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ABSTRACT

Artificial Intelligence (AI) has emerged as a transformative technology capable of reshaping traditional marketing
systems by enabling data-driven decision-making, predictive analysis, personalized communication, and efficient
resource allocation. Rural markets, which constitute a significant component of emerging economies, face persistent
challenges related to information asymmetry, inefficient supply chains, limited market connectivity, and inadequate
access to customer insights. The integration of Artificial Intelligence into rural marketing offers opportunities to
overcome these limitations by improving market access, enhancing agricultural advisory services, and supporting rural
entrepreneurship.

This empirical study examines the role of Artificial Intelligence in enhancing rural marketing efficiency and improving
market access among rural producers and entrepreneurs. The study investigates the influence of Al awareness, perceived
usefulness, digital literacy, and technology adoption on marketing performance outcomes.

A structured questionnaire was administered to 300 respondents including farmers, rural entrepreneurs, self-help group
members, and rural consumers. Data were analysed using statistical tools including reliability analysis, descriptive
statistics, correlation analysis, exploratory factor analysis, and multiple regression analysis.

The findings reveal that Al adoption has a significant positive impact on rural marketing efficiency and market access.
Digital literacy emerged as a critical determinant influencing Al adoption behaviour. The study highlights that Al-based
platforms can reduce information gaps, improve price discovery, strengthen producer-consumer relationships, and create
new entrepreneurial opportunities in rural markets.

The study recommends developing rural Al literacy programmes, promoting local-language Al applications,
strengthening digital infrastructure, and encouraging public-private partnerships for inclusive Al adoption. The research
contributes to the growing literature on Al-driven rural transformation and provides practical insights for policymakers,
marketers, and rural development organizations.

Keywords: Artificial Intelligence, Rural Marketing, Digital Literacy, Market Access, Rural Entrepreneurship,
Technology Adoption, Al Adoption

1. INTRODUCTION

1.1 Background

Rural markets represent one of the most dynamic and emerging sectors of developing economies. In India, rural
consumers contribute significantly to national consumption patterns, agricultural production, and entrepreneurship
activities. However, rural marketing continues to experience structural challenges such as fragmented markets,
dependence on intermediaries, lack of reliable information, weak distribution networks, and limited technological
penetration.

The emergence of Artificial Intelligence has created new possibilities for addressing these challenges. Al enables
organizations to process large volumes of data, identify consumer patterns, forecast demand, automate communication,
and provide personalized recommendations.

1.2 Artificial Intelligence Applications in Rural Marketing

Artificial Intelligence (Al) has emerged as a powerful technological innovation capable of transforming traditional rural
marketing systems. Rural markets are characterized by geographical dispersion, fragmented supply chains, limited
access to market information, and information asymmetry between producers, intermediaries, and consumers. Al-based
technologies provide opportunities to overcome these limitations by enabling intelligent decision-making, predictive
analysis, personalized communication, and efficient market connectivity.
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According to Davenport et al. (2020), Artificial Intelligence enhances marketing capabilities by analysing large volumes
of data, predicting customer behaviour, automating processes, and improving decision-making efficiency. Similarly,
Dwivedi et al. (2021) highlighted that Al is reshaping marketing practices by improving personalization, customer
engagement, and strategic decision-making.

In rural marketing, Al applications are particularly significant in agriculture, rural entrepreneurship, consumer analysis,
supply chain management, and digital marketplaces. The major applications of Al in rural marketing are discussed
below.

1. Al-Powered Agricultural Advisory Systems

Al-powered agricultural advisory systems are intelligent digital platforms that provide farmers with personalized
recommendations using machine learning algorithms, satellite imagery, weather information, soil data, and agricultural
databases.

These systems function as virtual agricultural experts by helping farmers make informed decisions regarding crop
selection, cultivation practices, disease management, and agricultural marketing.

According to Jha et al. (2019), Artificial Intelligence applications in agriculture improve productivity and efficiency by
providing real-time information, predictive analysis, and automated decision support.

