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ABSTRACT

Mental health in the digital age is significantly
influenced by factors such as mobile phone radiation
and social media usage. Traditional mental health
evaluation methods often fail to consider the
combined impact of these external digital exposures.
This project introduces the Psycho-Neural Data
Deciphering and Telemonitoring Ecosystem, a
comprehensive system designed to analyse and
assess mental health across age groups by
integrating psycho-neural data, social media
activity, mobile radiation exposure, and mental
health screenings. The system employs advanced
statistical models to process this data, identifying
correlations  between digital behavior and
psychological outcomes. It features a module-based
design that calculates personalized mental health
scores and classifies them by age group, helping to
pinpoint vulnerable demographics and behavioral
risk factors. Through real-time data collection,
structured analysis, and intelligent reporting, this
ecosystem supports proactive mental health
management and promotes healthier digital habits.

Keywords:

Mental Health, Social Media, Mobile Radiation,
Psycho-Neural Analysis, Telemonitoring, Digital
Behavior, Statistical Correlation, Mental Health
Scoring.

INTRODUCTION

The Mobile Mental Health application is developed
with the primary goal of bridging the gap between
mental health professionals and individuals in need
of psychological support. In an age where mental
health concerns are increasingly prevalent yet often
neglected due to stigma, lack of access, or limited
resources, this project provides a digital platform
that connects users with necessary mental health
services. By bringing professional assistance within
reach via mobile technology, the system helps
overcome barriers such as geographical limitations,
time constraints, and social hesitation. This is
particularly useful for individuals who may be
reluctant to seek traditional in-person therapy,
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providing them with a confidential and convenient
alternative.

The project is centered around key features like chat
support, mood tracking, and self-help tools, all
integrated within the mobile platform. These
features are designed to cater to a wide range of
mental health needs from immediate emotional
support via chat to long-term well-being monitoring
through mood tracking. Self-help tools further
empower users to engage in mental wellness
activities independently, promoting personal growth
and resilience. Through these functionalities, the
application not only supports users in crisis but also
contributes to mental health awareness and
education, ultimately striving to reduce the stigma
associated with seeking psychological help.

RELATED WORK

Existing mental health systems focus on individual
aspects like psychological assessments, behavioral
surveys, and physical health metrics but often
overlook digital behaviors and environmental
influences, such as social media usage and mobile
radiation exposure, which are becoming more
significant today. Many systems rely on offline
surveys or manual data collection, which are time-
consuming and lack real-time insights. They also
target specific age groups, missing a comprehensive
view of how technology and environmental factors
affect mental health across all demographics.

These systems often function in isolation, focusing
solely on personal assessments without considering
broader influences like digital engagement or
radiation exposure. The collected data is
fragmented, lacking an integrated approach to
analyze social media activity, mobile radiation, and
mental health indicators together.

As a result, these systems fail to capture the full
range of factors impacting mental health. Without a
holistic framework that integrates both individual
and external influences, it becomes challenging to
understand the true impact of modern lifestyle habits
on overall mental well-being.

Page 1


http://www.ijsrem.com/
mailto:logaiyan.mca@smvec.ac.in
mailto:sudarson835@gmail.com

e’
i

\33%

Volume: 09 Issue: 06 | June - 2025

1z IISREM
%ﬁ nternational Journal of Scientific Research in Engineering and Management (IJSREM)
a ISSN: 2582-3930

SJIF Rating: 8.586

RESEARCH METHODOLOGY

This project analyzes and monitors mental health
across different age groups by integrating data from
social media usage, mobile radiation levels, and
mental health screenings. It collects data on
individuals’ social media activity across platforms,
categorizing it by age to identify usage patterns and
assess potential impacts on mental well-being,
including anxiety and depression.

The system also evaluates mobile radiation exposure
from various devices, tracking and analyzing levels
to explore correlations with mental health indicators.
Advanced statistical models and algorithms are used
to identify links between social media use, radiation
exposure, and mental health outcomes.

In addition, mental health screening data is
incorporated, focusing on emotional well-being,
stress, cognitive function, and overall mental status.
Based on this analysis, personalized mental health
scores are generated for individuals by age group.
These scores indicate how digital behavior affects
mental health and help identify high-risk
individuals.

Finally, the system compiles a detailed report
comparing mental health across age demographics,
offering insights for targeted interventions. This
methodology helps in understanding the influence of
social media and mobile radiation on mental health,
supporting healthcare professionals, policymakers,
and individuals in adopting healthier digital habits
and improving mental well-being.

ALGORITHM DETAILS

I. Encryption and Decryption (AES - Advanced
Encryption Standard)

Encryption Phase

Steps:
1. Encrypt sensitive data using AES-256.
2. Generate a random AES key per session.

3. Securely store the key with session or
access control; don’t expose it.

Decryption Phase
Steps:

1. Employee requests access via secure
system.

2. System verifies identity and role.

3. If authorized, system retrieves the AES
key.
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4. System decrypts data; key remains hidden
from user.

