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Abstract - In the competitive consultancy sector, 

recruitment effectiveness is a critical determinant of 

organizational agility and growth. Traditional recruitment 

funnels, however, remain fragmented, administratively 

burdensome, and prone to bias, leading to suboptimal talent 

fitment and extended hiring cycles. To address these systemic 

inefficiencies, this conceptual paper introduces the Modular 

Requirement Funnel (MRF), an AI-driven and analytics-

powered framework designed to optimize talent acquisition 

processes. 

Grounded in the Resource-Based View (RBV), Dynamic 

Capabilities, and High-Performance Work Systems (HPWS), 

the study reconceptualizes recruitment as a strategic 

organizational capability rather than a purely operational 

function. The proposed MRF framework integrates three core 

components: a centralized data repository to ensure 

transparency, AI-powered automation to enable objective and 

efficient screening, and a continuous learning feedback loop to 

enhance predictive accuracy. The paper further develops 

testable theoretical propositions linking Human Capital 

Analytics (HCA) maturity and ethical algorithmic governance 

to strategic outcomes, including quality of hire and sustained 

competitive advantage. 
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1. INTRODUCTION 

 
The modern world of fast changes in consulting is mainly 

human capital that determines organizational performance. 

Given that consultancy firms, particularly those in the mid-size 

and emerging markets, rely on their skill to attract, align, and 

retain skilled professionals who can react quickly to the 

changing demands of the clients is essential. Nevertheless, in 

spite of such a reliance, most organizations still rely on paper-

based recruitment systems that are fragmented and labor-

intensive. These archaic traditions often cause lengthy time-to-

hire processes, erratic evaluation of candidates and inability to 

match the requirements of the clients with the talent pool. 

The recruitment funnel is a conceptual framework that is a 

structured map of how a talent acquisition process is carried 

out (i.e. how the process works), in terms of requirements 

identification to onboarding. Ideally, it allows organizations to 

track the rate of conversions and streamline the hiring process. 

However, in reality, the existence of traditional recruitment 

pipelines is usually only a disjointed administrative vehicle, but 

not a strategic device. Mohapatra and Sahu (2017) argue that 

recruitment is not a significant strategic business partner 

because there is no systematic measurement and planning to 

integrate it with Human Resource Management (HRM). 

The growing use of machine learning (ML), artificial 

intelligence (AI), and human capital analytics (HCA) presents 

a fresh chance to revolutionize the hiring process. The 

technologies will support automated routines, optimize the 

process of screening candidates with predictive analytics, and 

make better decisions based on real-time data visualization. 

Consequently, the recruitment process can transform into an 

ongoing process as an organizational ability rather than a 

transactional operation that helps to maintain organizational 

agility and competitive edge. However, current studies are 

insufficient and mostly focus on separate automation-related 

studies or ethical issues, but do not include an overall 

framework that can relate AI-informed recruitment analytics to 

larger areas of strategic and organizational theory. 

As a solution to this deficiency, this paper introduces a new 

AI-driven and analytics-based system called the Modular 

Requirement Funnel (MRF) that revisits recruitment as a 

strategic process that assimilates data. The MRF is built on the 

Resource-Based View (RBV), Dynamic Capabilities, and 

High-Performance Work Systems (HPWS) to increase the 

organization's adaptability, hiring quality, and long-term 

competitiveness. The research questions in this study are to 

determine the structural inefficiencies of the traditional funnel, 

conceptual map of the MRF, and testable propositions between 

the MRF and strategic performance indicators.  

