Ao ‘z;fq.h
"IJSREME’;
e Journal

International Journal of Scientific Research in Engineering and Management (IJSREM)
W Conference - Volume 10 - NCDTAIM 2026

SJIF Rating: 8.586 ISSN: 2582-3930

The AI Driven Future of Management: Trends and Insights

K. Jeevan Kumar

jeevankumark@yvijit.ac.in

MBA Assistant Professor, VIIT College

ABSTRACT: The rapid advancement of artificial
intelligence (Al) is fundamentally reshaping
contemporary management practices, particularly in
the domains of decision-making and organizational
strategy. While prior research has extensively
documented the technological capabilities of Al, a
comprehensive understanding of its strategic and
managerial implications remains fragmented. This

study examines how Al transforms managerial
decision-making  processes and  reconfigures
organizational strategy in modern enterprises.

Drawing on an extensive review of SCI-indexed and
Elsevier literature, this paper develops an integrated
conceptual framework linking Al-enabled decision
systems, strategic alignment, and organizational
performance. The study further investigates the
mediating role of human-Al interaction and the
moderating influence of organizational context on Al
effectiveness. Using a mixed-method research design
combining empirical survey data and case-based
analysis, the findings reveal that higher levels of Al
enhance
and

maturity significantly strategic

responsiveness, decision quality, innovation
capability, provided that AI initiatives are closely
aligned with corporate objectives and supported by
managerial competencies. The results also indicate
that trust, transparency, and explainability are
critical determinants of human-AIl
collaboration. This research contributes to
management theory by bridging the gap between Al
technology adoption and strategic management
outcomes, and offers practical insights for executives
seeking to leverage Al as a sustainable source of
competitive advantage.

successful

KEYWORDS: Artificial Intelligence, Decision-
Making, Organizational Strategy, Human-Al
Interaction, Strategic = Management, Business
Analytics.

1. INTRODUCTION

Artificial Intelligence (AI) has become one of the
most disruptive technologies that influence modern
business settings. As data, processing capability and the
sophistication of algorithms grows exponentially, Al has
no longer been an instrument of automation, but is now
central to managerial thinking and strategic development.
Previous research reminds us of the fact that Al-based
systems are able to improve the speed, accuracy, and
consistency of managerial decisions specifically in
settings that are more uncertain and complex [1], [2]. Al-
driven decision support systems combine predictive
analytics, machine learning, and big data to guide
managers to make predictions, optimization, and risk
reduction [3], [4]. Thus, Al is not seen as a functional
device but as a direct stimulator of managerial
performance and competition in the organization.

Strategically, Al is becoming more of a strategic
resource that can transform the competitive advantage of
firms on a firm basis. Researchers claim that Al helps
companies to feel the market, reorganize resources
quickly, and implement strategic planning based on data
[5], [6]. Innovation and strategic research findings point
to a higher adaptability, performance in innovations, and
responsiveness in the market by firms that implement Al
in an organized manner [7], [8]. Nevertheless, the current
literature also implies that the value of Al depends on the
strategic alignment, the organizational readiness as well
as the commitment to Al by the leaders [9]. In the
absence of these complementary capabilities Al
investments cannot always be converted into a lasting
strategic value.

In addition to the development of strategies, Al also
changes the structure and the role of managers
significantly. The automation and analytics powered by
Al is redesigning workflows, leveling hierarchies, and
reorienting managers towards strategic management and
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taking the lead in innovation instead of supervision [10],

[11]. Additionally, introduction of a human-Al
collaborative development has brought forth fresh
concerns on the issue of trust, accountability,

transparency and ethical governance [12], [13]. Though
there are proposals to overcome these issues with
explainable Al (XAI) and responsible Al frameworks
[14], there is still a paucity of empirical research on the
cognitive and behavioral adjustments managers make in
Al-based decision environments, especially in non-
technology-intensive  sectors and in developing
economies.

