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Abstract 

Generative AI has the potential to revolutionize the enterprise workflows to great extent but it poses privacy, security, 

and data governance challenges. Companies who want to utilize advanced AI models like Large Language Models, 

are only allowed to do so under the guidelines of security and regulatory frameworks. Salesforce Einstein Trust Layer 

proposes a solution to these challenges by not only setting up a trusted layer for deploying Retrieval-Augmented 

Generation (RAG) models but also ensures that the data privacy standards are met while delivering the AI generated 

responses. This paper discusses how the Einstein Trust Layer facilitates the safe practical application of RAG in 

enterprise systems, including its general architecture, functionality, and the precise processes that demonstrate why 

the Einstein Trust Layer is a reliable means of incorporating LLMs into commercial processes. 
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1. Introduction 

The introduction of generative AI with LLMs has created great opportunities for enterprises for optimization of 

business, improving decision making, and connecting customers in new ways. RAG, which combines LLM features 

with real time data retrieval systems derive more accurate responses in given contexts according to the requirements 

of users. The implementation of RAG in the enterprise environment containing sensitive data such as customer 

information, financial records, and intellectual property must be protected, raises concerns around data security, 

privacy, and regulatory compliance. 

Salesforce Einstein is a secure layer within the organization’s platform that responds to these issues through 

information protection and internal security measures [1]. In this white paper, the role of the Einstein Trust Layer in 

providing a secure foundation for all functions of RAG is explained in the context of core issues such as data access, 

grounding, masking, and auditing, all while maintaining the integrity of the AI-generated insights to meet relevant 

business application requirements [2]. 

2. Retrieval-Augmented Generation (RAG): An Overview 

The Retrieval-Augmented Generation (RAG) framework strengthens the abilities of LLMs by adding real-time data 

retrieval to generative models. The traditional LLMs used to generate responses purely on the basis of the training 
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data which may provide irrelevant results for context specific tasks. RAG provides solution to these issues and gives 

LLMs the capability to reach external databases or data stores, incorporating real-time and task-specific information 

to strengthen the prompt and improve the quality of responses. 

You can apply RAG across several industries in enterprise settings. As part of customer service, teams can produce 

responses that include up-to-date account information, and financial analysts have the capability to obtain live market 

data to help with investment choices. Whereas the retrieval of sensitive data introduces more risk that should be 

managed carefully considering unauthorized data access, data leakage, and the non-compliance with the privacy laws. 

The Einstein Trust Layer provides necessary controls for the secure implementation of RAG in the enterprise setting 

by protecting the retrieval and the use of sensitive information.  

 

3. The Einstein Trust Layer: Architecture and Key Components 

The goal of the Einstein Trust Layer is to create a complete set of tools and procedures that assures the sustainability 

of data privacy, security, and governance throughout the AI creation process. The architecture resolves principal 

issues that organizations deal with when adopting RAG, through its feature set which offers dynamic grounding, 

secure data retrieval, data masking, and audit mechanisms that collectively guarantee the secure and responsible use 

of AI models in corporate settings. 

 
Figure 1: Architecture of Einstein Layer 

3.1. Zero-Data Retention Policy 

The principle at the core of the Einstein Trust Layer is the zero-data retention policy. In combination with third-party 

LLM providers including OpenAI and Azure OpenAI, Salesforce makes sure that external systems do not store any 

customer data [2]. The framework imposes strict rules, assuring that data sent for prompt generation is not stored, or 

is employed for model training, or is available to outside workers. This action minimizes the threats of sensitive 

enterprise data suffering from misuse by external model providers. After the prompt creation completion process, the 

system ensures that all the customer data is deleted completely, and thus information remains secure [4].  

3.2. Dynamic Grounding with Secure Data Retrieval 

The effectiveness of the RAG systems relies largely on the real time access to the relevant data. This process is named 

as dynamic grounding, and it largely improves the accuracy of LLM responses by embedding relevant Salesforce 

CRM data in the prompt generation process. The Einstein Trust Layer guarantee security by adhering to the field 

level security protocols and Role Based Access Control (RBAC).  
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The trust layer only retrieves the data while prompt response generation which the user is authorized to access. By 

this security of sensitive data is ensured as the confidential and the financial information would only be accessible 

by the authorized users.  This secure retrieval of data ensures that the regulatory policies and security policies are 

met.  

3.3. Data Masking for Enhanced Privacy  

A prime feature of Einstein Trust Layer is data masking, this process ensures that the sensitive data is not available 

to LLM while prompt generation. Before sending data to LLM, the data masking replaces the personal identifiable 

Information like customer name, address, payment detail, and adds placeholder. 

It enables the LLM to preserve the security and meanwhile allows the LLM to generate context specific responses. 

When the response has been generated the Einstein Layer demasks that data and placeholder is replaced with actual 

data for internal use. This process masking and demasking ensures that the sensitive data remains safe during AI 

workflow [6].  

3.4. Prompt Defense Mechanisms 

The Einstein Trust Layer involves prompt defense mechanism, where innovative prompt defense mechanisms have 

been created to reduce potential threats posed by AI model hallucinations and malicious prompt injection attacks [7]. 

These defense mechanisms employ system polices that control the LLM’s interactions and prevent it from producing 

content which is wrong or harmful. Prompts can be created with specific instructions to prevent the LLM from 

generating response for the query about which data is insufficient to avoid incorrect output.  