 

2. Theoretical Background 

The suggested paradigm is situated at the intersection of 

three strategic theories: High-Performance Work Systems 

(HPWS), Dynamic Capabilities, and Resource-Based View 

(RBV). According to Wright et al. (2001), the Resource-Based 

View (RBV) contends that unique internal resources rather 

than geographic location are the origins of sustained 

competitive advantage. As long as it meets the criteria of 

Valuable, Rare, Inimitable, and Non-substitutable (VRIN), 

human capital is one of the primary strategic resources in 

knowledge-intensive businesses like consulting. Access to 

these resources comes from recruitment. Nevertheless, 

conventional recruitment does not usually achieve the potential 

of RBV because of the absence of data integration and 

complexity of analysis. According to Marler and Boudreau 

(2017), HR practices should be transformed in order to attract 

high-value talent with the help of evidence-based decision-

making. 

 

Where RBV places its emphasis on the ownership of 

resources, the Dynamic Capabilities (DC) approach is 

concentrated on the capacity of an organization to change and 

re-organize these resources to be able to survive in the 

environment that is volatile (Elgamal, 2018). In the case of 

consultancies, where the needs of clients can change very 
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quickly, a consultancy needs to possess what is referred to as 

recruitment agility, i.e. the capacity to quickly change the focus 

on recruiting and the pools of candidates. The agility is 

hampered by traditional recruitment pipes with manual 

screening and slow feedback. On the contrary, AI built systems 

offer the predictive insights and real-time visibility that can 

turn recruitment into a dynamic capability. 

 

Lastly, the High-Performance Work Systems (HPWS) 

considers HR practices to be synergistic and bundled in such a 

way to enhance the skills and motivations of employees (Li 

and Yu, 2017). This system is entered through recruitment. 

Nevertheless, the automation and analytics can be considered 

weak without the integration between the recruitment and the 

performance management in general. The MRF framework 

solves this by entrenching analytics into all the funnel levels so 

that there is a steady stream of information that integrates 

recruitment with the overall strategic human resource 

management (SHRM) objectives. 

 

3. Problem Statement: Structural 

Deficiencies of the Traditional Funnel 
 

The conventional recruitment funnel is based on a linear 

and multi-stage approach that comprises the following steps 

requirement intake, sourcing, screening, validation, and 

onboarding (Mohapatra and Sahu, 2017). Although it is easy to 

track the basic aspects, this model has acute systemic 

inefficiencies limiting its strategic worth. 

 

3.1. Fragmentation of Data and Decentralization: 

One of the major weaknesses of the old model is that it 

uses individualized data and unrelated spreadsheets. It leads to 

the duplication of data, redundancy, and the existence of 

several versions of the truth (Mia & Faisal, 2020). The lack of 

a centralized data storage does not allow the HR managers to 

have real-time visibility of the pipeline, and ultimately, it is 

impossible to make strategic choices (Minbaeva, 2017). 

 

3.2. Operational Bottlenecks: 

The manual management will result in time sinks. Face to 

face screening and validation by hiring managers is laborious 

and time consuming (Nawaz and Gomes, 2019). This drag on 

operation is especially damaging in high-speed consulting 

firms where slowness equals directly to revenue loss36. 

Moreover, absenteeism of predictive analytics does not allow 

managers to determine points of bottlenecks or predict the 

results of recruitment. 

 

3.3. Erosion of Candidate Trust and Bias: 

In addition to being inefficient to administration, the 

traditional funnel is marred with inherent limitations to human 

judgment. Traditional procedures can be quite biased and 

repetitive (Rukadikar and Khandelwal, 2024). Also, the lack of 

coordination and delays during the communication process 

contributes to the loss of candidates and a negative reputation 

of the employer (Barattucci et al., 2025). The communication 

latencies that are present in manual systems have a negative 

effect on candidate experience because timely rejection has 

been linked to feelings of fairness. The inability of the 

traditional funnel to transform descriptive HR data into 

predictive models illustrates why a data-driven, modular, and 

adaptive framework is urgent and this is the gap the Modular 

Requirement Funnel will fill. 

 

4. Methodology 
 

In this paper, a Conceptual Review and Framework 

Analysis method has been used to synthesize the theoretical 

and empirical research, detect gaps in the conventional 

recruitment models, and construct the normative framework of 

Modular Requirement Funnel (MRF). 