Il. Symmetric Encryption — Logical Key Access
and Verification Process

Steps:

1. Generate a unique AES key during
encryption.

2. Store the key securely with access
permissions.

3. Authenticate and authorize user on access
request.

4. If approved, system uses stored key to
decrypt data.

5. User only sees decrypted output, not the
key.

6. If verification fails, deny access and log the
attempt.

7. Key remains protected at all times.

MODULE DETAILS
MODULE 1: ADMIN

1. Registers users, manages employee status,
reviews  applications, and  sends
login/rejection emails.

2. Approves decryption keys, final reports,
and tracks historical data.

3. Ensures secure logout for confidentiality.

MODULE 2: RADIATION LEVELS

1. Employees register, get admin approval via
email, and request decryption keys.

2. Upon approval, they upload mobile
radiation data and generate reports.

3. Ends with secure logout.

MODULE 3: MENTAL ANALYZER

1. Employees register, receive admin
approval, and request decryption keys.

2. Upload mental health data by age/category,
perform calculations, and encrypt/decrypt
results.

3. Review outcomes and log out securely.
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MODULE 4: MENTAL LEVEL

1. Registration and key request follow admin
approval via email.

N

Employees upload mental status data by
age/category, calculate insights, and
encrypt/decrypt results.

3. Final report is reviewed before secure
logout.

MODULE5: TESTING

1. Employees register, get approved, and
receive decryption keys.

2. Upload mental health test data, perform
calculations, and verify results via
encryption/decryption.

3. Final report is reviewed; session ends with
logout.

FLOWCHART

The steps listed below can be used to explain the
working process:

Step-1: Start
the admin process

!

Step-2: Register users from different age
groups and upload their data

!

Step-3: Manage employee registration status
(Approve/Reject) and send email notifications

!

Step-4: Approve decryption key requests
from employees to access sensitive data

.

Step-5: Analyze and review historical data
for decision-making

'

Step-6: Approve final reports submitted
by other modules

!

Step-7: Securely log out of the system

Step-8: End
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Basic Data Exploration

Social media usage, mobile radiation exposure, and
mental health screening data are the core elements
explored in this project. The system collects data
from individuals based on their digital behavior
especially time spent on social media platforms and
categorizes it by age groups to identify patterns that
may relate to mental health conditions like anxiety,
depression, or cognitive issues. Furthermore, mobile
device radiation levels are recorded to examine their
potential psychological impact. This preliminary
exploration lays the foundation for understanding
how digital environments influence mental well-
being across age demographics.

Feature Engineering

The system utilizes statistical algorithms to process
and derive meaningful attributes from the collected
data. Information on social media usage patterns,
mobile radiation exposure, and mental health
indicators such as emotional well-being and
cognitive performance is extracted and categorized.
These features are refined to highlight age-specific
sensitivities and to strengthen correlations between
digital behavior and mental health outcomes. The
features are further structured to support
personalized analysis and predictive assessment.

Explanatory Data Analysis (EDA)

The data is analyzed through comparative studies to
discover trends within and across age groups.
Mental health scores are calculated for each
individual and further segmented by demographic
categories. These scores help identify how different
age groups are affected by technology usage. The
compiled report presents key trends and highlights
at-risk populations, enabling a deeper understanding
of how factors like mobile radiation and excessive
screen time influence mental health.

Data Preprocessing

Collected data includes raw figures from social
media interaction logs, mobile radiation readings,
and mental health screening results. This data is
filtered, categorized, and normalized to ensure
consistency and accuracy. Emotional well-being,
cognitive states, and stress levels are extracted and
structured to improve the reliability of subsequent
analyses. This step ensures that the model inputs are
clean, structured, and representative of real-world
conditions.

Modelling

Advanced statistical models and algorithms are
employed to identify and evaluate correlations
among the data points. The modeling stage involves
using these methods to derive mental health scores
for individuals, which are then grouped by age to
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identify wvulnerability levels. The final analysis
produces a comprehensive report that consolidates
findings across various demographics and highlights
key psychological risk indicators associated with
digital engagement.

Website

The online system is developed using Java-based
web technologies such as HTML, CSS, JavaScript,
JSP, and servlets. It provides interfaces for both data
upload and result visualization. Front-end elements
ensure user-friendly navigation, while the back-end
handles data integration and logic processing.
Through secure login modules, users can access
personalized mental health assessments and system
administrators can manage data flows, approvals,
and system configurations.

Deployment

After testing, the system is formally deployed into
the intended environment. It may first be introduced
in limited phases to ensure functionality under real-
world conditions, following which it becomes
available for broader use. Post-deployment, the
system undergoes routine maintenance and updates
to accommodate new data and to refine its analytical
capabilities. This ensures the platform remains
accurate, secure, and scalable for long-term mental
health monitoring.