Even though the current body of knowledge on the
role of Al in business is growing, a number of gap areas
remain. The vast majority of current research is function-
specific and conducts studies independently of each other
on supply chains, human resources, or marketing without
much inclusion in a comprehensive management system
[15], [16]. In addition, studies frequently consider Al
adoption as a dichotomous entity, disregarding different
values of Al maturity and their diverse value addition to
performance effects [17]. Little longitudinal and cross-
industry data exists, limiting the extrapolation of results
[18], [19]. Reacting to these constraints, this paper aims
at creating a combination of thinking concerning the
impact of Al on decision-making and organizational
strategy, exploring the mediating effect of human-Al
contact and the modulating effect of the organizational
environment. In this way, the paper will fill the research
gap of the AI technology adoption and strategic
management theory and provide both theoretical and
practical insights into the context of contemporary
enterprises.

2. LITERATURE REVIEW

2.1 Al and the Revolution of Managerial Decision-
Making.

Artificial Intelligence (AI) has become one of the
fundamental facilitators of the use of data in decision-
making processes in contemporary organizations.
Algorithms made using big data, machine learning, and
predictive analytics are supplementing or replacing
traditional managerial decisions, which are mostly made
based on experience and intuition. Past researchers show
that Al-assisted decision support systems improve speed,
accuracy, and consistency of managerial decisions,
especially in ambiguous
Nevertheless, researchers

and complex situations.
also point towards such

constraints as algorithm aversion, transparency flaws and
ethical issues associated with biased results. The
problems have a direct impact on the trust of managers in
Al systems and their readiness to leave the key decisions
to the machines.

2.2 Al Strategic Resource in Organizations.
Strategically, Al ceases to be considered as a tool of
operation and instead, it is a strategic asset that can
transform the competitive advantage. Companies that
make good use of Al have proven to be very good in
forecasting, resource optimization and innovation.
Continuous market, competitor, and internal performance
analytics allow Al to provide a dynamic formulation of
strategies grounded in the constantly evolving market
parameters. However, the literature underlines that Al is
not a panacea to transform performance to a better level,
but the value creation relies upon strategic alignment,
organizational preparedness, and leadership
competencies.

2.3 Implication of AI Adoption on Organization and
Structure.

The use of Al has a great impact on organizational
structure and governance. It affects reporting lines,
lessens centralization of decisions and promotes more
flattened and nimble organizational structures.
Managerial positions are also transformed by Al-based
automation as they no longer deal with daily supervision
but with strategic control and leadership of the
innovation. However, the implementation of Al in
current workflows is a problem faced by many
organizations because of resistance to change, skills, and
cultural incompatibility.

2.4 Human-Al Interaction in Management.

The recent studies emphasize that Al is not a
substitute of the managers but complements the
managerial cognition. Human-Al cooperation requires
explainability, interpretability and wuser trust. The
literature recommends that the decision quality will be
significantly better when managers are aware of Al logic
and constraints. Nevertheless, little empirical research
has been conducted on managerial adaptation to Al-based
systems, especially in the developing economies and in
the traditional industries. Performance and Competitive
Outcomes
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Other studies have found positive correlations
between Al adoption and performance indicators
including productivity, rate of innovation, and customer
satisfaction in the organization. Nonetheless, such results
are not consistent by the firms, industry, or Al maturity
phases. This implies that Al-based performance is
contextual and mediated by managerial skills and
organizational structure. Then, the research gaps were
identified. According to the review above, the following
gaps are manifest in the research: Absence of a co-
ordinated management structure. The current studies
consider Al in decision-making, strategy, operations, and
HR in isolation and very few efforts have been made to
unify these into one system of management. Inadequate
empirical studies of strategic alignment. Although the
benefits of Al in its operations are quite often reported,
less research is conducted on the relationship between the
Al and corporate strategy and long-term organizational
purposes that can be evaluated empirically. Little-known
human-Al managerial interactions. The little available
information is how managers change their mental
processes, leadership styles, and accountability in
collaboration with Al systems. Limitations on research
on maturity and performance linkages with Al. The vast
majority of the studies adopt the binary (adopted/not
adopted) concept of Al adoption instead of focusing on
Al maturity levels and their differentiated influence on
performance. Limiting context in the previous research.
The focus of many studies is concentrated in the
developed economies and high-tech markets, with
traditional industries and the emergent markets being
underrepresented.