 

4.1. Literature Search and Synthesis: 

An intensive literature review about the research on HR 

analytics, AI, and strategic human resource management was 

performed. Three essential thematic areas were used as the 

basis of the literature search:  

1. Strategic Imperatives: Examining the roles of RBV, 

Dynamic Capabilities, and HPWS in recruitment. 

2. Technological Tools: The use of AI, Machine 

Learning (ML), and chatbots in screening and 

coordination can be analysed. 

3. Operational Needs: There are operational gaps that 

need to be identified to define the design requirements 

of the MRF, e.g., the data silos and the lack of real-

time measurements. 

 

4.2. Framework Construction: 

The MRF framework was built on the purpose of 

resolving the bottlenecks of the traditional funnel that employs 

AI/Analytics principles that are identified in the literature. It is 

designed based on the principle of Human-AI Symbiosis 

(Jarrahi, 2018) in which the computational power is used to 

process data and leave the decisions that are prone to 

uncertainty to human judgment. This makes sure that the 

framework is not only a tool but an organizational capability 

that boosts agility and increased competitive advantage. 

 

5. The Modular Requirement Funnel (MRF) 

Framework 
 

It is argued that the Modular Requirement Funnel (MRF) is 

a recruitment system based on AI that is a comprehensive, all-

encompassing structure of a consultancy company. In contrast 

to linear administrative models, it imagines that non-linear and 

analytics-based recruitment is a non-linear process. The digital 

maturity can be supported by its scalability (modular). Figure 1 

demonstrates that it integrates with RBV, Dynamic 

Capabilities, HPWS and AI processes. 
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Fig - 1: Conceptual Model of the Modular Requirement 

Funnel (MRF) Framework 

 

5.1. Fundamental Principles and Elements: 

The MRF is constructed on the three basic pillars that are 

aimed at reversing the disintegration of traditional systems: 

1. Centralized Data Repository: The framework 

creates a single source of truth to remove the 

spreadsheets and redundancy of data (Mia & Faisal, 

2020). It is the requirement of all further analytics. 

2. AI-Powered Automation: The model employs AI 

and ML to process high-volume decision points 

instead of operating on manual screening that is 

subjective and slow with high-scoring (Nawaz and 

Gomes, 2019). This will make sure that the 

administrative latencies are kept at a minimum. 

3. Continuous Learning Loop: With the assistance of 

previous recruitment data, the system continually 

improves its predictive models (Zebua et al., 2024). 

The feedback loop will help the recruitment strategy 

to respond to the dynamics in the talent market. 

 

5.2. Operationalization: The Shift to Predictive Metrics 

The MRF operationalization will need the replacement of 

the descriptive metrics (e.g.: Time-to-Fill) with predictive and 

causal analytics. According to Minbaeva (2017), the 

actionability of HCA is its real worth. Table 2 depicts this 

change of strategy in the MRF. 

 

Table - 2: The Shift from Traditional to Predictive HR 

Analytics Metrics within the MRF 

MRF 

Component 

Traditional 

Metric 

(Descriptive) 

MRF Predictive Metric 

(Strategic) 

Sourcing & 

Screening 

Applicant-to-Hire 

Ratio 

(Conversion 

Rate) (Mohapatra 

& Sahu, 2017) 

Predictive Candidate 

Score correlation with 

12-Month Performance 

Rating (Pillai & 

Sivathanu, 2020) 

Process 

Oversight 

Average Time-to-

Fill (Days) 

Bottleneck Detection 

Frequency and Causal 

(Mohapatra & 

Sahu, 2017) 

Analysis of Drop-Off 

Stage (Minbaeva, 2017) 

Quality & 

Fit 

Source-to-Hire 

Cost per Hire 

(Mohapatra & 

Sahu, 2017) 

Predicted New Hire 

Turnover Risk Score 

(Zebua et al., 2024) 

6. Ethical Governance and Algorithmic 

Justice 
Although the MRF uses machine learning to make 

decisions efficiently, it creates the threat of an algorithmic bias 

where the systems are trained based on the past, and they can 

reproduce past biases (Köchling and Wehner, 2020). As an 

example, the experimental hiring system created by Amazon 

was identified to punish any resume that contained the word 

women because it was trained on a male dataset. To avert this, 

the MRF has stringent mechanisms of ethical governance. 