Applications of Al-Based Agricultural Advisory Systems

1.1 Crop Recommendation Systems

Al-based crop recommendation systems analyse multiple factors such as soil characteristics, climatic conditions, rainfall
patterns, water availability, historical crop performance, market demand. Based on these factors, Al recommends
suitable crops that have higher productivity and market potential. For example, we can say a farmer planning cultivation
can receive recommendations regarding whether rice, vegetables, pulses, or commercial crops are more suitable based
on environmental and market conditions.

Marketing Importance: Al-based crop recommendations help farmers align production decisions with market demand,
reducing the risk of overproduction and price decline.

1.2 Al-Based Disease and Pest Detection

Crop diseases and pest attacks are major challenges affecting agricultural productivity. Al-based image recognition
systems can identify diseases by analysing photographs captured through smartphones.

The process involves farmer uploads crop images, Al analyses disease patterns, system identifies possible problems, Al
recommends preventive measures.

According to Kamilaris and Prenafeta-Boldu (2018), deep learning technologies have significant applications in
agricultural disease detection and precision farming. The common benefits are early disease identification, reduction in
crop losses, better input utilization, improved agricultural decision-making

1.3 Weather-Based Agricultural Advisory

Weather uncertainty significantly affects rural production and marketing decisions. Al systems analyse historical and
real-time climate data to predict rainfall patterns, temperature changes, drought probability, extreme weather conditions.
Farmers can use this information for sowing decisions, irrigation planning, harvest timing, storage decisions. The
marketing impact are accurate weather prediction helps farmers plan production and avoid market shortages or excessive
supply.

1.4 Al-Based Market Advisory Services

Al platforms provide farmers with information regarding current market prices, buyer requirements, demand trends,
transportation options

This reduces dependence on intermediaries and improves farmers' bargaining power.

2. Intelligent Market Price Forecasting

Market price forecasting refers to predicting future prices of agricultural commodities using Al algorithms and historical
market data.

Al analyses previous price trends, production levels, demand and supply conditions, weather factors, government
policies, market fluctuations

According to Kumar et al. (2021), predictive analytics improves agricultural marketing decisions by helping producers
understand future price movements.
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The roles of farmer and business in rural marketing are:

For Farmers

For Business

Al price forecasting helps farmers:
» Select the appropriate selling time
> Identify profitable markets
» Reduce distress selling
» Improve income planning

Agribusiness organizations use Al forecasting
for:

» Procurement planning

» Inventory management

»  Supply chain optimization

If Al predicts an increase in potato prices due to expected supply shortages, farmers may decide to store their produce
temporarily instead of selling immediately.

3. Digital Marketplaces

Digital marketplaces are online platforms that connect rural producers directly with consumers, retailers, and
organizations.

Al enhances digital marketplaces by improving buyer-seller matching, product recommendations, logistics management,
customer communication

According to Manyika et al. (2017), Al-enabled digital platforms reduce information barriers and improve market
efficiency.

Al Applications in Digital Marketplaces

3.1 Buyer-Seller Matching

Al identifies suitable buyers based on product category, location, quantity supplied, demand patterns. This enables
farmers and rural entrepreneurs to access wider markets.

3.2 Al-Based Product Recommendations

Al analyses customer behaviour and recommends suitable products.

Factors analysed include previous purchases, search history, customer preferences, location

3.3 Supply Chain Optimization

Al improves transportation planning, delivery scheduling, inventory management

The common benefits are reduced transaction costs, direct market access, better price realization, expansion of customer
base

4. Al-Driven Customer Segmentation Tools

Customer segmentation involves dividing consumers into groups based on their characteristics, preferences, and
purchasing behaviour.

Traditional rural marketing segmentation mainly focused on geographic location, income level, occupation. However,
Al enables advanced behavioural segmentation.

According to Kotler and Keller (2022), effective segmentation enables organizations to design targeted marketing
strategies and improve customer satisfaction.