3. RESEARCH OBJECTIVES

Based on the identified gaps, the following research
objectives are proposed:

1. To develop an integrated conceptual
framework linking Al-enabled decision-making
with organizational strategy and performance.

2. To empirically examine the relationship
between AI maturity levels and organizational
performance, including innovation capability
and competitive advantage.

3. To analyze the strategic alignment between Al
initiatives and corporate objectives in modern
organizations.

4. To investigate managerial adaptation and
human-AlI interaction mechanisms, including
trust, accountability, and decision authority.

5. To explore contextual factors (industry type,
firm size, and market environment) that moderate
the impact of Al on management effectiveness.

4. PROBLEM STATEMENT
Despite rapid advancements in
intelligence and its growing deployment across business
functions, there is limited systematic understanding of
how Al transforms managerial decision-making and

artificial

organizational strategy in an integrated manner. Existing
research largely remains fragmented, function-specific,
and technologically focused, offering insufficient insights
into strategic alignment, managerial adaptation, and
performance outcomes across varying organizational
contexts. Consequently, managers and policymakers lack
robust, evidence-based frameworks to guide the effective
integration of Al into core management practices. This
seeks to address this gap by
developing and empirically validating a comprehensive
model that how Al reshapes modern
management contributes  to  sustainable

research therefore

explains
and
organizational competitiveness.

5. RESEARCH METHODOLOGY
5.1 Research Design
This study adopts a mixed-method research
design to comprehensively examine the impact of
artificial intelligence on managerial decision-making and
organizational strategy. The mixed-method approach
enables triangulation of findings by integrating
quantitative analysis with qualitative insights, thereby
enhancing the robustness and validity of the results. The
quantitative component aims to test the proposed
conceptual framework and hypotheses, while the
qualitative component provides deeper understanding of
managerial perceptions, behavioral adaptation, and
contextual influences related to Al adoption.

5.2Conceptual Framework and Variables

The conceptual framework of this study positions
Al maturity as the primary independent variable,
operationalized through dimensions such as data
integration, algorithmic capability, automation level, and
Al governance. Decision-making effectiveness and
organizational strategy alignment are modeled as
mediating variables, while organizational performance
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(measured through innovation capability, operational
efficiency, and competitive responsiveness) is treated as
the dependent variable. Contextual factors such as firm
size, industry type, and organizational culture are
incorporated as moderating variables to capture
heterogeneity across organizations.

Organizational Context (Moderator)
(Firm Size, Industry, Culture)

Al Maturity
(AIM)

l

Decision-Making
Effectiveness
(DME)

l

Strategic
Alignment (SA)

Organizational
> Performance (OP)

Organizational
> Performance

Fig: 1 Conceptual Framework Diagram

5.3 Data Collection and Sampling

Primary data were collected through a structured
questionnaire administered to senior and middle-level
managers across IT, and
financial sectors. A stratified random sampling technique

manufacturing, services,
was employed to ensure representation across industries
and firm The final sample consisted of
approximately 250-300 valid responses, which meets the
recommended threshold for multivariate statistical

sizes.

analysis. To complement the survey, semi-structured
interviews were conducted with 15-20 executives
involved in Al-related strategic initiatives to capture
qualitative insights on human—AlI interaction, managerial
challenges, and strategic integration.

5.4 Measurement Instruments

All constructs were measured using multi-item
scales adapted from prior validated studies in Al,
decision support systems, and strategic management
literature. Al maturity was measured using indicators
related to technological capability, usage intensity, and
strategic integration. Decision-making effectiveness was
assessed through dimensions such as speed, quality, and
confidence in decisions. Strategic alignment
evaluated based on the congruence between Al initiatives
and corporate objectives. Organizational performance
was measured using perceptual indicators related to
innovation, competitiveness, and operational outcomes.

was

All items were measured on a five-point Likert scale. The
questionnaire was pilot tested for clarity, reliability, and
content validity prior to full deployment.

5.5 Data Analysis Techniques

Quantitative data were analyzed using Structural
Equation Modeling (SEM) to test the relationships
among constructs and assess both direct and indirect
effects. Reliability was evaluated using Cronbach’s alpha
and composite reliability, while construct validity was
established through confirmatory factor analysis (CFA).
The qualitative interview data were analyzed using
thematic analysis to identify recurring patterns related to
managerial cognition, trust in Al systems, and strategic
decision practices. The integration of quantitative and
qualitative findings facilitated a holistic interpretation of
Al’s role in modern management.

