
              International Journal of Scientific Research in Engineering and Management (IJSREM) 

                      Volume: 10 Issue: 02 | Feb - 2026                              SJIF Rating: 8.659                                       ISSN: 2582-3930                                                                                                                                               

 

© 2026, IJSREM      | https://ijsrem.com                                 DOI: 10.55041/IJSREM56790                                   |        Page 1 
 

MindGuard: A Web-Based Mental Health Tracking Platform with 

Conversational Support and Research-Ready Data Collection 
 

 

Swarnima 
GLBITM 

Computer Science 
Engineering (Data Science) 

Greater Noida, U.P 

csds22029@glbitm.ac

.in 
 

Subhrat Agarwal 
GLBITM 

Computer Science 

Engineering (Data Science) 

Greater Noida, U.P 
csds22170@glbitm.ac

.in 

Rakhi Sharma 
GLBITM 

Computer Science 
Engineering (Data Science) 

Greater Noida,U.P 

csds22007@glbitm.ac.in 
 

Mrs. Nidhi Sharma 
GLBITM 

Computer Science 

Engineering (Data Science) 

Greater Noida,U.P 

nidhi.sharma@glbitm.ac

.in 

Srishti 
GLBITM 

Computer Science Engineering 
(Data Science) 

Greater Noida,U.P 

csds22156@glbitm.ac.in 
 

 

 

 

 

 

 

Abstract— The online mental health surveillance system 

functions as a useful tool which enables early problem detection 

and assists users in understanding their mental state. The 

system functions at scale because it makes therapy accessible to 

people who cannot receive therapy at all times. I developed 

MindGuard as a prototype web-based system which integrates 

mood tracking and stress logs with an AI chat feature that 

provides users daily reflective conversations. Users can write 

down their emotional state and their observed behaviors before 

they begin the guided chat sessions. The guide in there maintains 

the session for its entire duration. Interactive analytics on the 

dashboards display well-being trends through their interactive 

features which enable users to track changes in their well-being 

over different periods. The system functions as a self-assessment 

tool which facilitates monitoring of personal progress. 

MindGuard required researchers to create its design as a 

research-ready system. The system automatically anonymizes 

and encrypts all data which allows studies to use exported data 

without violating privacy and ethical standards. The section 

becomes necessary because mental health data requires special 

protection. The project uses React for its frontend development 

and Flask with MySQL for its backend development which 

contains the database system. The system functions at a 

satisfactory level. MindGuard functions as a self-observation 

instrument which researchers can use to gather mental health 

data while maintaining user privacy. The system shows solid 

basic functions but I need to test its capacity for scaling in actual 

operations. 

Keywords— mental health, chatbot, mood tracking, web 

application, digital phenotyping, ethics 

 

I. INTRODUCTION 

The present day faces its biggest challenge through mental 

health issues because these problems affect people in every 

part of the world. The condition leads to extensive disabilities 

which result in worldwide economic problems that include 

decreased life quality and work productivity. The present 

time has seen a significant increase in public understanding 

about mental health. Many people still face challenges when 

trying to access affordable mental health treatment, 

particularly in areas with limited resources. Digital tools 

provide a hopeful solution because they enable detection of 

problems at their initial stages. The system helps 

organizations monitor their operations continuously while 

delivering assistance to multiple users at the same time, 

which increases their operational capacity. 

The developments in human-computer interaction and 

affective computing research have produced mood- 

monitoring applications and chatbots which help users 

achieve emotional self-awareness and mental health 

improvement [1], [2]. The systems support users in their self- 

reflection process while delivering psychoeducation and 

collecting long-term behavioral data which serves both 

clinical and research purposes. The current platforms all 

suffer from three major issues because they operate as 

proprietary systems which fail to share data and they do not 

comply with research-grade data management standards. 