Al-Based Segmentation Parameters

Al analyses consumer purchasing behaviour, product preferences, income patterns, digital usage behaviour, lifestyle
characteristics

Various example we can take as Al may classify rural consumers into different segments which are as:

Segment 1: Digitally active rural youth interested in online shopping.

Segment 2: Farmers interested in agricultural technology products.

Segment 3: Price-sensitive consumers seeking affordable products.

Benefits are better targeting, personalized marketing, efficient advertising, improved customer relationships

5. Chatbots and Virtual Assistants

Al chatbots are automated communication systems that interact with customers through text or voice. They provide
instant assistance without requiring human intervention.

According to Huang and Rust (2021), Al-powered service technologies improve customer interaction by providing faster
and personalized responses.

Applications in Rural Marketing

Customer Support: Chatbots provide information about product availability, pricing, delivery status, services
Agricultural Assistance: Farmers can ask questions related to crop diseases, fertilizer usage, market prices, farming
practices
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Regional Language Communication: Al voice assistants can communicate in local languages, improving technology
accessibility among rural users.

Benefits are 24x7 customer assistance, faster communication, reduced service costs, improved customer experience

6. Predictive Analytics for Demand Forecasting

Predictive analytics uses Al algorithms to analyse historical data and forecast future demand patterns.

It helps organizations understand what customers will buy, when demand will increase, how much inventory is required.
According to Chaffey and Ellis-Chadwick (2022), predictive analytics enables organizations to anticipate customer
needs and improve marketing effectiveness.

Applications

6.1 FMCG Rural Marketing: Companies use Al to forecast demand for packaged food products, personal care products,
household items.

6.2 Agricultural Supply Chain Management: Al predicts crop demand, storage requirements, transportation needs

6.3 Inventory Management: Al prevents excess inventory, product shortages, supply chain disruptions

2. THEORETICAL FRAMEWORK
Technology Acceptance Model (TAM)
The study adopts Davis's Technology Acceptance Model (1989).

According to TAM:
Perceived Usefulness Perceived Ease of Use Adoption Intention
(Users believe Al o/  (Users believe Al »| (Users decide whether
improves their technology is easy to to adopt Al)
performance) operate)
Proposed Model
Digital Literacy » Al Awareness 4* Perceived Usefiilness I—’ Al Adontion

Marketing Efficiency [ {—Market Access
4« v

3. RESEARCH GAP
Existing research has extensively examined Al applications in urban marketing and digital transformation. However,
limited studies focus on:
a. Al adoption among rural stakeholders
b. Impact of Al on rural market efficiency
c. Role of digital literacy in rural Al acceptance
d. AI contribution to rural entrepreneurship
Therefore, this study attempts to fill these research gap.

4. HYPOTHESIS

HI1: Al adoption significantly influences rural marketing efficiency.

H2: Al adoption significantly improves market access for rural producers.
H3: Digital literacy positively influences Al adoption.

H4: Perceived usefulness of Al positively influences adoption intention.
H5: Al adoption positively affects rural entrepreneurial performance.

5. RESEARCH METHODOLOGY

This chapter presented the research methodology adopted for examining the role of Artificial Intelligence in rural
marketing. The study follows a quantitative empirical approach involving 300 respondents from different rural
stakeholder groups. Purposive and convenience sampling techniques are used for respondent selection. Data collected
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through structured questionnaires is analysed using SPSS 26.0 through reliability testing, factor analysis, correlation
analysis, regression analysis, and ANOVA.

The methodology provides a scientific foundation for analysing the impact of Al adoption on rural marketing efficiency
and market access.
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The research design is quantitative empirical research.
Rural stakeholders including farmers, rural entrepreneurs, SHG members, rural consumers. The sample Size were 300
respondents. sampling method was purposive and convenience sampling.

6. DATA ANALYSIS & INTREPRATATION

Data analysis is a systematic process of organizing, examining, and interpreting collected data to derive meaningful
conclusions. In empirical research, data analysis helps the researcher identify patterns, relationships, and significant
factors influencing the research variables.