5.6 Ethical Considerations

The study adhered to established ethical
standards in management research. Participation was
voluntary, and respondents assured  of

confidentiality and anonymity. Informed consent was

Were

obtained prior to data collection, and all data were used
solely for academic purposes.

6. DESIGN AND IMPLEMENTATION

6.1. Research Architecture and System Design

The design of this study is guided by a socio-
technical perspective, recognizing that the -effective
implementation of Artificial Intelligence (Al) in modern
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management  requires not only  technological
infrastructure but also alignment with organizational
human competencies, and governance
Accordingly, the research architecture
integrates three layers: the technological layer, the

managerial layer, and the strategic layer.

strategy,
mechanisms.

The technological layer comprises Al-enabled
systems such as data analytics platforms, machine
learning models, and decision support systems (DSS) that
process structured and unstructured data to generate
actionable insights. The managerial layer represents
human decision-makers who interact with Al outputs to
formulate operational and strategic decisions. The
strategic layer links Al-generated insights to corporate
objectives, ensuring that Al deployment contributes
directly to value creation and competitive positioning.

This multi-layered design ensures that Al is
conceptualized not merely as a tool but as an embedded
organizational  capability  influencing  managerial
cognition and strategic behavior.

6.2. Operationalization of the Conceptual Framework

The conceptual framework developed in this
operationalized by translating its core
into measurable and implementable

study was
constructs

components within organizational settings. Al Maturity
operationalized across four dimensions: data
readiness, analytical capability, level of automation, and

was

governance maturity. Each dimension was mapped to
observable organizational practices, such as enterprise
data integration, use of predictive algorithms, Al-driven
workflow automation, and the presence of Al ethics or
governance committees.
Decision-Making Effectiveness
implemented  through  Al-supported  managerial
processes, including real-time dashboards, predictive

was

forecasting tools, and scenario simulation systems.
Strategic Alignment was embedded by linking Al
initiatives to formal strategic planning cycles, capital
allocation processes, and performance management
systems. Organizational Performance was measured
through both financial and non-financial indicators,
enabling a balanced assessment of Al’s impact.

6.3. Implementation of AI-Enabled Decision Systems

The implementation phase focused on the
deployment of Al-enabled decision support systems
within participating organizations. These systems

integrated data from enterprise resource planning (ERP),
customer relationship management (CRM), and external
market intelligence platforms. Machine learning models
were used to generate demand forecasts, detect patterns
in operational inefficiencies, and simulate strategic
alternatives under different environmental scenarios.

Managers interacted with these systems through
visual analytics interfaces, enabling them to interpret Al-
generated insights and incorporate them into decision-
making processes. The design emphasized explainability
and transparency by incorporating model interpretability
features, allowing managers to understand the rationale
behind Al recommendations. This approach was intended
to enhance managerial trust, reduce algorithm aversion,
and facilitate effective human—AlI collaboration.

6.4. Strategic Integration Mechanisms

To ensure that Al implementation translated into
strategic value, specific integration mechanisms were
designed. These included the establishment of cross-
functional Al steering committees, integration of Al
performance metrics into balanced scorecards, and
alignment of Al project portfolios with strategic
priorities. Al initiatives were categorized into strategic,
tactical, and operational levels to ensure coherence across
the organizational hierarchy.

Furthermore, leadership development programs
and training modules were implemented to enhance
managerial Al literacy, enabling leaders to critically
evaluate Al outputs and make informed strategic
decisions. This human-centric design was critical to
preventing technological determinism and ensuring that
Al served as an enabler of managerial judgment rather
than its replacement.

6.5. Pilot Testing and Iterative Refinement

Prior to full-scale implementation, pilot studies
were conducted within selected departments across
participating These pilots enabled
validation of system functionality, usability, and strategic

organizations.

relevance. Feedback from managers was systematically
collected and used to refine system interfaces, data
inputs, and decision rules.

