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Abstract: 

Predicting the stock market has never been easy with its turbulent waves and complications. 

Traditional approaches lately did not even have the mark by providing any reasonably accurate prediction for the 

very huge amount of data and so many external influences around. 

We will analyze how AI/ML can help predict the stock markets better in this article. We use different algorithms that 

form the class of ML, namely linear 

regression, decision trees, random forests and neural networks, on historical market data with the goals of drawing 

trends and extrapolating prediction. When we demonstrate the potential of AI in improving the prediction of the 

stock market, we test and evaluate the 

model performance by using leading calculations such as average square errors, root agents square errors and prediction 

accuracy. In conclusion, this article aims to focus on how AI can be of great importance in the future of financial 

forecasts. Keywords: Prediction of stock 

market, machine learning, artificial intelligence, economic forecasts, neural networks, regression, market 

behavior. 

 

1. Introduction 

1.1 Background: Background: The stock market is a dynamic system, influenced by a wide range of factors ranging 

from global incidents to investor spirit. For decades, investors depend on methods such as basic and technical analysis 

to predict stock prices, but these models are often limited by the inability to process a huge amount of data available 

today. Since the data is richer, artificial intelligence (AI) and machine learning (ML) have emerged as a powerful tool 

for creating an understanding of complex datasets. These technologies are able to identify hidden patterns, create 

predictions and adapt to changed market conditions. In this letter we find out how these state -species -species can be 

used to improve the stock market's forecast. 

 

 

 

• 1.2 Research problem: Stock market Unexpectedness is an important challenge for investors and economic 

analysts. Many traditional models often fail to capture the complications of market movements, resulting in the 

predictions that are very simple or wrong. The purpose of this research is to find out how the machine learning 

models can provide more accurate, data -interested approaches to predict stock beaches by taking advantage of 

historical data and advanced algorithms. 
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• 1.3 Objectives: Our main goal is to evaluate the effectiveness of machine learning algorithms in predicting stock 

prices and determining how they compare traditional methods. By testing different models on real data, we aim to 

identify which machine learning technology provides the most reliable predictions. 

 

• 1.4 Scope: This study focuses on the use of machine learning techniques to predict stock prices based on historical 

data from selected companies over a period. Tested models include linear regression, decision trees, random forest and 

nerve 

 

2. Literature Review 

2.1 Introduction to Stock Market Prediction: •: Predicting stock prices has been a topic of interest for years, as 

accurate predictions can have a significant impact on financial gains. Traditional approaches such as technical and 

basic analysis depend on historical data and economic indicators to predict future prices. However, these models often 

struggle to explain the clean complexity and volatility of the market. The increase in AI and machine learning has 

introduced new opportunities to improve the accuracy of the prediction by enabling models to process and analyze 

huge amounts of data much faster and more efficiently than humans. 

 

• 2.2 Previous research: Over the years, various studies have tried to use machine learning for prediction of the 

stock market: 

 

• Machine learning algorithms: Numerous studies have shown that algorithms such as Support Vector 

Machines (SVM), decision trees and neural networks can surpass traditional models in forecasts. These models learn 

from historical data and are able to adapt as new data becomes available. 

 

• Deep learning: Recent progress in deep learning, especially with long short - term memory networks, has 

shown a big promise to predict stock prices. LSTM networks are well suited for forecasts for time series, making them 

ideal for analyzing stock price movements over time. 

 

• 2.3 Challenges in the prediction of the stock market : Despite the progress made in AI and machine learning, it 

is still a difficult task to predict stock prices. 

 

The market is influenced by various factors, including political events, natural disasters and global economic conditions, 

making it challenging to develop stupid models. In addition, many models suffer from questions such as overfit, where 

the model fights for generalization for previous data and future data. 

• 2.4 Insights from recent studies: O Fisher and Cross (2018) discovered the use of the LSTM network for 

economic predictions, and showed how intensive learning models can improve the accuracy of the predictions of 

the stock market. 

 

• Chong et al. (2017) underwent deep teaching techniques for stock market analysis and identified 

major functions, which can be used on financial forecasts. 

 

• Bai and Zhang (2020) suggested a hybrid model that connects the Convisional Neural Network (CNN) 

and LSTM, and shows how different deep learning techniques can apply, how can predict the accuracy. 

 

• Zhang and Zhou (2019) provided a comprehensive observation of the machine learning model used in 

the prediction of the share value, which identifies the most successful approaches to the forecast for market behavior: 
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3. Research Methodology 

 

 

3.1 Data Collection: We collected stock market data from different sources, including Yahoo Finance and Alpha 

Vantage. This dataset includes daily stock prices, trade volumes and other economic matrix for selected companies 

between 2015 and 2020. By using this data, we can find out how historical trends affect future stock movements. 

 

• 3.2 Data processing: Data improvement steps involve cleaning the dataset and making it suitable for machine 

learning analysis. 

 

This process includes: 

 

1. Handling of missing data: Any missing data point was filled with further and backward 

filling techniques to ensure continuity. 

 

2. Function technique: We created several features such as Moving Average and Relative 

Strength Index (RSI) to provide more references to the model. 

 

3. Normalization: We used generalization on data to ensure that algorithms can work 

with functions that are different in stock prices and volumes. 