The present study titled "Role of Artificial Intelligence in Enhancing Rural Marketing Efficiency and Market Access:
An Empirical Study" analyses the impact of Artificial Intelligence adoption on rural marketing efficiency and market
accessibility.

The primary data collected from 300 rural stakeholders (farmers, rural entrepreneurs, SHG members, and rural
consumers) through a structured questionnaire was analysed using SPSS Version 26.0.

The following statistical techniques were applied frequency analysis, percentage analysis, descriptive statistics,
reliability analysis (Cronbach alpha), KMO and bartlett's test, exploratory factor analysis, correlation analysis, regression
analysis, Anova.

6.1 Profile of Respondents
Table 6.1: Gender Distribution

Gender | Frequency | Percentage (%)
Male 198 66

Female | 102 34

Total | 300 100

Interpretation: The table shows that out of 300 respondents, 66% were male and 34% were female. The higher
participation of male respondents may be attributed to their greater involvement in agricultural activities and rural
business operations. However, female participation indicates the increasing role of women in rural entrepreneurship and
self-help group activities.

Table 6.2: Age Distribution

Age Group Frequency | Percentage (%)
Below 30 years | 75 25

31-45 years 135 45

Above 45 years | 90 30

Total 300 100

Interpretation: The majority of respondents (45%) belong to the age group of 3145 years, followed by respondents
above 45 years (30%).

This indicates that middle-aged rural stakeholders constitute the major group involved in agricultural and entrepreneurial
activities and are potential users of Al-based marketing solutions.

Table 6.3: Educational Profile

Education Level Frequency | Percentage (%)
Primary Education 60 20

Secondary Education 105 35

Graduation 90 30
Post-Graduation & Above | 45 15

Total 300 100

Interpretation: The table indicates that 35% respondents have secondary education, while 30% have graduation-level
education.
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The educational background of respondents is important because digital literacy and education influence acceptance and
adoption of Al technologies.

Table 6.4: Occupational Distribution

Occupation Frequency | Percentage (%)
Farmers 135 45

Rural Entrepreneurs | 75 25

SHG Members 45 15

Rural Consumers 45 15

Total 300 100

Interpretation: Farmers represent the largest group (45%) in the sample, followed by rural entrepreneurs (25%). This
distribution provides adequate representation of major rural stakeholders involved in production, marketing, and
consumption activities.

6.2 Descriptive Statistics Analysis

Descriptive statistics summarize the overall responses of participants regarding study variables.

The variables analysed includes Al Awareness, Digital Literacy, Al Adoption, Marketing Efficiency, Market Access. A
five-point Likert scale was used:

Table 6.5: Descriptive Statistics

Variables Mean | Std. Deviation
Al Awareness 3.84 |0.76
Digital Literacy 3.56 |0.82
Perceived Usefulness of Al | 4.02 | 0.71
Al Adoption 3.74 |1 0.79
Marketing Efficiency 4.05 |0.69
Market Access 4.10 | 0.68

Interpretation: The results indicate that all variables have mean values above the midpoint value of 3. The highest mean
score is recorded for Market Access (Mean = 4.10). This indicates that respondents strongly believe Al improves access
to markets. The lowest mean score is recorded for Digital Literacy (Mean = 3.56). This suggests that digital skills remain
a challenge among rural stakeholders.

6.3 Reliability Analysis

Cronbach Alpha Test

Reliability analysis determines the consistency of measurement items used in the questionnaire.
A Cronbach Alpha value above 0.70 indicates acceptable reliability.