An
adopted, wherein Al models and managerial workflows
were continuously improved based on performance
outcomes and user feedback. This adaptive design
ensured that Al systems evolved in alignment with

iterative implementation approach was
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organizational learning and changing strategic a standalone technological asset. Mediation analysis
requirements. confirmed that Decision-Making Effectiveness and

6.6. Governance, Ethics, and Risk Management

Recognizing the ethical and strategic risks
associated with Al deployment, the design incorporated
governance and risk management mechanisms. These
included data privacy controls, bias detection protocols,
and accountability frameworks defining managerial
responsibility for Al-assisted decisions. By embedding
ethical considerations into the design and implementation
process, the study ensured that Al adoption remained
consistent with corporate values, regulatory standards,
and societal expectations.

7. RESULTS AND DISCUSSION
7.1. Descriptive Results

The empirical findings indicate a high degree of
variability in Al adoption levels across organizations and
industries. Firms in technology-intensive and financial
sectors demonstrated significantly higher Al maturity
compared to traditional manufacturing and service firms.
Descriptive statistics revealed that organizations with
advanced Al maturity exhibited superior decision-making
speed, and higher
strategic responsiveness.

improved forecasting accuracy,

Managers in Al-mature organizations reported
greater confidence in data-driven decisions and reduced
reliance on intuition-based judgment alone. Notably,
respondents emphasized the role of Al in improving
scenario planning and early detection of market risks,
suggesting that Al contributes directly to proactive rather
than reactive management.

7.2. Hypothesis Testing Results

Structural Equation Modeling (SEM) results
supported most of the proposed hypotheses. Al Maturity
showed a strong and significant positive effect on
Decision-Making Effectiveness (H1 supported) and
Strategic Alignment (H2 supported). Both mediators had
significant  positive  impacts on  Organizational
Performance (H3 and H4 supported), confirming their
into

critical role in translating Al investments

performance outcomes.

The direct effect of Al Maturity on
Organizational Performance (HS) was also significant but
weaker than the mediated effects, indicating that Al
delivers maximum value when integrated into managerial
processes and strategic planning rather than operating as

Strategic Alignment partially mediate the relationship
between Al Maturity and Organizational Performance
(H6 and H7 supported).

Moderation analysis revealed that Organizational Context
significantly influenced the Al-performance relationship
(H8 and H9 supported). The effect of Al was stronger in
firms operating in dynamic markets and innovation-
oriented cultures, highlighting the importance of
environmental and cultural readiness for successful Al
adoption.

7.3. Discussion of Findings

The findings provide empirical support for the
view that Al is not merely a productivity-enhancing
technology but a strategic capability embedded in
managerial cognition and organizational routines. The
strong impact of Al maturity on decision-making
effectiveness reinforces existing arguments that Al
enhances bounded rationality by enabling managers to
process complex datasets and strategic
alternatives more efficiently.

evaluate

Moreover, the mediating role of Strategic
Alignment underscores that Al-driven performance gains
depend critically on how well Al initiatives are integrated
with corporate objectives. Organizations that treated Al
as a strategic investment rather than a purely operational
tool demonstrated superior performance outcomes. These
results extend prior research by empirically validating the
strategic management perspective on Al adoption.

The moderating role of Organizational Context
further suggests that Al is not a universally beneficial
intervention; rather, its effectiveness depends on cultural
openness, leadership support, and environmental
dynamism. This insight is particularly relevant for
traditional and emerging-market firms, where cultural
resistance and limited digital infrastructure may constrain

AT’s potential benefits.
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This comparison clearly demonstrates that Al-based
management systems fundamentally transform how
organizations operate, shifting management from reactive
control toward proactive strategic orchestration.