 

These system policies are developed specifically for various generative AI features and applications, so that 

enterprises would always be confident about the outputs produced by the LLMs to be used in the enterprise. 

The system policies are crafted in accordance with the generative AI features and the use cases, which ensures that 

enterprises can trust on the output of LLMs.  

3.5. Audit Trail and Toxicity Scoring 

Transparency is required by the enterprises in the deployment of AI technologies. The Einstein Layer provides the 

complete audit trail that captures the AI interaction logs i-e original prompt, masked prompt, LLM’s response, and 

the feedback provided by the users (if any). So by this the organization can track that how data is being accessed by 

the AI systems. 

Moreover, the trust layer also includes the toxicity scoring, which is used to analyses the generated responses for 

inappropriate or harmful content. The scores are then stored in the Salesforce data cloud and the enterprises can 

review and audit the safety of the AI systems which are being used by them. Toxicity scoring is essential in the 

customer facing applications where misleading information or harmful content can put the reputation of organization 

at stake [7].  
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4. Building a Trusted Platform for RAG in Enterprise Applications 

The Salesforce Einstein Trust Layer offers enterprises a secure and compliant foundation for deploying RAG models. 

Its features are designed to align with the specific needs of enterprise environments, where data privacy, security, 

and governance are paramount. In this section, we explore how the Trust Layer supports secure AI workflows, 

ensures compliance with global regulations, and provides robust governance mechanisms for enterprise AI 

deployments. 

4.1. Secure AI Workflows 

The grounding and secure data retrieval features of the Einstein Trust Layer are crucial for maintaining the secure AI 

workflow in the enterprises. It ensures that data which is authorized to the users can be accessed only during prompt 

generation. The trust layer also minimizes the data leakage and unauthorized data access issues. Moreover the 

workflows are enhanced by the ability of the layer to mask the data which ensures that the proprietary information is 

never exposed to third party. This builds the confidence of the enterprises to integrate the RAG models in their 

business operations without any data security threat.  

4.2. Compliance with Global Data Privacy Regulations 

Enterprises that deploy AI solutions have a prime concern of compliance with global data privacy regulations, 

including GDPR, HIPAA, and CCPA [3]. Through its strong data masking, audit, and feedback infrastructure, the 

Einstein Trust Layer responds to these issues. The data masking technique guarantee that the sensitive and proprietary 

information is never exposed to the third party, but still audit trail keeps record of all AI interactions which enables 

the organizations to show compliance with the regulatory policies [4].  

Moreover, the zero data retention policy certifies that data is never stored on any third party system which eliminates 

the data breach issues. These all features collectively ensure the safe deployment of RAG models [5]. 

4.3. Governance and Accountability in AI Systems 

With the growing dependence of enterprises on AI systems for decision making, the security governance and 

accountability is becoming crucial. The Einstein Trust Layer’s audit trail and the feedback mechanism ensures 

transparency required for the governance of the AI systems. The enterprises can review the AI generated outputs, 

track the user feedback, and assess the accuracy of the responses through the detailed audit reports [5].   

This level of governance allows the enterprises to tune their AI models and the production of trustworthy outputs 

while working in accordance with the policies and standards. 
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5. Enterprise Use Cases of Einstein Trust Layer in RAG 

The Einstein Trust Layer is highly inclusive in terms of the types of applications that can be built across industries 

because of the architecture of RAG models that guarantees that they can be incorporated safely into business 

operations. In answering customer queries, RAG models assist in developing unique solutions by pulling up updated 

client information from the firm’s Salesforce CRM. In financial services, LLMs can help in coming up with specific 

investment suggestions for individual clients or help execute compliance reports while observing a principle that 

financial data is well concealed and safeguarded [8]. 

Similarly, in healthcare context, RAG models can search for patient records to support clinical decisions. The Trust 

Layer can mask PII of patients and HIPAA requirements could be met that allows the healthcare companies to deploy 

AI without disclosing the identities of patients. 

 

6. Challenges and Future Directions 

As seen earlier, the Salesforce Einstein Trust Layer solves many of the issues associated with the deployment of 

RAG in enterprise scenarios; nevertheless, a number of issues still persist. One of the issues is to keep AI models up 

to date as the data used in enterprises changes over time. Moreover, the application of AI-based systems in enterprises 

will require the development of higher level security architectures, including real-time threat identification and 

containment. 

In the future, the Einstein Trust Layer is expected to be developed and expanded further in terms of newer and 

stronger AI governance elements and stronger compliance ability in line with the requirements of the expanding field 

of enterprise AI utilization. 

 

7. Conclusion 

With the Salesforce Einstein Trust Layer the enterprises get a compliant and secure environment in which to 

implement Retrieval-Augmented Generation models. Subsequently, the Trust Layer deals with the data privacy, 

security, and data governance issues emerging from the application of deep learning AI’s; hence a business can 

implement generative AI securely. As it is apparent that AI is ever integrating into enterprise processes, the Einstein 

Trust Layer will help in making sure AI models are implemented in the correct manner at various organizational 

settings. The advanced features of Einstein Trust Layer like audit trail, security governance, data masking and 

retrieval builds up the confidence of the enterprises in Gen AI adoption.  
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