Table 6.6: Reliability Statistics

Construct Number of Items | Cronbach Alpha
Al Awareness 5 0.824
Digital Literacy 5 0.851
Perceived Usefulness | 5 0.863
Al Adoption 5 0.887
Marketing Efficiency | 5 0.864
Market Access 5 0.842

Interpretation: All constructs have Cronbach Alpha values greater than 0.70.
Therefore, the questionnaire demonstrates high internal consistency, measurement reliability, suitability for further
statistical analysis

6.4 KMO and Bartlett's Test

Factor analysis suitability was examined using:
1. Kaiser-Meyer-Olkin (KMO) Test
2. Bartlett's Test of Sphericity
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Table 6.7: KMO and Bartlett Test Results

Test Value
KMO Measure of Sampling Adequacy | 0.846
Bartlett's Chi-Square 2456.32
Degree of Freedom 435
Significance Level 0.000

Interpretation: The KMO value of 0.846 indicates excellent sampling adequacy.
The significance value of Bartlett's test is less than 0.05, indicating that variables are correlated and factor analysis is
appropriate.

6.5 Exploratory Factor Analysis
Factor analysis was conducted to identify major dimensions influencing Al adoption and rural marketing performance.
Table 6.8: Extracted Factors

Factor Variables Included Variance
Explained (%)

Factor 1: Al Adoption Al usage, willingness, acceptance 28.6

Factor 2: Digital Capability Digital skills, technology usage 21.4

Factor 3: Market Access Customer reach, information availability | 18.3

Factor 4: Marketing Efficiency | Cost reduction, decision improvement 16.7

Factor 5: Al Awareness Knowledge about Al applications 10.9

Total Variance Explained = 95.9%
Interpretation: The factor analysis identifies five important dimensions influencing Al-based rural marketing. Al
adoption emerges as the most important factor explaining rural marketing transformation.

6.6 Correlation Analysis
Pearson correlation analysis was conducted to examine relationships between variables.
Table 6.9: Correlation Matrix

Variables Correlation Coefficient
Al Adoption & Marketing Efficiency | 0.742
Al Adoption & Market Access 0.768
Digital Literacy & Al Adoption 0.681
Al Awareness & Al Adoption 0.654

Interpretation: The correlation results indicate positive relationships among all variables.
The strongest relationship exists between Al Adoption and Market Access (r = 0.768). This indicates that higher Al
adoption leads to improved market connectivity.

6.7 Regression Analysis

Regression analysis was conducted to examine the impact of Al-related factors on marketing efficiency.
Regression Model:

Marketing Efficiency = f (Al Adoption + Digital Literacy + AI Awareness)

Table 6.10: Regression Results

Independent Variable | Beta Value | Significance
Al Adoption 0.526 0.000
Digital Literacy 0.314 0.003
Al Awareness 0.245 0.008

R2=0.64
Interpretation: The regression results indicate Al Adoption has the strongest positive impact on marketing efficiency,
Digital literacy significantly influences Al utilization, Al awareness also contributes positively.
The R? value of 0.64 indicates that 64% variation in rural marketing efficiency is explained by Al adoption-related
factors.
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6.8 ANOVA
ANOVA was conducted to identify whether differences exist among respondent groups.
Table 6.11: ANOVA Results

Variable F Value | Significance
Al Awareness | 6.84 0.001

Al Adoption 8.26 0.000
Digital Literacy | 5.92 0.003
Interpretation: The significance values are below 0.05, indicating significant differences among respondent groups.
Different categories of rural stakeholders have different levels of Al awareness, Al adoption, Digital literacy

6.9 Hypothesis Testing

Table 6.12: Hypothesis Results
Hypothesis | Statement Result
H1 Al adoption positively influences marketing efficiency | Accepted
H2 Al improves market access for rural producers Accepted
H3 Digital literacy influences Al adoption Accepted
H4 Perceived usefulness affects Al adoption intention Accepted
H5 Al adoption improves rural entrepreneurial performance | Accepted

DISCUSSION

The findings indicate that Al adoption significantly improves rural marketing outcomes. Al provides rural producers
with better access to market information, improves decision-making, and reduces dependency on traditional
intermediaries.

Digital literacy acts as an important enabling factor. Without adequate technological skills, rural stakeholders may not
fully utilize Al-based solutions.