The platform focuses on transparency and security together 

with its modular design which enables researchers to create 

specific mental health research tools. MindGuard serves as an 

ethical and scalable user-friendly system for self-monitoring 

which enables data collection and early intervention research 

without replacing clinical care. The paper describes the 

design and implementation of the system together with a pilot 

study which demonstrates its ability to track daily mood and 

produce research-grade data. 

 

https://ijsrem.com/
mailto:csds22029@glbitm.ac.in
mailto:csds22029@glbitm.ac.in
mailto:csds22170@glbitm.ac.in
mailto:csds22170@glbitm.ac.in
mailto:csds22007@glbitm.ac.in
mailto:nidhi.sharma@glbitm.ac.in
mailto:nidhi.sharma@glbitm.ac.in
mailto:csds22156@glbitm.ac.in


              International Journal of Scientific Research in Engineering and Management (IJSREM) 

                      Volume: 10 Issue: 02 | Feb - 2026                              SJIF Rating: 8.659                                       ISSN: 2582-3930                                                                                                                                               

 

© 2026, IJSREM      | https://ijsrem.com                                 DOI: 10.55041/IJSREM56790                                   |        Page 2 
 

II. LITERATURE REVIEW 

The recent increase in digital health technology usage has a major 

effect on mental health treatment delivery. Web-based interventions 

and mobile applications together with conversational agents create 

potential solutions to help address the increasing global mental 

health disorder problem. This section presents research literature 

about digital mental health platforms and mood-tracking systems 

and conversational agents and research data collection platforms. 

A. Digital Mental Health Interventions 

Digital mental health interventions (DMHIs) have shown 
promise in increasing access to psychological support. 
Internet-based Cognitive Behavioral Therapy (iCBT) 
interventions have been found effective in reducing 
depression and anxiety, especially for mild to moderate 
depression. The treatment program includes various exercises 
and educational materials together with monitoring tools 
which enable individuals to complete their treatment at their 
own pace. 

Online interventions have proven effective in increasing 
accessibility while they also help to reduce stigma and cut 
down treatment expenses. Online interventions face a serious 
challenge because most users fail to follow treatment 
guidelines. 

 

B. Mood Tracking Systems 

Mood tracking applications enable users to document their 
emotional states and their daily habits and their sleep patterns 
and exercise routines and their stress level changes throughout 
the day. Daylio and Moodpath provide users with structured 
mood tracking systems that enable them to record their 
emotions while they observe their emotional development 
over time. 

 

I. Psychological Benefits of Mood Tracking 

Researchers found that regular mood tracking improves 
two specific areas of emotional understanding and two 
additional areas of emotional pattern identification and 
behavioral responsibility and early detection of depressive 
symptoms. The digital mood logs of cognitive behavioral 
therapy treatment provide patients with structured tools to 
track their thought-emotion-behavior patterns which become 
the basis for their self-monitoring process. 

 

II. Limitations in Existing Systems 

The current mood tracking applications have several 

limitations which researchers need to examine. The 

applications provide mood tracking through their categorical 

input system but they do not implement any evidence-based 

mood assessment tools that include PHQ-9 and GAD-7. 

The applications do not provide standard methods which 

allow users to export their collected data.The system has 

limited capabilities for connecting with research databases. 

The system does not connect with any conversational support 

systems.The applications create their functions for personal 

user needs but they fail to meet the research requirements of 

scientists. 

 

III. Conversational AI in Mental Health Support 

Conversational AI—think chatbots or those virtual 

assistants—has really started popping up as a way to give 

people some basic mental health support. Basically, they use 

natural language processing and mix in real therapeutic 

techniques like cognitive behavioral therapy (CBT) and 

dialectical behavior therapy (DBT). Apps like Woebot and 

Wysa run with these ideas, tossing in stuff like behavioral 

activation and mindfulness exercises. The goal? They try to 

sound like an actual therapist, guiding you through reframing 

your thoughts, managing your emotions, and coming up with 

ways to cope. There’s some solid evidence backing them up. 