The framework requires Continuous Data Audits to identify 

and eliminate the representation bias at the training and 

deployment stages. Moreover, the system should not be based 

on black-box outputs anymore but offer Explainability (Jarrahi, 

2018), so that one is able to understand the logic behind the 

ranking of algorithms. 

It has been shown that applicants tend to think that 

algorithmic rejection is not as fair as rejection by humans 

(Köchling and Wehner, 2020). The MRF focuses on two types 

of justice as a response to this: 

• Procedural Justice: It is appropriate to provide a 

uniform, fair, and standardized screening of all 

applicants through the AI module. 

• Interactional Justice: Communicating timely and 

respectfully using the Automated Coordination 

module. According to Barattucci et al. (2025), timely 

communication of rejection instead of ghosting 

applicants is an effective way to mitigate the negative 

perceptions and also retain the employer brand. 

7. Strategic Outcomes and Value Proposition 

The introduction of the MRF transforms recruitment as an 

administrative reactionary undertaking, to a strategic ability. 

The framework is filling the systemic gaps of the conventional 

funnel and creates value in three important aspects: operational 

efficiency, quality of hire, and organizational agility. 

7.1. Agility and Operational Efficiency: 

Automation of standard administrative procedures greatly 

reduces hiring time and allows HR staff to focus on strategic 

tasks. This speed is not just an operational convenience, but it 

is a Dynamic Capability. The MRF reduces the administrative 

latency of talent acquisition, allowing consulting businesses to 

quickly rearrange their human resources in response to shifting 

client demands. 

7.2. Data-Driven Decision Making: 

Replacing the fragmented spreadsheets with a system of 

one central repository forms a single source of truth. It allows 

applying predictive analytics so that the firms could predict 

potential turnover risks and understand the process bottlenecks 

in real time. 
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7.3. Improved Candidate Experience: 

The MRF guarantees the presence of uniform 

communication through the bridging of these coordination 

gaps with automated feedback tools. This responsiveness 

directly neutralizes the loss of applicant trust which comes 

with the old-fashioned black hole recruitment processes, and 

therefore, bolsters the employer brand. 

Table – 3: Alignment of Traditional Funnel Problems 

with MRF Solutions and Strategic Impact 

Problem 

(Traditional 

Funnel) 

MRF 

Solution/Outcome 

Strategic 

Impact 

Scattered data, 

multiple versions 

of truth (Mia & 

Faisal, 2020) 

Centralized Data 

Repository, single 

source of truth 

Enables Data-

Driven Decision-

Making (Kapoor 

& Panchariya, 

2025) 

Manual, 

subjective 

screening, time 

sink (Rukadikar 

& Khandelwal, 

2024) 

AI-Powered 

Screening & 

Validation, high-

speed decisioning 

Improved 

Quality of Hire 

(Pillai & 

Sivathanu, 2020) 

Coordination 

gaps, 

communication 

delays (Barattucci 

et al., 2025) 

Automated 

Coordination & 

Feedback (Chatbots) 

Enhanced 

Candidate Trust 

& Employer 

Brand 

(Barattucci et al., 

2025) 

Slow 

organizational 

resource 

reconfiguration 

(Elgamal, 2018) 

Operational 

Efficiency, reduced 

time-to-hire 

(Tursunbayeva et 

al., 2018) 

Functions as a 

Dynamic 

Capability for 

organizational 

agility (Elgamal, 

2018) 

 

7. Testable Theoretical Propositions 

Following the strategic intent and design rationale of the 

MRF framework, this paper proposes the following 

propositions that could be tested through future empirical 

studies as follows: 

• Proposition 1 (Strategic Alignment): The use of the 

MRF is favorably connected with (a) improved hiring 

quality due to AI predictive matching and (b) 

improved organizational agility because of the notable 

decrease in time-to-hire. 