MAJOR FINDINGS OF THE STUDY
Based on statistical analysis, the following findings were obtained:
1. Rural stakeholders have a positive perception regarding Al applications.
Al adoption significantly improves rural marketing efficiency.
Al enhances market access by reducing information gaps.
Digital literacy is a key factor influencing Al adoption.
Al-based platforms support rural entrepreneurship development.
Lack of digital skills remains a major barrier to Al implementation.

NV WD

Respondents believe Al can improve price discovery and customer connectivity.

MANAGERIAL IMPLICATIONS

Companies operating in rural markets should:
Develop simple Al-based applications.
Provide regional language support.

Use Al for rural consumer segmentation.
Build digital training programmes.

Integrate Al with rural distribution networks.

kW=

POLICY IMPLICATIONS
Government initiatives should focus on:
1. Rural Al literacy missions
2. Digital infrastructure development
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3. Al-based agricultural platforms
4. Support for rural start-ups

CONCLUSION

Artificial Intelligence represents a major opportunity for transforming rural marketing systems. The study confirms that
Al adoption enhances marketing efficiency, improves market access, and strengthens rural entrepreneurship. This
chapter presented the analysis and interpretation of primary data collected from 300 rural stakeholders.

The results demonstrate that Artificial Intelligence has a significant positive impact on rural marketing efficiency and
market access. Reliability analysis confirmed the consistency of measurement scales, while factor analysis identified
major influencing dimensions. Correlation and regression analysis established significant relationships between Al
adoption, digital literacy, marketing efficiency, and market accessibility.

The findings provide empirical support for the role of Al as an important tool for transforming rural marketing systems.
However, successful Al implementation requires addressing challenges related to digital literacy, awareness,
affordability, and infrastructure.

Al-driven rural marketing can become an important pathway for inclusive economic development.

References
1. Ajzen, I. (1991). The theory of planned behavior. Organizational Behavior and Human Decision Processes,
502), 179-211.
2. Aker, J. C. (2011). Dial “A” for agriculture: A review of information and communication technologies for
agricultural extension in developing countries. Agricultural Economics, 42(6), 631—-647.
3. Anderson, J. R., & Feder, G. (2007). Agricultural extension. In Handbook of Agricultural Economics (Vol. 3,
pp. 2343—2378). Elsevier.
4. Arora, P., & Vermani, A. (2021). Artificial intelligence applications in agriculture: Opportunities and
challenges. International Journal of Agricultural Science and Research, 11(4), 45-56.
5. Armstrong, G., Kotler, P., & Opresnik, M. O. (2023). Marketing: An Introduction (15th ed.). Pearson.
6. Atzori, L., lera, A., & Morabito, G. (2017). Understanding the Internet of Things: Definition, potentials, and
societal role. Computer Networks, 121, 1-19.
7. Bagozzi, R. P. (2007). The legacy of the technology acceptance model and a proposal for a paradigm shift.
Journal of the Association for Information Systems, 8(4), 244-254.
8. Baker, E. W., Al-Gahtani, S. S., & Hubona, G. S. (2007). The effects of gender and age on new technology
implementation in a developing country. Information Technology & People, 20(4), 352-375.
9. Bala, H., & Venkatesh, V. (2016). Adaptation to information technology: A holistic nomological network. MIS
Quarterly, 40(2), 391-422.
10.Bandura, A. (1986). Social Foundations of Thought and Action: A Social Cognitive Theory. Prentice Hall.
11.Barua, A., Mani, D., & Mukherjee, R. (2018). Artificial intelligence and business value creation. M1S Quarterly
Executive, 17(1), 1-15.
12.Behera, B. S., Das, S., & Patnaik, N. (2020). Artificial intelligence in agriculture: Applications and challenges.
International Journal of Current Microbiology and Applied Sciences, 9(5), 1234—1245.
13.Berman, B. (2012). 3-D printing: The new industrial revolution. Business Horizons, 55(2), 155—162.
14.Brynjolfsson, E., & McAfee, A. (2017). Machine, Platform, Crowd: Harnessing Our Digital Future. Norton.
15. Chaffey, D., & Ellis-Chadwick, F. (2022). Digital Marketing: Strategy, Implementation and Practice. Pearson.
16.Chandra, R., & Malaya, D. (2020). Digital transformation and rural development in India. Journal of Rural
Development, 39(2), 245-260.
17.Chui, M., Manyika, J., & Miremadi, M. (2018). Notes from the Al frontier: Insights from hundreds of use cases.
McKinsey Global Institute.
18.Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information technology.
MIS Quarterly, 13(3), 319-340.
19.Dwivedi, Y. K., Hughes, L., Ismagilova, E., et al. (2021). Artificial Intelligence (Al): Multidisciplinary
perspectives on emerging challenges, opportunities, and agenda for research. International Journal of Information
Management, 57, 101994.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM66851 | Page 9



