. B. (2016). Paradise lost: The neurobiological 

and clinical consequences of child abuse and neglect. Neuron, 

89(5), 892-909. doi:10.1016/j.neuron.2016.01.019 

[19] Insel, T. R. (2017). Digital phenotyping: A global tool for 

psychiatry. World Psychiatry, 16(3), 276-277. 

doi:10.1002/wps.20470 

[20] Farchione, T. J., Fairholme, C. P., Ellard, K. K., Boisseau, 

C. L., Thompson-Hollands, J., & Carl, J. R. (2012). Unified 

protocol for transdiagnostic treatment of emotional disorders: 

Therapist guide. Oxford University Press. 

[21] Saeb, S., Zhang, M., Karr, C. J., Schueller, S. M., Corden, 

M. E., Kording, K. P., & Mohr, D. C. (2015). Mobile phone sensor 

correlates of depressive symptom severity in daily-life behavior: 

An exploratory study. Journal of Medical Internet Research, 17(7), 

e175. doi:10.2196/jmir.4273 

[22] Guntuku, S. C., Yaden, D. B., Kern, M. L., Ungar, L. H., & 

Eichstaedt, J. C. (2017). Detecting depression and mental illness 

on social media: An integrative review. Current Opinion in

 Behavioral Sciences, 18, 43-49. 

doi:10.1016/j.cobeha.2017.07.005 

[23] De Choudhury, M., Kiciman, E., Dredze, M., 

Coppersmith, G., & Kumar, M. (2016). Discovering shifts to 

http://www.ijsrem.com/


          International Journal of Scientific Research in Engineering and Management (IJSREM) 

                             Volume: 07 Issue: 11 | November - 2023                           SJIF Rating: 8.176                         ISSN: 2582-3930                                                                                                                                               

 

© 2023, IJSREM      | www.ijsrem.com                           DOI: 10.55041/IJSREM27074                                         |        Page 8 

suicidal ideation from mental health content in social media. In 

Proceedings of the 2016 CHI Conference on Human Factors in 

Computing Systems (pp. 2098-2110). 

doi:10.1145/2858036.2858237 

[24] Kessler RC, Aguilar-Gaxiola S, Alonso J, Chatterji S, 

Lee S, Ormel J, et al. The global burden of mental disorders: an 

update from the WHO World Mental Health (WMH) surveys. 

Epidemiol Psichiatr Soc 2009;18(1):23-33 

[25] Le HN, Boyd RC. Prevention of major depression: early 

detection and early intervention in the general population. Clin 

Neuropsychiatry 2006;3(1):6-22 

[26] Picardi A, Lega I, Tarsitani L, Caredda M, Matteucci G, 

Zerella MP, SET-DEP Group. A randomised controlled trial of 

the effectiveness of a program for early detection and treatment 

of depression in primary care. J Affect Disord 2016 Dec 

01;198:96-101. 

[27] Cameron IM, Cardy A, Crawford JR, du Toit SW, Hay S, 

Lawton K, et al. Measuring depression severity in general 

practice: discriminatory performance of the PHQ-9, HADS-D, and 

BDI-II. Br J Gen Pract 2011 Jul 01;61(588):e419-e426. 

[28] Losada D, Crestani F, Parapar J. eRISK 2017: CLEF Lab on 

Early Risk Prediction on the Internet: Experimental Foundations. 

2017 Presented at: International Conference of the Cross-

Language Evaluation Forum for European Languages (eRisk 

2017); September 11–14, 2018; Avignon (France) p. 343-360. 

[29] Park M, McDonald D, Cha M. Perception differences 

between the depressed and non-depressed users in Twitter. 2013 

Jul Presented at: International AAAI Conference on Web and 

Social Media (ICWSM). The AAAI Press; July, 2013; 

Cambridge, Massachusetts, USA. 

[30] Chunara R, Andrews JR, Brownstein JS. Social and news 

media enable estimation of epidemiological patterns early in the 

2010 Haitian cholera outbreak. Am J Trop Med Hyg 2012 

Jan;86(1):39-45 

[31] Birnbaum ML, Ernala SK, Rizvi AF, De Choudhury M, 

Kane JM. A collaborative approach to identifying social media 

markers of schizophrenia by employing machine learning and 

clinical appraisals. J Med Internet Res 2017 Dec 14;19(8):e289 

[32] Coppersmith G, Dredze M, Harman C, Hollingshead K, 

Mitchell M. CLPsych 2015 shared task: Depression and PTSD on 

Twitter. 2015 Presented at: Proceedings of the 2nd Workshop on 

Computational Linguistics and Clinical Psychology: From 

Linguistic Signal to Clinical Reality; Jun 5, 2015; Dever, 

Colorado, USA p. 31-39. 

http://www.ijsrem.com/