• Proposition 2 (Behavioral Outcomes): AI-based 

transparent communication systems promote greater 

Organizational Citizenship Behaviour (OCB) by 

forging strong relational psychological contract with 

candidates. 

• Proposition 3 (Ethical Perception): Compliance 

with the principles of justice alleviates unfavourable 

reactions of candidates towards algorithmic decisions. 

In particular, (a) Procedural Justice (bias-audited 

screening) improves the legitimacy of AI decisions, 

and (b) timely rejection through Automated 

Coordination leads to a lower withdrawal intention. 

• Proposition 4 (Capability Building): The capability 

of Human Capital Analytics (HCA) maturity (Data 

Quality and Analytical Competence) positively 

moderates the correlation between operational 

efficiency driven by MRF and sustainable competitive 

advantage. 

 

8. Future Recommendations 
 

In order to transform the MRF into a sustainable 

competitive advantage, the following strategic developments 

should be given a priority by consultancy firms: 

8.1. Optimization of Human Capital Investment Portfolios: 

The management should turn HCA into a predictive 

portfolio management tool as opposed to a descriptive 

reporting mechanism. Companies must use Continuous 

Learning Loop to develop Niche Talent Strategic Risk-

Adjusted Valuation Scores. With such scores using RBV 

(Rarity and Inimitability) criteria, the org can discretionally 

allocate the funds to talent with the highest estimated strategic 

value and essentially consider recruitment as a capital 

allocation and not a management process. Embracing an 

Interface of Algorithmic Justice (PCAI).  

8.2. Adopting an Interface of Algorithmic Justice (PCAI): 

Firms should adopt a Proactive Candidate Advocacy 

Interface (PCAI) to overcome the issue of having a trust deficit 

in automated systems. Rejection must be turned into a process 

of development with the help of this interface. The system also 

needs to give a clear record of the ethical audit in the form of a 

transparent notification rather than generic notifications, which 

should include how the skills were weighted. Such clarity also 

maximizes procedural and interactional justice so that even 

unsuccessful candidates have a positive view of the employer 

brand. 

9. Limitations 

Instead of using actual data, the research relies on a 

conceptual evaluation and analysis of the framework. The 

MRF model combines existing literature to address industrial 

obstacles; nevertheless, real consulting situations must be used 

to prove its viability and profitability (ROI). Future studies that 

take the form of longitudinal study should experimentally 

evaluate the hypotheses in order to ascertain the long-term 

effects of AI on the KPIs, such as time-to-fill and quality of 

hiring, as well as the long-term implications of AI on workers 

and their performance. 

 

10. CONCLUSIONS 

 
The paper suggests that the use of both Artificial Intelligence 

and Human Capital Analytics as an integration process is not 

an option anymore, but a requirement to a contemporary 

consultancy recruitment process. The classic requirement 

funnel, which is fragmented data with manual bottlenecks 

cannot attain the agility demands of the present-day market. 
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The suggested Modular Requirement Funnel (MRF) is an 

outline of how recruitment can be turned in to a reactive 

administrative endeavor to a smart, cohesive, and agile 

system. Through centralized data, AI-based automation, and 

the predictive feedback loops, companies will be able to tune 

their talent acquisition practices in line with the larger 

organizational objectives. Despite the issues of 

implementation due to the skills deficit and ethical 

governance, the transition to the systematic data analysis is 

necessary. Finally, implementing the MRF framework can 

also help the consultancies to not only stream operations but 

also turn Human resources into a real strategic business 

partner. 
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