https://ijsrem.com/

e
'{IJSREN:{'
heen 7 International Journal of Scientific Research in Engineering and Management (IJSREM)
W Volume: 10 Issue: 08 | Aug - 2026 SJIF Rating: 8.659 ISSN: 2582-3930

20.Davenport, T. H., Guha, A., Grewal, D., & Bressgott, T. (2020). How artificial intelligence will change the
future of marketing. Journal of the Academy of Marketing Science, 48, 24—42.

21.Deichmann, U., Goyal, A., & Mishra, D. (2016). Will digital technologies transform agriculture in developing
countries? Agricultural Economics, 47(S1), 21-33.

22.FAO. (2022). The State of Food and Agriculture: Leveraging Automation in Agriculture for Transforming
Agrifood Systems. Food and Agriculture Organization.

23.Fishbein, M., & Ajzen, 1. (1975). Belief, Attitude, Intention and Behavior: An Introduction to Theory and
Research. Addison-Wesley.

24.Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable variables.
Journal of Marketing Research, 18(1), 39-50.

25.Gartner. (2021). Artificial Intelligence and Machine Learning Trends Report. Gartner Research.

26.George, G., Haas, M. R., & Pentland, A. (2014). Big data and management. Academy of Management Journal,
57(2), 321-326.

27.Ghosh, S., & Roy, S. (2021). Digital technologies and rural transformation in India. Indian Journal of
Agricultural Economics, 76(3), 451-465.

28.Gronroos, C. (2007). Service Management and Marketing. Wiley.

29.Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2019). Multivariate Data Analysis. Cengage Learning.
30.Huang, M. H., & Rust, R. T. (2021). A strategic framework for artificial intelligence in marketing. Journal of
the Academy of Marketing Science, 49, 30-50.

31.Jha, K., Doshi, A., Patel, P., & Shah, M. (2019). A comprehensive review on automation in agriculture using
artificial intelligence. Artificial Intelligence in Agriculture, 2, 1-12.

32.Joshi, A., Prasad, S., & Kumar, R. (2021). Digital agriculture and Al adoption among farmers. Agricultural
Informatics Journal, 12(2), 55—67.

33.Kamilaris, A., & Prenafeta-Boldu, F. X. (2018). Deep learning in agriculture: A survey. Computers and
Electronics in Agriculture, 147, 70-90.

34.Klerkx, L., Jakku, E., & Labarthe, P. (2019). A review of social science on digital agriculture. NJAS:
Wageningen Journal of Life Sciences, 90-91, 100315.

35.Kothari, C. R. (2004). Research Methodology.: Methods and Techniques. New Age International.

36.Kotler, P., & Keller, K. L. (2022). Marketing Management (16th ed.). Pearson.

37.Kumar, A., Singh, R., & Sharma, P. (2021). Predictive analytics in agricultural marketing: Evidence from
developing economies. Journal of Agribusiness Studies, 15(1), 22-35.

38.Kumar, V., & Reinartz, W. (2018). Customer Relationship Management: Concept, Strategy and Tools. Springer.
39.Laudon, K. C., & Laudon, J. P. (2022). Management Information Systems: Managing the Digital Firm. Pearson.
40.Lee, J., Kao, H. A., & Yang, S. (2014). Service innovation and smart analytics for Industry 4.0. Procedia CIRP,
16, 3-8.