Studies show these tools can help reduce depression 

symptoms, at least for a while, and people tend to keep using 

them—which isn’t always the case with other mental health 

tools. Randomized trials show strong engagement. One thing 

people really seem to like is that they’re always available. No 

need to wait for appointments, and you don’t have to worry 

about someone judging you since it’s just an app. Plus, it’s 

easy to scale these things up and reach way more people than 

you ever could with traditional therapy. Still, there are some 

real problems. These bots sometimes miss the bigger picture, 

especially with complicated emotional stuff—they just don’t 

always get the context. In a crisis, that’s risky. They might 

not know when to stop and say, “Hey, you need to talk to a 

real person.” There’s also the whole privacy thing—who’s 

seeing all your personal info, how secure is it, and are there 

any hidden biases in the way the AI reads what you’re 

saying? That can end up affecting people differently, 

depending on who they are. Another issue is that most of 

these platforms don’t connect very well with mood tracking 

apps or bigger research systems. That makes it tough to use 

them for long-term studies or keep an eye on mental health 

trends. Not totally sure why that is, but it does hold things 

back. So yeah, there’s a lot of potential here, but until they 

sort out some of these problems, it’s hard to say how far this 

tech can really go. 

 

C. Conversational AI in Mental Health Support 

Computational psychiatry and digital phenotyping are 

getting a lot of attention lately, and honestly, it makes sense. 

If you want to understand mental health, you need detailed, 

real-world data. Without it, progress just stalls. 

Now, with all these modern apps and online platforms, we’re 

swimming in timestamped info—stuff like people’s moods, 

their daily routines, how they sleep, even how they talk to 

others online. That kind of data is gold. It helps spot when 

someone’s about to slip back into depression, track changes 

in behavior, or use machine learning to predict symptoms 

before they hit hard. You can even zoom out and see trends 

across entire communities. It’s a huge leap from those old, 

once-in-a-while checkups at the doctor’s office. Now, we can 

actually follow what’s happening as it unfolds. 

Still, some big problems keep popping up. Most commercial 

mental health apps just won’t give you the raw data. That 

means researchers can’t double-check or really dig into 

what’s going on. And even if you do get the data, it’s all over 

the place—different formats, different standards. It’s a 

headache to pull everything together for larger studies. Then 

there’s the whole ethical side. People worry a lot about 

privacy with sensitive mental health info, so sharing gets 

locked down pretty tight. 

https://ijsrem.com/
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Another issue? Research platforms aren’t exactly user- 

friendly. They’re often boring, hard to use, or just not 

engaging enough, so people drop out. That’s a big deal. 

Newer studies keep saying we need systems built on solid 

ethics—clear consent, real anonymity, strong data security, 

and open ways to see how the data’s actually used. 

Even with all this new tech, there’s still a big gap between 

apps that are easy for everyday folks and the ones that really 

work for research. We need platforms that actually help 

people, are easy to use, and still give scientists the access they 

need. But honestly, nobody’s figured out how to nail that 

balance yet. That part’s still up in the air. 

 

D. Ethical and Privacy Considerations in Digital 

Mental Health 

Lately, computational psychiatry and digital 

phenotyping seem to be everywhere. The idea is simple but 

kind of revolutionary: use real-time, high-resolution data 

about how people actually live—stuff like phone activity, 

sleep patterns, mood logs, even social interactions—to really 

understand what’s going on with mental health. The old 

ways, you know, those occasional interviews or endless 

questionnaires, just don’t catch the everyday ups and downs. 

Digital tools can follow those changes as they happen, with 

everything timestamped and way more detailed than before. 

This kind of data helps spot early signs when depression starts 

creeping back, or lets you see what sets off certain behaviors. 

There’s also some pretty wild potential in modeling how 

symptoms shift for each person, or even using machine 

learning to predict when anxiety or mood swings are coming. 