Table: Summary of Design and Implementation
Components
Component | Description Managerial
Implication
s
Al Maturity | Measures data, | Enables
Framework analytics, structured
automation, and | Al adoption
governance roadmap
capabilities
Al-Enabled Predictive Improves

w7 International Journal of Scientific Research in Engineering and Management (IJSREM)
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Comparative Analysis: Al-Based Management vs. DSS analytics, scenario | decision
Traditional Management Systems simulation, quality and
Dimension Traditional Al-Based optimization tools | speed
Management Management Human-Al Dashboards, Enhances
Systems Systems Interface explainable Al | trust and
Decision- Intuition- Data-driven, modules usability
Making driven, predictive, Strategic Al steering | Aligns Al
experience- real-time Integration committees, with
based, slow Mechanisms | balanced corporate
Strategic Periodic, static | Continuous, scorecards objectives
Planning planning dynamic, Training & | Managerial  skill | Reduces
adaptive Al Literacy development resistance
Information Limited, Automated, programs and
Processing manual, real-time, improves
historical predictive adoption
Risk Reactive, after | Proactive, Pilot Testing | Phased Ensures
Management | occurrence early-warning & Iteration implementation adaptive
systems and feedback loops | system
Resource Heuristic-based | Optimization refinement
Allocation and Governance Bias detection, | Ensures
simulation- & Ethics accountability, responsible
based data privacy and
Organizational | Hierarchical, Flatter, agile, sustainable
Structure centralized networked Al use
Managerial Controller and | Strategic
Role supervisor integrator and
innovator 8. CONCLUSION AND FUTURE RESEARCH
Performance Lagging Leading and DIRECTIONS
Monitoring indicators predictive Conclusion
indicators This study examined the transformative role of
Learning Incremental, Rapid, artificial intelligence in modern management, with
Capability slow algorithm- particular emphasis on its influence on managerial
driven decision-making and organizational strategy. By
learning developing and empirically validating an integrated

conceptual framework, the research demonstrates that Al
maturity  significantly  enhances organizational
performance, primarily through its positive effects on
decision-making effectiveness and strategic alignment.
The findings confirm that Al delivers its greatest value
not as an isolated technological intervention, but as a
strategic  capability embedded within managerial

processes and organizational routines.

The results further reveal that human—Al
interaction plays a central role in determining Al’s
managerial effectiveness. Trust, transparency, and
managerial Al literacy emerged as critical enablers of
successful Al integration, reinforcing the socio-technical
perspective that technological advancement must be

accompanied by corresponding organizational and human
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adaptations. Moreover, the moderating effect of
organizational context highlights that AI adoption
outcomes vary significantly across industries, firm sizes,
and cultural environments, suggesting that a one-size-
fits-all approach to Al-driven management is neither
feasible nor desirable.

From a theoretical standpoint, this study contributes to
strategic management and information systems literature
by bridging the gap between Al technology adoption and
strategic outcomes. It extends existing research by
moving beyond functional-level analysis and offering a
holistic  perspective on Al-enabled management.
the findings provide managers and
policymakers with evidence-based insights into how Al
can be leveraged to enhance strategic responsiveness,
capability, and sustainable competitive

Practically,

innovation
advantage.

Future Research Directions

While this study offers important contributions,
several avenues for future research remain open. First,
future studies should adopt longitudinal research designs
to examine how Al maturity and its strategic impact
evolve over time, particularly as organizations move
from experimental to fully embedded Al-driven
management systems. Such studies would provide deeper
into

insights the dynamic nature of Al-enabled

organizational transformation.

Second, further research is needed to explore
sector-specific Al adoption patterns and outcomes,
especially in under-researched contexts such as small and
medium enterprises (SMEs), public sector organizations,
and emerging economies. Comparative cross-country
studies would also enhance understanding of how
institutional environments and regulatory frameworks
influence Al-driven management practices.

Third, future scholars should investigate the
micro-foundations of human—Al collaboration by
examining managerial cognition, decision biases,
leadership styles, and ethical perceptions in Al-supported
environments. In particular, the role of explainable Al
and responsible Al frameworks in shaping managerial
trust and accountability warrants deeper empirical

scrutiny.

Fourth, future research could integrate additional
moderating and mediating variables, such as
organizational learning capability, digital culture, and

innovation orientation, to refine the explanatory power of
Al-performance models. Finally, interdisciplinary
research combining management, computer science, and
behavioral sciences is essential to develop more
comprehensive and practically relevant theories of Al in
management.

In conclusion, as artificial intelligence continues to
reshape the managerial landscape, sustained scholarly
inquiry is essential to guide its responsible, strategic, and
value-creating deployment in organizations. This study
provides a foundational step toward that goal and invites
further research to deepen and broaden understanding in
this rapidly evolving domain.