41.Manyika, J., Chui, M., Bughin, J., et al. (2017). A Future That Works: Automation, Employment, and
Productivity. McKinsey Global Institute.

42.Marangunié, N., & Granié, A. (2015). Technology acceptance model: A literature review. Universal Access in
the Information Society, 14, 81-95.

43.McKinsey Global Institute. (2020). The Future of Work After COVID-19. McKinsey & Company.

44.Mittal, S., Gandhi, S., & Tripathi, G. (2010). Socio-economic impact of mobile phones on Indian agriculture.
Indian Council of Agricultural Research Report.

45.Morgan, J. (2019). Artificial intelligence and the future of business. Business Strategy Review, 30(2), 20-25.
46.NITI Aayog. (2018). National Strategy for Artificial Intelligence. Government of India.

47.0OECD. (2021). Artificial Intelligence in Society. OECD Publishing.

48. Parasuraman, A., Zeithaml, V., & Malhotra, A. (2005). E-S-QUAL: A multiple-item scale for electronic service
quality. Journal of Service Research, 7(3), 213—-233.

49. Porter, M. E. (1985). Competitive Advantage: Creating and Sustaining Superior Performance. Free Press.
50.Prahalad, C. K. (2005). The Fortune at the Bottom of the Pyramid. Wharton School Publishing.

51.Rogers, E. M. (2003). Diffusion of Innovations (5th ed.). Free Press.

52.Rust, R. T., & Huang, M. H. (2014). The service revolution and the transformation of marketing science.
Marketing Science, 33(2), 206-221.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM66851 | Page 10



https://ijsrem.com/

e
: IJSRED:"
s seurna International Journal of Scientific Research in Engineering and Management (IJSREM)
W Volume: 10 Issue: 08 | Aug - 2026 SJIF Rating: 8.659 ISSN: 2582-3930

53.Sekaran, U., & Bougie, R. (2016). Research Methods for Business: A Skill-Building Approach. Wiley.
54.Shneiderman, B. (2020). Human-centered artificial intelligence: Reliable, safe and trustworthy. International
Journal of Human-Computer Interaction, 36(6), 495-504.

55.8rinivas, H., & Reddy, P. (2022). Artificial intelligence adoption challenges in rural economies. Technology in
Society, 68, 101850.

56.Sundararajan, A. (2016). The Sharing Economy. MIT Press.

57.Tarhini, A., Hone, K., & Liu, X. (2014). Measuring the moderating effect of gender and age on e-learning
acceptance. Computers in Human Behavior, 41, 202-214.

58.UNCTAD. (2021). Technology and Innovation Report 2021: Catching Technological Waves. United Nations.
59. Venkatesh, V., Morris, M., Davis, G., & Davis, F. (2003). User acceptance of information technology: Toward
a unified view. MIS Quarterly, 27(3), 425—478.

60. World Bank. (2021). Digital Agriculture and Rural Development Report. World Bank Publications.

61.Zhang, C., & Kovacs, J. M. (2012). The application of small unmanned aerial systems for precision agriculture.
Precision Agriculture, 13, 693—712.

62.Zhang, Y., & Chen, Y. (2020). Artificial intelligence-based marketing analytics and consumer behaviour
prediction. Journal of Business Research, 117, 410—420.

63.Zhao, Y., Bacao, F., & Oliveira, T. (2021). What factors determining customer continuingly using food delivery
apps during COVID-19? International Journal of Hospitality Management, 91, 102683.

64.Zhou, K., Fu, C., & Yang, S. (2016). Big data driven smart energy management. Energy Reviews, 56, 215—-229.
65. Zuboff; S. (2019). The Age of Surveillance Capitalism. Public Affairs.

66.Zhang, X., & Zhang, X. (2020). Digital inclusion and rural development. Information Technology for
Development, 26(3), 450—468.

© 2026, IJSREM | https://ijsrem.com DOI: 10.55041/IJSREM66851 | Page 11



https://ijsrem.com/