That’s not just helpful for one person—it adds up. When you 

look at data from a bunch of people, researchers can pick up 

on bigger trends. Like, how mental health shifts with the 

seasons, or which major life events really shake people up. 

There’s a sense that this could uncover things we’ve never 

seen before, though honestly, it’s hard to tell how common 

this kind of research is right now. 

But—there’s always a but—some big roadblocks get in the 

way. For starters, a lot of popular mental health apps keep 

their raw data behind closed doors. It’s all proprietary, so 

outside scientists can’t really double-check findings or build 

on them. And every app seems to store data in its own weird 

way, which makes it tough to connect the dots across 

different platforms or plug into standard health record 

systems. The privacy stuff is even trickier. Mental health data 

is about as sensitive as it gets, so sharing it means jumping 

through lots of legal and ethical hoops. You have to worry 

about people getting re-identified, data being misused, or 

folks not really understanding what they’re agreeing to when 

they sign up. Plus, most apps just aren’t that sticky—people 

lose interest, stop using them, and then the data gets patchy, 

which pretty much ruins any long-term predictions. 

Some recent research is pushing for digital systems that are 

actually set up for science, but still respect privacy. Things 

like super clear consent, ways to really anonymize your data, 

locked-down storage, and formats that don’t make 

researchers want to pull their hair out. The trick is building 

something people actually want to use, while keeping the 

science clean and ethical. But honestly, there’s this weird gap 

between the consumer apps that just try to keep you coming 

back with motivational quotes and the hardcore research tools 

that only care about collecting data, no matter how clunky 

they are. 

To close that gap, we need systems that check all the boxes: 

easy for regular people, actually useful in clinical settings, 

rock-solid on ethics, and open enough for real research. 

That’s how we get mental health care that actually moves 

forward—responsibly, at scale, powered by real-world data. 

Maybe I’m oversimplifying, but if we don’t figure out that 

integration, all this new tech’s potential just sort of sits there, 

unused. 

 

E. Identified Research Gaps 

After digging into the current digital mental health 

systems, a few big problems jump out. First, everything feels 

a bit scattered. You’ve got mood tracking apps, chatbots, and 

research tools all working on their own, like separate islands 

instead of part of one connected system. Because of this, data 

gets lost in the cracks, personalization falls flat, and tracking 

a user’s progress over time turns into a headache. 

Then there’s the clinical side—most platforms let you log a 

mood or chat with an AI, but barely any of them use real, 

validated psychological tests. Without recognized tools like 

standardized depression or anxiety scales, it’s tough to trust 

the results. The data isn’t as reliable, so you can’t lean on it 

for solid, evidence-based monitoring. 

Research isn’t much easier, either. Most companies lock 

down their data, blaming privacy or proprietary rules. And 

when you do manage to export information, it’s often a 

mess—formats are all over the place, which makes any kind 

of serious research or comparison nearly impossible. 

User engagement is another weak spot, especially with 

research-focused systems. They collect plenty of data but 

don’t think much about the person actually using the app. 

People lose interest, stop using the tool, and the data ends up 

patchy, which ruins any hope of strong predictive models or 

long-term studies. 

And honestly, the ethical side is a mess. Data anonymization 

is inconsistent, consent forms are confusing, crisis response 

plans are vague or missing, and most platforms barely explain 

what they’re doing with your data. 

When you put all this together, it’s pretty clear: we need 

digital mental health platforms that actually work as a whole. 

They should be clinically sound, easy to use, safe with data, 

open for research, and built with real transparency. Right 

now, we’re not there yet. 

 

F. Positioning of MindGuard 

Look closely at today’s digital mental health platforms, 

and you’ll spot some stubborn problems that just won’t go 

away. The biggest headache? Everything feels disconnected. 

https://ijsrem.com/
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You get mood tracking in one place, an AI chatbot 

somewhere else, and research tools off on their own. None of 

it feels like a real ecosystem. So, any chance of understanding 

someone’s mental health over time—by connecting how they 

talk with how they feel—gets lost. People end up with a 

bunch of scattered data instead of a clear, unified profile. 

