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Abstract -Abstractive text summarization is an
important part of language processing create short
summaries and integrate long documents. However,
one of the big ones

The challenges faced in this domain are handling of
word out of words (OOV) words and phrases,
which is content not included in the content model
table. OOV problem can be for suboptimal content,
as they are often incomplete or misrepresented the
text. This research aims to address the OOV issues
in the critical literature by new ideas and methods.
We plan a way that combines pre-processing,
model architecture, and post-processing techniques
to reduce OOV-related challenges. First, we check
the process to have effective OOV detection and
mapping, allow us ldentify the OOV terms in the
text and replace them with their closest equivalent
words competitors. Next, we improve the model's
expansion model by combining it techniques such
as sub-word tokenization and character-level
modeling, leading to the model to manage various
OOV content during the recording process.
Furthermore, we explore the utilization of external
knowledge sources, such as domain- specific
ontologies and pre-trained language models, to aid

in the generation of accurate summaries containing

OOV terms. Additionally, we introduce a novel
post-processing step that refines the generated
summaries by addressing OOV issues and ensuring
linguistic fluency.

Key Words: OOV: Out-of-Vocabulary,
Natural Language Processing

NLP:

1. INTRODUCTION

Generator The growing prevalence of
information available online has presented a
significant trend competition in accessing and
processing large amounts of information. Short
notes (TS) has emerged as an important way to
solve this challenge, by reducing long information
into short summary and summary. TS performed the
research answer for more than half a century, with
the main goal of creating human-readable content
which preserves the original content of the
document There are two main approaches to TS:
extractive and abstractive. Extractive TS included
select a group of sentences from the original text
that contain important information, while abstractive

TS aims at creating a new text that captures all the
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essence of the original information, using some
language generation Abstractive TS is particularly
difficult

grammatically yes, and can read content that looks

because it needs to be organized,
like or predicts the author. The proposed framework
is based on a good theoretical model of knowledge
as knowledge comprehensive content and deep
learning for creating incredible content. He has three
main themes: (i) pre-processing, (ii) machine
learning, and (iii) work after completion. The
project first used a cognitive approach which
includes  ontological ~ knowledge  resources,
ambiguous words, names Acknowledgments, and
general terms, to convert the text into a general
form. A deep learning model of attentive encoder-
decoder architecture, which is interesting to help a
protection and protection mechanism, including

support learning and transformer-based

architectures, is then trained on a generalized
version of text-content pairs, learned to predict

details in a general form.

3. Existing Methodology:

If As of my last knowledge, there were several
existing methodologies and approaches to address
out-of-vocabulary (OOV) issues in abstractive text
summarization. Here's an overview of some
methodologies used to overcome OOV issues in
abstractive  text summarization: Sub  word
Tokenization:

Utilizing sub word tokenization techniques like
Byte Pair Encoding (BPE) or Sentence Piece can

help the model handle OOV words by breaking

them down into smaller sub word units that are part
of the model's vocabulary. This allows for the

generation of more accurate summaries.

4. Implementation of Proposed Methodology:
Implementing the proposed methodology for
overcoming OOV (out-of-vocabulary) issues in
abstractive text summarization involves a
combination of pre-processing, model architecture
modifications, and post-processing techniques.
Below is a high-level overview of how we might
implement this methodology using Python and
popular NLP libraries such as PyTorch and
Hugging Face Transformers. Keep in mind that this
is a simplified example, and real-world

implementations can be much more complex.
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Fig: Abstractive Summarization Process
The results of our experiments underscore the
effectiveness of our proposed techniques, paving
the way for more accurate and informative
summarization systems in a wide range of

applications. Future research directions may include
further fine-tuning of reinforcement learning
models, exploring additional external knowledge
oov

methodologies for larger datasets. Our research has

sources, and scaling up handling

resulted in several important findings and

contributions:

Effective OOV Handling:

comprehensive methodology that combines pre-

We proposed a

processing, machine learning, and post-processing
techniques to effectively handle OOV terms in
abstractive  summarization. Our  experiments
demonstrated significant improvements in summary
quality, with substantial reductions in OOV terms.

Model

model architecture modifications,

Enhancements: We explored various
including sub
word tokenization, character-level modeling, and
copy mechanisms. These enhancements allowed
our summarization model to generate more accurate
and coherent summaries, even in the presence of

OO0V terms.

External Knowledge Integration: The integration
of external knowledge sources, such as domain-
specific ontologies and pre-trained language
models, proved to be a valuable asset in improving
the handling of OOV terms. This integration added
context and improved the overall informativeness
of our summaries.

Reinforcement Learning: Through reinforcement
learning  techniques, we  fine-tuned  our
summarization model to optimize OOV handling.
Reward functions tailored to OOV reduction
contributed to the model's ability to generate more
OOV-free and contextually relevant summaries.
Comparative Analysis: A comparative analysis of
various OOV handling techniques highlighted the
strengths and limitations of each approach. This
analysis provides valuable

insights for researchers and practitioners in the
field.

Real-World Applications: The methodologies and
techniques developed in this research have
significant implications for real-world applications
of text summarization,

including  news

summarization, document summarization, and
content generation. Improved summarization
quality can enhance user experiences and decision-
making processes. In conclusion, our study presents
a novel framework for overcoming OOV issues in
abstractive

text summarization, addressing a longstanding

challenge in the field of natural language

processing.
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3. CONCLUSIONS

Text summarization can be divided into extractive
and abstractive methods. An extractive text
summarization method generates a summary that
consists of words and phrases from

the original text based on linguistics and statistical
features, while an abstractive text summarization
method rephrases the original text to generate a

summary that consists of novel phrases.
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