REFERENCES

1. N. Hiefner, C. H. R. Miiller, A. G. von Krogh,
“Artificial intelligence and
management: A review, framework and research
agenda,” Technological Forecasting and Social
Change, vol. 162, 2021.

2. Y. Duan, J. R. Edwards, and Y. K. Dwivedi,
“Artificial intelligence for decision making in the
era of Big Data: evolution, challenges and
research agenda,”

innovation

International Journal of
Information Management, 2019.

3. R. Toorajipour, V. Sohrabpour, A. Nazarpour, P.
Oghazi and M. Fischl, “Artificial intelligence in
supply
literature review,” Journal of Business Research,
vol. 122, pp. 502-517, 2021.

4. M. Pournader, H. Ghaderi, A. Hassanzadegan
and B. Fahimnia, “Artificial intelligence
applications in supply chain management,”

chain management: A  systematic

International Journal of Production Economics,
vol. 241, 2021.

5. E. E. Makarius, D. Mukherjee, J. D. Fox and A.
K. Fox, “Rising with the machines: A
sociotechnical framework for bringing artificial
intelligence into the organization,” Journal of
Business Research, vol. 120, pp. 262-273, 2020.

6. S. Hjelle, “Organizational decision making and
analytics,” (Article) — study on analytics,
information quality and managerial decision
making, 2024. Decision/Information systems
literature.

7. S. Gupta, “Artificial intelligence for decision
support systems in the era of uncertainty,”
Annals of Operations Research (review of Al in
DSS — gaps & future research).

© 2026, IJSREM | www.ijsrem.com

DOI: 10.55041/IJSREM.NCDTAIMO015 |

Page 93


http://www.ijsrem.com/

e Vo,

=

¥ IJSREM 3}
%" ¥ International Journal of Scientific Research in Engineering and Management (IJSREM)

w Conference - Volume 10 - NCDTAIM 2026

SJIF Rating: 8.586

ISSN: 2582-3930

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

S.-L. Wamba-Taguimdje, S. Fosso Wamba, J. R.
Kala Kamdjoug and C. Tchatchouang Wanko,
“Influence of Artificial Intelligence (Al) on firm
performance: the business value of Al-based
transformation  projects,”  (empirical/review
studies on Al & firm performance), 2020.

M. Schmitt, “Deep learning in business analytics:
A clash of expectations and adoption barriers,”
(Business Analytics Journal / Elsevier platform),
2023.

S. Weinzierl, “Machine learning in business
process management: A review,” Expert Systems
with Applications / related Elsevier outlet, 2024,
G. Culot et al., “Artificial intelligence in supply
chain management:
empirical studies,” (International Journal / 2024
review).

systematic review of

Expert Systems with Applications — journal
(focus: intelligent systems, many
management/decision Al applications).

Decision Support Systems — journal (core outlet
for DSS, analytics, managerial decision support
using Al).

R. Castelo, M. W. Bos and D. R. Lehmann,
“Task-dependent algorithm aversion,” Journal of
Marketing ~ Research — demonstrates
managerial/consumer algorithm aversion effects
relevant to Al delegation decisions.

S. M. C. Loureiro, J. Guerreiro and L
Tussyadiah, “Artificial intelligence in business:
State of the art and future research agenda,”
Journal of Business Research (comprehensive
mapping of Al in business).

A. K. Patra et al., “Al and business management:
Tracking future research (bibliometric analysis),”
(open access review, 2023), highlights research
trends across Scopus and WoS.

P. Budhwar et al., “Artificial intelligence —
challenges and opportunities for HRM,” (Human
Resource Management / review), 2022 — useful
for managerial practice and people management
research.

S. Gupta et al., “Artificial intelligence for
decision support and optimization: review and
future directions,” (Operations Research /
Information Systems outlets indexed in SCI).

S. Wamba-Taguimdje et al., “Influence of Al on
firm performance — case reviews and empirical
evidence,” (collection of studies / chapter &
articles describing firm-level outcomes of Al
deployments).

20. M. Culot, “Al in supply chain management —

empirical SLR (2024),” International Journal /
Elsevier platform — maps empirical evidence
and managerial implications.
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