Then there’s the clinical piece. Most platforms stick with 

simple mood ratings or casual check-ins. They don’t use real, 

validated assessment tools—the kind professionals trust, like 

standardized depression or anxiety scales. Without these, it’s 

hard to actually measure what’s going on or compare results 

to broader research. The platforms end up looking more like 

wellness gadgets than serious tools for monitoring mental 

health. 

If you’re a researcher, things get even trickier. Most 

commercial platforms don’t give you access to clean, 

anonymized datasets. And when you do get your hands on 

some data, it’s a mess—formats are all over the place, and it 

barely works with statistical or machine learning tools. That 

makes it tough to reproduce findings or build models that 

actually help people at scale. 

User engagement? That’s a whole other struggle, especially 

for research-focused systems. These platforms usually forget 

about user experience and personalization, so people lose 

interest fast. The result: half-finished datasets, spotty 

participation, and unreliable predictions. If you want 

meaningful, long-term research, you need a system that keeps 

people coming back while still collecting structured data. 

And let’s not ignore the ethical side. Many digital mental 

health tools still fumble with consent, aren’t clear about how 

they use data, struggle with anonymization, and don’t have 

strong crisis response plans. When you’re dealing with 

sensitive mental health information, people need to feel safe 

and know exactly what’s happening with their data. 

Otherwise, trust goes out the window. 

All these problems add up to one thing: we need digital 

mental health platforms that actually work together, respect 

users, meet clinical standards, and support real research. 

Fixing this means building systems that blend smart design, 

solid clinical foundations, tough privacy protections, and real 

scientific utility—all in one place. 

 

III. PROBLEM DEFINITION AND OBJECTIVES 

More and more people are struggling with mental 
health issues like depression, anxiety, and stress. But getting 
real help still isn’t easy. Stigma gets in the way, therapy costs 
too much, there aren’t enough professionals, and for some, 
help just isn’t nearby. Sure, you’ll find plenty of mental health 
apps out there. The problem? Most of them do just one thing— 
maybe mood tracking, maybe basic chat support, or just a spot 
to jot down your feelings. They rarely go deeper. Few actually 
use trusted psychological assessments, and almost none gather 
data in a way researchers can use. Security and transparency? 
Those are usually afterthoughts, and it’s tough to get your data 
out if you want to share it with a doctor or researcher. 

Because these tools are so scattered and inconsistent, they 
don’t really work well for clinicians or researchers—or for the 
people using them. There’s this gap between what everyday 
users need and what the science demands. What actually helps 
is a single, thoughtfully built web platform that pulls 
everything together: structured mental health tracking, smart 
AI chat that’s actually useful, solid data collection, and top- 
notch security. And it needs to feel simple, safe, and easy for 
everyone. 

 
The primary objective of the MindGuard project is to 

design and develop a comprehensive web-based mental health 
tracking platform that combines structured mood monitoring, 
AI-driven conversational support, and research-ready data 
collection in a single integrated framework. Specifically, the 
project aims to : 

(1) implement daily mood tracking and validated 
psychological assessment scales for clinically meaningful 
monitoring, 

(2) develop a conversational AI module capable of providing 
low-intensity psychological support based on evidence-based 
therapeutic approaches 

(3) ensure secure, ethical, and anonymized data storage with 
standardized export capabilities for academic and clinical 
research 

(4) enhance user engagement through intuitive interface 
design and interactive feedback mechanisms 

(5) establish transparent privacy, consent, and crisis response 
protocols. 

By achieving these objectives MindGuard seeks to bridge the 
gap between accessible digital mental health support and 
structured research-oriented data infrastructure. 