 

• 3.3 Machine Learning Model: In our study, lower machine learning algorithms were used: linear recovery :: a 

humble but effective model, linear regression acts as our baseline, establishes a simple relationship between stock 

prices and the main factors - us Provides an initial script of market behavior. 

 

• Decision Trees & Random Forests: Then we embrace the decision tree, a model capable of branching out in 

various possibilities, capturing nonlinear relationships that shape the market. Random forests, a set of decision trees, 

helped refine the model, softening individual peculiarities and offering a more robust collective forecast. 

 

• Neural Networks (ANNs): Finally, we take advantage of the power of neural networks - systems designed to 

imitate the ability of the human brain to learn complex patterns. These deep learning models plunged into the hidden 

intricacies of the data, making them particularly able to predict the unpredictable movements of the stock market. 

o 

3.4 Evaluation Metrics: We assessed the model using many performance metrics: 

 

• Mean Squared error (MSE): measures the average of square difference between approximate 

and real values. 

 

• • Definition: MSE is a widely used calculation to evaluate the performance of a regression 

model. It measures the average square difference between estimated and real values. 

 

• Explanation: Lower MSE indicates better future accuracy. It punishes big errors more due to the 

class of differences. 

 

• Uses: In stock market predictions, MSE reflects error size when predicting stock prices or 
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returns(profits). 

 

Route medium -paid error (RMSE): Provides an estimate of the error size and faults . 

 

• Definition: RMSE is the square root of the middle class fault. It provides an interpretation of error 

in units as equal to the approximate values (eg, stock prices). 

 

• Explanation: RMSE is used for purposes when the amount of errors when it comes to problems is required to 

be interpreted. In the predictions in the stock market, it helps to consider how close the model powers are for 

the prices of real shares. 

• Uses: RMSE provides more direct understanding of how well the model is performing in real 

world units (eg dollars). 

 

 

R-Squared Value: Indicates how well the model fits data. 

 

• Definition: RN measures the proportion of variations in the estimated dependent variable from independent 

variables. Indicates how well the model explains the transformation of the data. 

• Interpretation: R² varies from 0 to 1, where 1 indicates a complete forecast and 0 means that the model does not 

explain any difference. In stock market forecasts, higher R. indicates that the model can explain the large amount of 

price movements. 

 

• Usage: A high R² indicates that the model's predictions are closely aligned with the actual trends of the stock 

market. 

 

• Precision: Measures the frequency with which the model provides for stock price movements. 

 

• Definition: In classification problems, accuracy refers to the proportion of correct predictions (above or below) of 

the total number of predictions. It is commonly used when predicting the direction of the stock price movement 

(above/below, buy/sell). • Interpretation: When accuracy is direct calculated, it is best suited for classification tasks 

than regression. In stock market prizes future forecasts, high precision means that the model provides for the direction 

of the price movement (upwards or downwards) of the stock price. 

 

• Use: In AI models for stock market forecasts, accuracy is used when the goal is to predict the direction of price 

movements, not an accuracy 

 

Key Considerations: 

• MSE/RMSE: Both are suited for evaluation of constant predictions (eg, stock price) and are highly sensitive to 

the outlair. 

• R,: It is useful to understand how well your model tells the vast level of classification in stock and stock 

market price movements, but if the model is overfitting then it cannot reflect the power of the future 

completely. 

• Accuracy: The best value for classification models predicts the direction of movement, but may not be 

suitable for regression tasks predicting real prices. 

http://www.ijsrem.com/


          International Journal of Scientific Research in Engineering and Management (IJSREM) 
                          Volume: 09 Issue: 04 | April - 2025                            SJIF Rating: 8.586                                    ISSN: 2582-3930                                                                                                                                               

 

© 2025, IJSREM      | www.ijsrem.com                                    DOI: 10.55041/IJSREM44969                                          |        Page 5 
 

 

 

5. Conclusion 

As the stock market is evolving, the intersection of artificial intelligence (AI) and machine learning (ML) emerges as 

the son of the possibility. This study shows how these cutting edge technologies are changing the game, providing a 

sharp lens through which to predict market trends. By giving the benefit of models such as random forests, support 

vector machines and Deep Vanda education, AI offers a short -term fluctuation and long -term movements both, a more 

accurate understanding, converting complex data into functional insights. 

 

For businesses - especially MSMS (micro, small and medium enterprises) - AI has the key to the new world of 

opportunities. No longer blocked by limited resources, small businesses can now use the power of AI, strategic 

decisions that seemed ahead of their reach at one time. By accepting these techniques, MSME can not only reduce the 

risks, but also capture opportunities, exploring the financial landscape with confidence. 

 

Yet, this journey is not without its challenges. Ongoing purification is required to include different data sources to 

create strong models in the way of reliable, AI-powered predictions. It is here that the policy must play a crucial role, 

ensuring that the use of AI remains transparent, ethical and justified, especially for businesses that have the most 

benefits from MSME. In the magnificent story of AI and finance, the future looks bright - not just for big corporations, 

but for every business, big or small. 

 

As AI and ML continue to reshape as the stock predicts market trends, they offer a potential world where there is an 

innovative opportunity, but carefully handled by guiding the way of regulation. 
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