The results are displayed in the figures below.
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Calculated Data

Calculation Results:
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Dataset Selection

In today's digital world, mental health is increasingly
shaped by technological influences such as social
media usage and mobile radiation exposure. This
project aims to provide an in-depth analysis of how
these factors impact mental well-being across
different age groups. By integrating data from social
media engagement, mobile radiation levels, and
mental health screenings, the study seeks to establish
meaningful correlations between technology use and
psychological health outcomes.
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SYSTEM ARCHITECTURE

Data Pre-processing

Once logged in, the employee encounters encrypted
data and must submit a key request to the admin for
decryption. The admin evaluates the request,
approves it, and sends the decryption key to the
respective employee. Using the key, the employee
decrypts the data and uploads relevant information.
The module includes functionality for conducting
calculations based on the uploaded data to generate
reports.

Feature Selection

The data within the module is encrypted for security,
requiring the employee to submit a key request to the
admin to enable decryption. The admin reviews and
approves the key request, providing the decryption
key to the respective employee. Once decrypted, the

© 2025, [JSREM | www.ijsrem.com

employee uploads data related to the mental level

status of various age groups and categories.

LEVELD

: o menTaL
rapumonLeveLs| | WENPE

LogH
Response | | Login
Rasporse Response
Logn Y v
AN > Symmetric MENTAL LEVEL
Response | encryption  [ogn
T
Respanse l Loghn

DOI: 10.55041/IJSREM49892 |

TESTING
LEVELY
LoD |—»| Kevreouest — FETCHTHEOATR | b oo ciamons |—» upLosD RepoRT
Ao — l
UPLOAD REPORT | 4—| PROCESSING | «—IRETRIVE THE DATA| «—  KEYREQUEST
RADIATION LEVELS — : 1 J
)
[F—— I RN - KEVREOUEST |—b| FETCHDAA —» PROCESSNG |— CALCULATIONS
NIRRT CALCULATONS | 4—  FETCHDATA W | KEVREQUEST | <— UPLOAD REPORT
TEsNG  — - l o
UPLOAD REPORT |—  LOGOU
LEveL2
AN RaoATONIEVELS  eNaLAZER| | weraweve | | teswo
LooIN REGISTER REGISTER REGISTER | REGISTER
l | I | |
frep R (s ) e o
T
| 1
S A v v
VIEWENPLOYEE e i i \.
Bsdpnsosic KEY REQUEST KEYREQUEST | kevRequest | KevReuest
l | 1 I l
ASSONKEYT0 : { PR :
" 4 FETCH THE DATA VIEW THE | FETCH THE DATA
_ EWPLOVEES REQUREMENTS | | "~ " REQUIRENENTS |
I \ [
. 3
f UPLOAD TESTING
| VIEWREPORTS UPLOAD DATA- | UPLOAD THE DATA DATA
| [
2 v
APPROVE ALCULATIONS | procESS DATA i K3
| REFORTS CALCULATIONS | PROCESS DAT) CAL( ATIONS
| ) |
i Locour UPLOAD REPORT UPLOADREPORT | | UPLOADREPORT | {upLoAD REPORTS
| 1 ! }
Locour Logout Locour Loaour

Prediction Model

After uploading the data, the employee performs
calculations on the data to generate insights. The
calculated results are encrypted, requiring the
employee to use the provided decryption key again
to access and verify the final report.

Comparison Model

The module enables the employee to perform
calculations on the data to generate meaningful
insights. The calculated results are also encrypted
for security purposes, requiring the employee to
decrypt the data again for verification.
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Medical News / Updates 11. McGee, J., Sandridge, L., Treadway, C., Vance,
K., & Coustasse, A. (2018). Strategic
Public Awareness and Education: The inSightS approaches to f|ght|ng Medicare fraud. The
provided by the system can be used to raise public Health Care Manager.
awareness about the potential mental health risks of 12. Mohammed, M. A., Boujelben, M., & Abid, M.
excessive screen time and mobile radiation, (2023). A novel machine learning framework
promoting healthier lifestyle choices and digital for fraud detection in blockchain-based
habits among the population. healthcare networks. Future Internet.
. . . 13. Castaneda, G., Morris, P., & Khoshgoftaar, T.
Result Analysis and Discussion M. (2019, April). Using Maxout neural

networks for detecting medical fraud in large
datasets. IEEE BigDataService.

14. Nabrawi, E., & Alanazi, A. (2023). Applying
machine learning to healthcare insurance fraud
detection. Risks.

The final phase of the project compiles the results
into a comprehensive report, highlighting key trends
and risk factors. This report serves as a valuable
resource for identifying vulnerable populations and

understanding how lifestyle factors shape mental 15. Kumaraswamy, N., Markey, M. K., Ekin, T.,
health. Barner, J. C. & Rascati, K. (2022).
Retrospective and prospective view on

healthcare fraud data mining methods.
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