 

 

IV. METHODOLOGY 

We built MindGuard with a clear, modular approach. 
We pulled together solid software engineering, psychological 
assessment tools, and strong data security from the start. The 
system runs on a three-tier setup: the presentation layer, the 
application layer, and the data layer. This keeps things 
scalable, easy to maintain, and secure. 

 

A. System Architecture Design 

This system runs on a web-based client-server setup. 
Up front, users get an interactive interface for logging moods, 
finishing assessments, and chatting. Behind the scenes, the 
app handles all the input, calculates psychological scores, 
analyzes sentiment, and keeps the conversation going. 
Everything gets stored in a secure database, with each record 
neatly organized and tagged with a timestamp. That way, you 
always have a clear history of behavioral and psychological 
data. 

 

B. Mood Tracking and Psychological Assessment 

Integration 

We built the platform around validated 

psychological assessment scales, so everything stays 

clinically relevant. Users log their mood, stress, sleep, and 

https://ijsrem.com/
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can add journal notes if they want. The system handles all the 

scoring behind the scenes and automatically turns those 

results into visual trends. That way, people can spot patterns 

early and keep an eye on their own symptoms. Every entry 

gets saved in an organized way, which makes it easier to track 

changes over time. 

 

C. Conversational AI Module 

We built the conversational support tool with Natural 

Language Processing. It reads what users say, then figures out 

their mood, picks up on important words, and tries to 

understand what they want. Once it gets a sense of how 

someone’s feeling, the chatbot responds with messages 

inspired by real therapeutic methods, like cognitive 

restructuring or behavioral activation. There’s also a safety 

net built in—if someone uses words that sound risky or 

urgent, the system spots it and jumps in with crisis support 

suggestions. 

 

 

D. Data Security and Anonymization 

Mental health data is sensitive, so it needs real 

protection. We use secure sign-in methods, encrypt 

everything sent back and forth with HTTPS, and hash 

passwords so no one can just read them. To keep things 

private, we split personally identifiable information (PII) 

away from behavioral data, which lets researchers work with 

anonymized datasets. Before any research data goes out, we 

strip away anything traceable, making sure we stay within 

ethical lines. 

 

E. Research Data Export Framework 

The system comes with a built-in data export tool 

that makes life easier for researchers. You get structured 

datasets in formats that work well with stats software and 

machine learning projects. Every entry is timestamped, so 

tracking behavior over time and building predictive models 

feels straightforward. At the same time, strict privacy rules 

keep sensitive information safe. 

 

F. Research Data Export Framework 

The system is evaluated using usability testing, 

performance metrics, and engagement analysis. Key 

evaluation parameters include response latency, data 

processing efficiency, user retention rates, and system 

reliability. Feedback from participants is analyzed to refine 

interface usability and improve conversational response 

accuracy. 

 

 

Fig. 1. Proposed System Architecture of MindGuard 

 

V. RESULT 

We built and tested the MindGuard platform to see 

how well it works, how accurate it is, and how easy it is for 

people to use. When we put it through its paces, the system 

ran smoothly. Mood entries and dashboard updates usually 

showed up in less than 300 milliseconds. The conversational 

AI handled sentiment and intent in about a second or two, 

which felt quick. The psychological assessment module did 

what it was supposed to do—it crunched the numbers using 

set algorithms and kept track of everything, with clear 

timestamps for tracking progress over time. 

The AI didn’t just spit out generic replies; it picked up on how 

users felt and responded in a way that fit the conversation, 

drawing from therapy principles. On top of that, the safety 

protocol was on point—it spotted high-risk words and kicked 

in with crisis support when needed. 

People got the hang of the interface right away. They kept up 

with daily mood logs, which tells us they stayed engaged. 

When it came time to export data for research, the 

anonymization module did its job: no personal info slipped 

through, and the final datasets played nicely with both 

statistical and machine learning tools. 

All in all, MindGuard runs efficiently, keeps data safe and 

organized, makes it easy for users to interact, and hands over 

secure, research-ready data—all in one web-based platform. 
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